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Abstract 

Toward the end of the 20th century, the U.S. witnessed a wave of immigration made up of 
both legal residents and a large undocumented population that have since settled, started 
families, and developed strong community ties. Modern immigration policy has concentrated 
heavily on enforcement in the absence of comprehensive immigration reform, and a growing 
body of research suggests these escalations may carry unintended social consequences.  

This dissertation consists of three interrelated studies that seek to disentangle the structural 
factors that affect levels of economic and social integration of minority and immigrant 
populations. Using data from Los Angeles, this dissertation focuses on two aspects of public life 
critical to productive and healthy living: the labor market and public safety. The first chapter 
considers how undocumented immigrants fare in the labor market. The second examines whether 
recent escalations in immigration enforcement influenced the willingness of Latino immigrants 
to engage with the police. Finally, the third chapter evaluates the effectiveness of community 
policing in reducing crime and increasing police engagement in predominately-Latino 
neighborhoods.  

Overall, this dissertation suggests that enforcement-focused immigration policy intensifies 
barriers to integration and may jeopardize public safety, but there are tools localities can use to 
improve conditions in affected communities. I find both real and perceived exclusions limit 
immigrants’ access to the formal labor market and law enforcement, and conclude with evidence 
of a promising approach to improve public safety in minority communities. These findings stress 
the need for federal immigration policies that balance enforcement with maintaining resident 
confidence in public institutions and encouraging the well-being and advancement of vulnerable 
populations.  
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Introduction 

Over the past three decades, immigration enforcement has become the nation’s principal 
policy response to the long, contentious issue of undocumented immigration. A growing body of 
research suggests this approach may carry unintended consequences that challenge the welfare of 
immigrant and minority communities throughout the U.S. This dissertation considers how 
exclusions intensify barriers to integration by focusing on two aspects of public life critical to 
productive and healthy living: the labor market and public safety.   

 
A New Era of Immigration Enforcement 

The issue of undocumented immigration as we know it today, emerged in the 1970s 
following the ground-breaking Immigration and Nationality Act of 1965 (INA).1 The INA 
abandoned the country’s old system of national-origins quotas and replaced it with one that 
allocated preference visas equally across countries. Despite its benevolent intent, this law largely 
ignored existing migration patterns. Most notably was that of Mexico, whose annual allotment 
went from a theoretically unlimited number of resident visas and 450,000 guest-worker visas to 
just 20,000 resident visas annually (Massey & Pren, 2012). This shift resulted in a precipitous 
rise in undocumented immigration as Mexican workers continued migrating for seasonal work to 
an established network of employers and contractors in the U.S. (Massey & Pren, 2012).  

By the mid-1980s, undocumented immigration had become a cause of national concern. 
Congress attempted to address the issue in 1986 with the Immigration Reform and Control Act 
(IRCA), which provided a route to legal status for some 2.7 million undocumented immigrants, 
while establishing an enforcement agenda that strengthened border security and developed a 
system for removing undocumented criminal offenders from the country (Chishti & Kamasaki, 
2014a). However, economic growth in the late-1990s and early-2000s, strong push factors in 
Mexico and Central America, and enforcement policies that limited seasonal migration of 
agricultural laborers, resulted in a dramatic increase in the number of undocumented immigrants 
settling in the U.S. (Chishti & Kamasaki, 2014b), reaching a peak of 12 million just before the 
Great Recession of 2008 (Passel & Cohn, 2016). 

The steady inflow of undocumented immigrants throughout the 1990s prompted bipartisan 
support for tougher immigration enforcement. Buttressed by “tough-on-crime” bills passed in the 

                                                 
1 The term “undocumented” is used here to describe immigrants without valid documents authorizing their presence in the U.S. 
This can include immigrants that arrived with documentation, but overstayed their visas, as well as those who entered without 
authorization. As such, the term can be considered synonymous with “unauthorized.” 
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1980s and 1990s, the Illegal Immigration Reform and Immigrant Responsibility Act of 1996 
(IIRIA) dramatically increased security at the border and boosted interior enforcement by 
toughening penalties for immigration violations, expanding the set of crimes considered 
deportable offenses, and restricting pathways for undocumented immigrants to regularize their 
status. Two years after 9/11, the newly-formed U.S. Immigration and Customs Enforcement 
Agency (ICE) would leverage the criminal justice system to significantly augment the scale and 
scope of enforcement within the country. Through a set of interrelated programs, federal 
immigration authorities marshalled local law enforcement resources to assist in enforcing 
immigration law, and these efforts were fueled further by inter-agency data-sharing 
advancements (Khashu, 2009). Today, nearly a third of all immigrant apprehensions are made 
within the interior of the U.S., compared to just one percent a decade prior (DHS, 2017).  

