
Resetting Recidivism 
Risk Prediction

A RAND research report strengthens the case 
that people with convictions can, and usually 
do, change their ways
The report, Providing Another Chance: Resetting Recidivism Risk in Criminal Background Checks, proposes the 
novel reset principle to guide more-accurate recidivism risk prediction for criminal background checks. The 
reset principle requires that a person’s risk be estimated when a background check is conducted rather than at 
the time of their last interaction with the criminal justice system. The authors of the report also demonstrate 
the viability of a risk-prediction model that satisfies the reset principle.
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Employers, landlords, and volunteer organizations rou-
tinely conduct criminal background checks to identify 
and filter candidates who might be deemed too risky to 
hire, rent to, or participate in volunteer opportunities. 
Results from these background checks are often used 
to justify barring people with convictions from those 
activities for a set period of time.

Given that roughly 30 percent of people in the 
United States have criminal histories, exclusions result-
ing from background checks can foreclose opportuni-
ties for many. But what if it was possible to show that 
some people pose a low risk of recidivism?

The authors of the RAND research report Providing 
Another Chance: Resetting Recidivism Risk in Criminal 
Background Checks introduce the reset principle, which 
provides a foundation for risk-assessment models that 
could help identify people whose risk of recidivism has 
declined. The reset principle requires that a person’s 
risk be estimated when a background check is con-
ducted rather than at the time of last interaction with 
the criminal justice system. 

The reset principle states that any risk prediction 
model must be able to update risk estimates, i.e., be “reset” 
at the time of a person’s criminal background check.

This principle—and risk-prediction models that 
satisfy it—account for the time a person has spent 
free in the community without a conviction, a hugely 
important signal of recidivism risk that may speak to 
their employability.

Improving Recidivism Risk 
Prediction
The reset principle marks a development beyond cur-
rent recidivism risk-estimation approaches that are 
grounded in the needs of the criminal justice system. 
Current methods seek to determine the risk that a 
person poses at the time they were last convicted or 
released from prison. Background checks often occur 
many years later, when a person is applying for a job 
or other opportunity. In the context of criminal back-
ground checks for employment, the question therefore 
should be, “What level of risk does the person pose now, 
at the time of the background check?”

The report demonstrates the viability of creating 
a risk-prediction model that adheres to the reset prin-
ciple. Such models may provide the foundations for 
creating risk-assessment tools that employers and others 
could use to more accurately estimate an individual’s 

risk of recidivism. Such tools could open opportunities 
for people sooner than inflexible exclusions that bar 
those with convictions from certain activities for years.

What the Data Say About 
Recidivism Risk
The RAND research team developed a model that drew 
from a data set of convictions from North Carolina cov-
ering more than 1 million people. The team employed 
state-of-the-art statistical and machine-learning tech-
niques to analyze the data and to assess the adequacy of 
its model for estimating recidivism risk.

In the process of developing the model, the RAND 
team made important observations in the data that may 
help alter some employers’ and policymakers’ outdated 
perceptions of recidivism risk:

• The majority of individuals with a conviction do 
not have a subsequent conviction.

• A person’s likelihood of reoffending declines 
rapidly as more time passes without a 
conviction.

• After a sufficient period without a new convic-
tion, even people initially deemed to be at the 
highest risk for reoffending (people with a more 
extensive criminal background) transition to 
risk levels that appear similar to those who were 
initially deemed to be at the lowest risk.

These observations, which build on past research, 
undercut the too-common belief of “once a criminal, 
always a criminal.”

Accounting for Bias
There is a strong case that people with convictions can 
change. Organizations, employers, and other groups 
conducting background checks could benefit from 
more-accurate, individualized risk-prediction models 
and tools to identify candidates who fit their needs.

The RAND research that established such a model 
can be created. It is crucial to note that methods that 
predict recidivism risk will reflect the biases and ineq-
uities in the criminal justice data that are used to build 
models. Given the history of unfair systemic racial 
biases in the U.S. criminal justice system, any future 
tools that adhere to the reset principle must account for 
inherent factors that bear on fairness before they can be 
deployed. This is a key next step for researchers.
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Survival Analysis and 
Recidivism Risk
Survival functions are a statistical tool often used in the 
health care field to estimate the probability that patients 
with a certain diagnosis might survive past some point 
in time. The same approach can be used to estimate the 
probability that a person with a particular criminal his-
tory record might “survive” for some time in the com-
munity without a new conviction. The RAND research 
team used survival functions to compare the probabil-
ity that individuals with particular criminal histories 
would be reconvicted after a given amount of time after 
their background check.