Despite notable data challenges associated with studying affected populations, a growing 
body of research suggests these escalations may carry unintended consequences that affect a 
wide-range of immigrant and minority outcomes (e.g., health (Hacker et al., 2012; Hagan, et al., 
2010), economic security (Amuedo-Dorantes et al., 2018; Gentsch & Massey, 2011), access to 
services (Mann et al., 2016), education (Amuedo-Dorantes & Lopez, 2015; Amuedo-Dorantes et 
al., 2015)). One of the most salient findings of this work is the degree to which these outcomes 
extend beyond those immediately targeted by immigration enforcement, affecting families and 
communities of the nearly 11 million undocumented immigrants living in the U.S. today (Hagan 
et al., 2010; Passel & Cohn, 2019). This dissertation is motivated by the fact that both real and 
perceived exclusions may further barriers to integration, exposing already vulnerable populations 
to sustained economic and social disadvantage. 

Los Angeles Context 

Los Angeles was selected as a study site to permit keener insight into the experiences of the 
largest and fastest growing minority population in this new era of immigration enforcement 
(Humes et al., 2011). Latinos are disproportionately targeted by immigration enforcement 
(Golash-Boza & Hondagneu-Sotelo, 2013) and make up just under half of the city’s population 
(U.S. Census Bureau, 2017). Originating primarily from Mexico and Central America, roughly 7 
percent of residents in Los Angeles are undocumented (Hill & Hayes, 2015; Passel & Cohn, 
2017a).  

Over the last decade, California has passed a broad range of legislation to bolster and 
reaffirm the civil and labor rights of immigrants and limit the role local law enforcement 
agencies play in enforcing federal immigration law (Villareal, 2015). The County of Los Angeles 
has also has taken major strides to reduce immigration-related fraud and wage theft, provide 
legal services to immigrant residents, and support immigrant entrepreneurship throughout the 
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county.2 Over the past decade, the LA County Sherriff’s Department and Los Angeles Police 
Department have increasingly distanced themselves from federal immigration authorities in an 
effort to reduce fear and build trust with immigrant and minority communities in their 
jurisdictions (Arcos, 2017; Carcamo & Castillo, 2019).  

Focusing on Los Angeles poses a challenge to extrapolating beyond the region. 
Understanding immigrant and minority experiences in an area seen as a bastion of support may 
provide a lower-bound estimate of the challenges experienced by immigrants that illuminate 
vulnerabilities that exist despite local efforts to mitigate the impact restrictive federal policy 
(Chapter 1 and 2). Moreover, as seen in Chapter 3, Los Angeles can be used as a case study to 
evaluate viable local initiatives to build trust and improve conditions in communities affected by 
escalations in immigration enforcement.  

 
Overarching Themes 

This dissertation uses a socioecological framework to understand the experiences of 
immigrants and minority groups in Los Angeles. Each study employs a different quasi-
experimental design wherein the neighborhood is used as a unit of analysis or moderating factor 
to evaluate immigrant and minority outcomes. This framing pays mind to the local context that 
so often explains patterns of inequality and disadvantage in urban areas throughout the U.S. 
(Sampson, 2012). 

The first chapter considers the economic consequences of immigration policies that restrict 
immigrants’ access to the formal labor market. Largely absent from existing research on this 
topic is evidence of whether undocumented immigrants—a distinctly disadvantaged subgroup—
follow the same upward path of assimilation as other immigrants with respect to labor market 
outcomes. Using a survey of immigrants living in Los Angeles County in the early 2000s, this 
chapter explores patterns of economic integration across immigrants of varying types of legal 
status, effectively asking: What would the labor market outcomes of undocumented immigrants 
be if they had access to a visa, green card, or naturalization? Inverse probability of treatment 
weights (IPTW) are used to eliminate substantial sources of bias. Findings reveal that 
undocumented immigrants are largely penalized in the form of lower wages and rely on the 
informal labor market more so than naturalized and second-generation immigrants for 
employment, but like other immigrant groups, their earnings steadily improve the longer they 
reside in the states. This chapter also provides evidence that neighborhood social networks do 
not convey a labor market benefit to immigrants, and in fact, have a depressive effect on 

                                                 
2 In-person interview with Avianna Uribe and Rigoberto Reyes of the Los Angeles County Chief Executive Office conducted in 
May 2017. 
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immigrant earnings. This comports with a growing body of research suggesting that “ethnic 
enclaves” do not necessarily convey labor market benefit to immigrants. 

The second chapter considers whether heightened anti-immigrant rhetoric made during the 
2016 presidential campaign and in the first year of the Trump Presidency influenced the 
willingness of Latino non-citizens to engage with the police. Using a dataset constructed from 
over 3 million 911-calls dispatched to LAPD patrols between 2014 and 2017, Google search 
trend data, and geo-processed sociodemographic controls, this chapter estimates time and 
district-level fixed effects models to determine whether calls made in predominately non-citizen 
Latino neighborhoods decreased as public awareness of immigration enforcement grew high. 
Results suggest a potential “chilling effect” of immigration enforcement on calls—most notably, 
resident calls to report domestic violence. These results accord with LAPD accounts of Latino 
unwillingness to report crime amid recent escalations in federal enforcement, and underscore the 
need for further work exploring immigrant claims-making behavior in tense sociopolitical 
climates.  

Building off the findings from the second chapter, the third chapter evaluates the 
effectiveness of community policing in reducing crime and increasing police engagement in 
predominately-Latino neighborhoods. In November 2011, the LAPD implemented the 
Community Safety Partnership (CSP) in four of the city’s most crime-affected public housing 
developments. A dedicated set of full-time LAPD officers were staffed within each development 
to engage in policing focused on problem-solving in coordination with residents and the 
surrounding community. Using nine years of geocoded data on crimes reported to the LAPD, this 
chapter explores whether the program reduced crime and influenced patterns of crime reporting 
among Latino residents. A synthetic control group design was used to compare CSP 
developments to a control comprised of a weighted combination of areas similar in terms of their 
sociodemographic characteristics and pre-intervention levels of criminal activity and crime 
reporting. This study finds evidence that the program had a significant and sustained crime 
suppression effect, and preliminary evidence of a positive impact on Latino crime reporting. This 
study contributes to nascent work exploring the tools local law enforcement agencies can use to 
improve community relations, public safety, and potentially offset the “chilling effect” of 
escalations in immigration enforcement.  
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Chapter 1. Exploring the Role of Legal Status on the Labor 
Market Outcomes of Immigrants in Los Angeles3 

Ashley N. Muchowa and Robert Bozick, Ph.Db 

a Pardee RAND Graduate School, Santa Monica, CA 
b RAND Corporation, Santa Monica, CA 

 

Abstract 
Using a survey of households in Los Angeles County, we examine patterns of economic 
assimilation among undocumented immigrants by comparing their labor market outcomes with 
those of documented immigrants, naturalized immigrants, and second-generation immigrants. 
We find undocumented status significantly reduces the employment and earnings of immigrants, 
and that the employment penalty is most severe when compared to second-generation 
immigrants and wage differentials are greatest relative to naturalized immigrants. Time in the 
U.S. is associated with an increase in the earnings of all immigrants, but neighborhood social 
networks have a depressive effect on earnings. Both time in the U.S. and neighborhood social 
networks do not play a distinct role in moderating the outcomes of undocumented immigrants. 
Lastly, undocumented immigrants are more likely to be self-employed in unincorporated 
business compared to naturalized and second-generation immigrants, suggesting the informal 
economy is an important source of opportunity for undocumented immigrants. 
 