Using the North Carolina data and statistical tools 
called Kaplan-Meier estimators, the data were explored 
to illustrate general recidivism trends, and machine-
learning models were used to construct survival func-
tions that account for the data set’s extensive informa-
tion on criminal history. 

The research report emphasizes the complexity of 
applying survival functions to any data set and the need 
for careful consideration of multiple factors when doing 
so. It offers five considerations for developing recidi-
vism risk-prediction models for criminal background 
checks:

1. Accurate estimation requires properly defining 
the relevant population for prediction—in this 
case, people with criminal histories who are not 
currently incarcerated.

2. Estimation of the model should be performed 
using data based on convictions, not arrests.

3. Data sets should have at least ten years of con-
viction records to accurately estimate recidivism 
risk over extended periods.

4. Model estimates should be calibrated and reflect 
true rates of recidivating in the population.

5. Model estimates must be validated on an inde-
pendent test sample.

The RAND report details the approach to model-
ing the survival function against the North Carolina 
data set and demonstrates its validity in capturing true 
rates of re-offense. In verifying the model, the RAND 
team found that its predictions fit the data well and that 
it was statistically well calibrated. The limitations of the 
model in the report are documented in the report, and 
some will be important in future discussions about bias, 
fairness, and equity.

Implications for Research and 
Policy
The RAND report should be viewed as a starting point 
for the research community. Further refinement of 
methods and data sources is required before models 
based on the reset principle can be integrated into tools 
employers and others could use in practice.

The research also identifies opportunities for  
policymakers to guide the development and use of  
these methods in the future.

Regulators should consider rules that will 
allow for the robust development of modern risk-
assessment tools that employers can use. Equal 
Employment Opportunity Commission guidance to 
employers allows for the evaluation of job candidates 
using an individualized assessment of criminal history 
information. It calls for these screens to be validated 
in light of the 1978 Uniform Guidelines on Employee 
Selection Procedures.

The report also identifies some of the challenges 
with validating an accurate risk-estimation model 
under the Uniform Guidelines, which, when written, 
did not anticipate the development of algorithmic tech-
niques, such as our risk-estimation model and hiring 
assessments, that are widely used today. 

Policymakers and business decisionmakers must 
define acceptable levels of risk. The recidivism risk 
models can compare the levels of risk between different 
individuals. The next step is for an employer to define 
whether candidates’ levels of risk are acceptable for a 
particular job or opportunity. Defining these risk cutoffs 
is a key area where bias can emerge, and thus regulatory 
guidance on threshold-setting would be beneficial.

Data quality can limit the development of recidi-
vism risk models. Currently, there is no infrastructure 
for collecting data to support recidivism risk prediction 
in background checks. The development of such infra-
structure should include discussions about prospec-
tively collecting data that can be used to predict recidi-
vism in the background-check setting.

Exploring risk-prediction models for bias is cru-
cial. Future tools based on risk-prediction models of 
this type need to be evaluated for fairness throughout 
their development. Future work should continue to 
center these tools and concepts within concepts of algo-
rithmic fairness and equity.



www.rand.org RB-A1360-1

This brief describes work done in the RAND Justice Policy Program and documented in Providing Another Chance: Resetting Recidivism Risk in  
Criminal Background Checks, by Shawn D. Bushway, Brian G. Vegetabile, Nidhi Kalra, Lee Remi, and Greg Baumann, RR-A1360-1, 2021 (available  
at www.rand.org/t/RRA1360-1). To view this brief online, visit www.rand.org/t/RBA1360-1. The RAND Corporation is a research organization that  
develops solutions to public policy challenges to help make communities throughout the world safer and more secure, healthier and more prosperous.  
RAND is nonprofit, nonpartisan, and committed to the public interest. RAND’s publications do not necessarily reflect the opinions of its research  
clients and sponsors.  is a registered trademark.

Limited Print and Electronic Distribution Rights: This document and trademark(s) contained herein are protected by law. This representation of RAND intellectual 
property is provided for noncommercial use only. Unauthorized posting of this publication online is prohibited. Permission is given to duplicate this document 
for personal use only, as long as it is unaltered and complete. Permission is required from RAND to reproduce, or reuse in another form, any of our research 
documents for commercial use. For information on reprint and linking permissions, please visit www.rand.org/pubs/permissions. 

© 2022 RAND Corporation

http://www.rand.org/t/RRA1360-1
http://www.rand.org/t/RBA1360-1
http://www.rand.org/pubs/permissions
http://www.rand.org