  

                                                 
3 This work was supported by the Jim Lovelace Foundation Dissertation Award, Horowitz Foundation for Social Policy Doctoral 
Grant, and the Haynes Lindley Doctoral Dissertation Fellowship. 
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1.1 Introduction 

A core concern in the ongoing policy discussion on immigration reform is the nature and 
pace of immigrant incorporation into the American labor market, with special attention paid to 
whether, and how, this process of incorporation affects the native-born population. To inform 
this dialog, social scientists have produced a deep body of empirical research, often working 
from traditional perspectives on immigrant adaptation which examine social and economic 
outcomes of immigrants by making comparisons with those of the native-born. Drawing from a 
number of large-scale national and regional surveys, the research to date by and large shows that 
immigrants experience difficulties in the labor market upon arrival in the form of lower rates of 
employment and lower wages, but then go on to experience improved labor market outcomes the 
longer they stay and acclimate to their new host country (Borjas, 1999; Duleep & Dowhan, 2008; 
Duncan & Trejo, 2012; Smith & Edmonston, 1997).  

Largely absent from this body of research is evidence of whether undocumented 
immigrants—a distinctly disadvantaged subgroup that face unique challenges and barriers—
follow the same upward path of assimilation as other immigrants with respect to labor market 
outcomes.4 The dearth of research on undocumented immigrants is a symptom of nationally-
representative surveys not being able to identify which sample members are undocumented. 
Government-sponsored surveys like the decennial census, the American Community Survey, and 
the Current Population Survey are not permitted to ask sample members their legal status, 
making it impossible to unequivocally identify who is undocumented.5 In our study, we 
overcome this limitation by analyzing a survey of families in Los Angeles County, California 
that ascertains legal status from sample members—allowing us to study the contours of 
economic assimilation among this particularly vulnerable subgroup.  

Between 1990 and 2016, the number of undocumented immigrants living in the U.S. tripled 
in size, from 3.5 million to 11.3 million (Passel & Cohn, 2017b), with California being a primary 
destination state (Hayes & Hill, 2017). The most significant barrier to economic opportunities for 
undocumented immigrants is legally imposed by the U.S. government. In order for a non-citizen 
to formally work in the U.S., one must have a government-issued work permit, employer visa, or 
green card—none of which are immediately available to those who enter the country without 
authorization. Instead, undocumented immigrants are left with a limited number of options to 

                                                 
4 We use the term “undocumented” to describe immigrants without valid documents authorizing their presence in the U.S. This 
can include immigrants that arrived with documentation, but overstayed their visas, as well as those who entered without 
authorization. As such, the term can be considered synonymous with “unauthorized.” 
5 Social scientists have been actively utilizing existing data sources to indirectly identify undocumented immigrants among 
sample members, often relying on those who are non-citizens as proxies for the undocumented (see for example: Amuedo-
Dorantes & Bansak, 2014; Borjas, 2017; Bozick et al., 2016; Van Hook et al., 2015; Kaushal, 2008; Orrenius & Zavodny, 2015). 
This work has contributed heavily to our understanding of non-citizens living in the U.S. However, as informative as this 
research has been, it remains the case that the existing literature largely suffers from a lack of data which explicitly identifies 
undocumented immigrants.   
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penetrate the workforce, namely (1) acquiring legal status so that they are accorded the same 
opportunities as documented immigrants, (2) obtaining false documents permitting formal 
employment in the U.S., or (3) drawing upon their social networks, typically comprised of other 
co-ethnic immigrants, to help them find work accommodating to those without legal 
authorization. The former options are less accessible and more uncertain, while the latter is more 
immediately available.6 Immigrants who are able to obtain work visas or green cards avail 
themselves of opportunities within the formal labor market, while those without are likely left to 
find work within “ethnic enclaves” that are typically embedded in the social networks of 
immigrant neighborhoods outside of the formal labor market. In our study of labor market 
outcomes of undocumented immigrants, we focus on two conditions—the procurement of legal 
status and access to neighborhood social networks—as critical factors that affect immigrants’ 
foothold in the American economy. 

In what follows, we first review the research on immigrant economic assimilation and 
discuss its implications for those lacking legal status. We then summarize research on the 
acquisition of legal status and on ethnic enclaves to develop hypotheses as they pertain 
specifically to undocumented immigrants. We then formally state our hypotheses, describe our 
data and methods, and present findings from empirical tests of our hypotheses. We conclude with 
a discussion of heterogeneity in the patterning of immigrant economic assimilation for those with 
and without legal authorization.       

1.2 Related Literature 

1.2.1 Economic Assimilation of Immigrants 

Economic assimilation among immigrants in the U.S. labor market follows a general pattern 
whereby immigrants initially experience lower rates of employment and wages in the first few 
years after entering the U.S., and as their duration of residence increases they experience an 
improvement in both employment and wages (Borjas, 1999; Duleep & Dowhan, 2008; Duncan 
& Trejo, 2012; Smith & Edmonston, 1997). To document this process, most researchers use 
cross-sectional data and compare outcomes among immigrants who have resided in the U.S for 
different periods of time. For example, using data from the 2000 Census, Duncan and Trejo 
(2012) show that employment rates of male immigrants who have been in the U.S. longer than 
five years are approximately seven percentage points higher than those who have been in the 
U.S. five or fewer years. Similarly, using the Current Population Survey, Duleep and Dowhan 
(2008) find that male immigrants living in the U.S. less than a year earn about half as much as 

                                                 
6 Existing immigration law presents very few options for undocumented immigrants to regularize their status. Most channels that 
do exist (e.g., asylum, temporary protected status, visas for certain crime victims, deferred action, military service, or marriage to 
a U.S. citizen or green card holder) are either unknown or inaccessible to many immigrants currently undocumented. Obtaining 
false documents is a federal offense that stiffens the penalties associated with undocumented entry and visa overstay.  
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natives, but immigrants living in the U.S. for 10 years or more earn almost as much as natives. 
These cross-sectional snapshots, which compare different groups of immigrants (i.e., those who 
have been in the country x years with those who have been in the country y years) are largely 
corroborated with longitudinal data that follows the same immigrants over time. For example, in 
an analysis of the pilot study precursor to the New Immigrant Survey, which tracked the 
experiences of a sample of approximately 1,000 immigrants who received their green cards in 
1996, immigrants experienced earnings growth of about 12 percent with their first year of 
establishing permanent residency (Akresh, 2007).   

These well-documented trends of steadily improving labor market outcomes reflect an 
upward assimilation model whereby over time immigrants learn to speak (or improve their) 
English, acquire U.S.-specific forms of human capital (e.g., education and training in American 
schools/firms), develop social networks with natives, and learn local norms and customs. These 
cumulative experiences are manifest in the enduring positive relationship between time spent in 
the U.S. and labor market success established across a number of studies and data sets. Unlike 
their naturalized peers, undocumented immigrants harbor fears of deportation and family 
separation, which can prevent them from integrating into mainstream institutions, like schools 
and firms, out of concern their legal status may be revealed (Abrego, 2011). Without such 
integration, the process of acquiring U.S.-specific forms of human capital, building social 
networks, improving English skills, and learning local norms and customs is stunted. Further, job 
applicants in 20 states are subject to E-Verify mandates, which require employers to verify their 
legal status before making a hiring decision. The enactment of these policies has been shown to 
reduce rates of employment among non-citizen Hispanics (Amuedo-Dorantes & Bansak, 2014; 
Amuedo-Dorantes & Bansak, 2012).7 Facing an array of obstacles, we anticipate that the upward 
trajectory of earnings based on time spent in the U.S. will be less pronounced for undocumented 
immigrants than for immigrants with legal authorization. 

As few data sources contain information on legal status, empirical insight into the economic 
assimilation of undocumented immigrants is sparse. Two notable exceptions include an analysis 
of 307 undocumented Hispanic men living in Durham, NC (Flippen, 2012) and a survey of 70 
undocumented migrants who returned to Mexico as part of the Mexican Migration Project 
(Gentsch & Massey, 2011)—both of which used surveys with questions that asked sample 
members their legal status. Neither study found a relationship between legal status and 
employment. However, when looking at income from employment, Flippen found a small wage 
penalty (i.e. a dollar less an hour) for those who were undocumented whereas Gentsch and 
Massey found an earnings benefit for those who were undocumented. Samples from both studies 
are relatively small, with Flippen’s comparison group of documented immigrants consisting only 
of 32 men. In the case of Gentsh and Massey, sample members had already returned to Mexico 

                                                 
7 California has not implemented an E-Verify mandate. 
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(with many making multiple trips between Mexico and the U.S.), and thus likely reflect the 
outcomes of a select group of resilient migrants who have reliable employment options in the 
states. Therefore, patterns of economic assimilation of undocumented immigrants who remain in 
the U.S. for extended periods of time are not fully elucidated in their data.      

Large-scale federal nationally representative surveys with geographic variation attenuates 
some the survey design limitations of the data analyzed by Flippen (2012) and Gentsch and 
Massey (2011). However, as noted earlier, they are not permitted to ask sample members their 
legal status. Despite this major limitation, researchers have identified sample members in these 
surveys who are likely to be undocumented based on an array of observed characteristics in the 
data (e.g. non-citizens, non-veterans, those not receiving Social Security or other government 
benefits that are available only to citizens, etc.). For example, a study using data from the Survey 
of Income and Program Participation (SIPP) found that those likely to be undocumented have 
wages that are on average 17 percent lower than documented immigrants (Hall et al., 2010). A 
later analysis, using a similar approach, analyzed the Current Population Survey and the 
American Community Survey and found that those likely to be undocumented have wages that 
are on average 40 percent lower than natives (Borjas, 2017). While Hall et al.’s (2010) and 
Borjas’ (2017) findings provide important evidence of potential wage penalties experienced by 
undocumented immigrants, they do not address the factors that might cumulatively impede or 
expedite economic assimilation. Further, their findings are based on surveys that do not directly 
ascertain legal status among their sample members.    

1.2.2 The Acquisition of Legal Status in Promoting Economic Assimilation 

For immigrants to reside and work legally in the U.S., they must obtain a visa or a green card 
(unless granted asylum, refugee status, or temporary protected status). A visa is typically 
acquired for extended travel, study, or employment, and has a set period of time to permit legal 
residence. A green card grants legal permanent residence, allowing immigrants to reside and 
work in the U.S. indefinitely. The process of gaining citizenship (i.e. “naturalization”) requires 
that immigrants enter legally (via a visa or green card), accrue five continuous years of 
residence, be at least 18 years of age, be of good moral character, and receive a passing score on 
a test of English proficiency and knowledge of U.S. government and history. Apart from 
refugees, asylum seekers, and those granted temporary protected status, these three pathways—
visas, green cards, and naturalization—serve as the primary means to establish legal residence in 
the U.S. In our study, we are able to distinguish documented immigrants who entered via these 
legal pathways apart from undocumented immigrants. In making comparisons with immigrants 
who accessed different pathways to gain legal entry to the U.S., we are able to establish a 
counterfactual of sorts, asking: What would the labor market outcomes of undocumented 
immigrants be if they had access to visas, green cards, and/or naturalization?   
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While our primary focus is on those without documentation, our comparisons by design 
highlight patterns of economic assimilation among those with different forms of legal status. On 
average, research to date on the labor market outcomes of those who acquired legal residency in 
the U.S. paints a favorable economic portrait of those who have acquired legal status. For 
example, in an analysis of a subsample of immigrants from the National Longitudinal Study of 
Youth and a subsample of amnesty applicants from the U.S. Citizenship and Immigration 
Services or USCIS (formerly the Immigration and Naturalization Service), immigrants who 
acquired permanent legal resident status, experienced a wage benefit ranging between 14 and 24 
percent compared to those who remain undocumented (Kossoudji & Clark, 2002). Similar wage 
benefits to naturalization have been identified in other analyses of data from USCIS, the 
decennial census, and the Current Population Survey (Bratsberg et al., 2002; Rivera-Batiz, 
1999).   

These studies provide insight into the economic benefits associated with undertaking and 
completing the naturalization process, but they reveal little about the unique consequences of 
being undocumented. Empirically, these studies compare naturalized immigrants with 
comparison groups comprised of different types of non-citizens—effectively combining 
undocumented immigrants with green card holders, visa holders, refugees, etc. As such, they are 
unable to parse out the labor market outcomes of these groups which have distinct 
sociodemographic profiles and motivations for migrating to and remaining in the U.S. 
Furthermore, none of these studies consider the length of time that immigrants have spent in the 
U.S., which as noted earlier is a critical component of economic assimilation. To improve upon 
these limitations, we use a data set that allows us to identify undocumented immigrants apart 
from green card and visa holders, refugees and asylum or temporary protected status recipients, 
and naturalized immigrants, thus allowing us to track the length of time that different types of 
immigrants have spent in the U.S. 

1.2.3 The Role of Neighborhood Social Networks in Promoting Economic Assimilation 

Studies of immigrant assimilation routinely consider the role that cohesive social networks 
play in providing economic opportunities to those who share a common national origin and live 
in close proximity to one another (Amuedo-Dorantes & Mundra, 2007; Borjas, 1999; Levanon, 
2014; Portes, 1981). These networks can connect immigrants, especially those without the 
documentation needed to work in formal sectors of the economy, with opportunities otherwise 
inaccessible to those outside the network (Portes & Zhou, 1993). Access to this form of social 
capital is typically dependent on identifying and affiliating with local co-ethnics—both natives 
and immigrants—who often reside in the same neighborhoods. Such affiliations can facilitate 
information exchange about job openings, referrals between friends and employers, knowledge 
about local labor and immigration laws that can deter or encourage employment, shared 
transportation for jobs outside the neighborhood, and other supports that directly affect one’s 



   11

ability to work (e.g. immigrant family members and neighbors teaching one another English, 
sharing childcare duties, etc.). Access to these social networks has been shown to be a positive 
predictor of labor market success among immigrants (Amuedo-Dorantes & Mundra, 2007; 
Levanon, 2014).  

Social networks have garnered a lot of attention in studies of immigrant assimilation, in large 
part because they are a necessary (but not sufficient) condition for the presence of what is often 
referred to as an “ethnic enclave” or an “ethnic occupational niche.” Although the exact 
definition of an enclave varies depending on its use and intent (and in some cases, scholarly 
discipline), ethnic enclaves are typically defined as communities that preserve a strong, shared 
sense of ethnic or national identity within another country. They typically include a high 
concentration of new immigrants from the focal country or region (e.g., neighborhoods with a 
large number of recent migrants from Mexico), businesses that directly cater to the needs of the 
immigrant group, and other sources of social support that result from geographic proximity to 
co-ethnics (Coutin, 2011). Enclaves usually have high concentrations of co-ethnics residing in a 
common location (i.e. “spatial boundedness”) and entrepreneurs who target these immigrants for 
employment, resulting in the creation of a distinct ethnic economy (Wilson & Portes, 1980). In 
other words, strong neighborhood social networks alone do not constitute an enclave unless those 
networks are directly embedded in the immediate economy. Research on the relationship 
between immigrant access to enclaves and immigrant labor force outcomes is mixed, with some 
studies finding that enclaves benefit immigrants in the form of higher wages and employment 
(Edin et al., 2003; Portes & Shafer, 2007; Zhou & Logan, 1989) and more recent studies finding 
null or negative effects (Fong & Hou, 2013; Logan et al., 2003; Xie & Gough, 2011).    

Noticeably absent from the literature on the relationship between social networks and the 
economic assimilation of immigrants are the implications of such networks for undocumented 
immigrants. A core tenet of the ethnic enclave model of occupational stratification is that low-
skilled immigrants choose between two types of jobs: (1) those in the mainstream labor market 
wherein they have to compete with natives for work and have to deal with formal bureaucratic 
hiring processes, and (2) those in ethnic enclaves wherein the applicant pool and the hiring 
process is dominated by immigrants and/or native-born workers from immigrant families. For 
undocumented immigrants, the mainstream labor market is typically not an option, and so ethnic 
enclaves serve as one of the central means through which they can gain a foothold in the 
economy. With constrained opportunities elsewhere, it is possible that undocumented immigrants 
will fare better in the labor market if they have access to a robust network of co-ethnics in their 
neighborhoods and surrounding communities that can provide information on job openings and 
vouch for them during the hiring process—which is often an informal process in densely-
populated immigrant communities. However, like other immigrants, undocumented immigrants 
seeking employment in ethnic niches may have to take on undesirable jobs with low wages, as 
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there is some evidence that ethnic enclaves flourish by profiting from the limited options 
available to co-ethnic workers (Gold & Light, 2000; Sanders & Nee, 1992). 

Though the research on social networks as it pertains to the employment of undocumented 
immigrants is sparse, one notable exception is Amuedo-Dorantes and Mundra’s (2007) study of 
return migrants to Mexico via data from the Mexican Migration Project which distinguishes 
between legal migrants and unauthorized migrants. They find that both family ties and friendship 
ties in the U.S. were associated with increases in earnings among unauthorized migrants, with 
the effects being stronger for friendship ties than for family ties—suggesting that social networks 
outside one’s immediate family are particularly crucial for job-seekers lacking legal authority to 
reside in the U.S. We revisit and test this proposition using data with multi-dimensional 
measures of social networks and with data that permits us to explore whether any observed social 
network effects are consistent across types of immigrants (i.e. undocumented immigrants, 
documented immigrants, and naturalized citizens). 

1.3 Hypotheses 

In our study, we analyze a unique survey of households in Los Angeles County that contains 
a sizeable sub-sample of undocumented immigrants to better understand how they adapt to the 
labor market. Los Angeles is an ideal site for this study as it is home to approximately one 
million undocumented immigrants (Passel & Cohn, 2017a) and, as a city, has the second largest 
population of undocumented immigrants (behind New York City, NY). The economic climate 
for undocumented immigrants is favorable as 44 percent of small businesses in Los Angeles have 
foreign-born owners, an ownership rate second only to Miami, FL (Fiscal Policy Institute, 2012). 
Further, nearly one in ten workers in the state of California is an undocumented immigrant, and 
the state overall has the largest concentration of undocumented workers in the country, second 
only to Nevada (Hayes & Hill, 2017). 

To document factors associated with economic assimilation of undocumented immigrants in 
Los Angeles, we test a series of hypotheses related to legal status, years spent in the U.S., 
neighborhood social networks, and self-employment. We compare labor market outcomes of 
undocumented immigrants with three distinct groups of immigrants: documented immigrants, 
which includes those who are in the U.S. by way of visa or green card; naturalized immigrants, 
which includes those who have acquired citizenship; and with second-generation immigrants, 
which includes native-born adult with at least one immigrant parent. In comparing the labor 
market outcomes among these four groups, we will test our first hypothesis: 

H1: Undocumented status has a negative effect on employment and earnings.  
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We anticipate that the multiple barriers experienced by undocumented immigrants will limit 
the pace of economic assimilation, which will be expressed in lower rates of employment and 
lower earnings of undocumented immigrants when compared with other immigrants. Recall that 
Borjas (2017) found that those likely to be undocumented have lower earnings than do natives, 
which is in line with this hypothesis. In our study, we will assess whether this is the case in our 
sample of Los Angeles County residents where respondent legal status can be directly 
ascertained. We will extend Borjas’ work by examining employment status in addition to wages, 
and by comparing undocumented immigrants with documented immigrants, naturalized 
immigrants, and second-generation immigrants.  

Next, we examine whether duration of residence in the U.S. helps to attenuate labor market 
disadvantages of immigrants by testing our second hypothesis: 

H2: Years spent in the U.S. is positively associated with employment and earnings of all 
immigrants, but this relationship will be less pronounced among undocumented immigrants.  

Time since arrival in the U.S. is an often-used measure in studies of immigrant assimilation 
to gauge exposure to U.S. institutions, U.S.-specific forms of human capital, local norms and 
customs, and the English language. The prevailing idea is that time spent in the U.S. should be 
positively associated with socioeconomic outcomes—indicative of upward mobility and 
assimilation into the host country. However, given the array of barriers that are imposed by a 
lack of legal status, it is likely that duration of residence will not improve the economic prospects 
of the undocumented population. To our knowledge, our analysis will be the first to test this 
hypothesis.  

Without legal status, undocumented immigrants have few options for employment. One of 
the only vehicles of employment for this group are ethnic enclaves that are largely accessed via 
social networks with other co-ethnics. We expect that when undocumented immigrants settle into 
neighborhoods with strong social ties, they will have greater access to social networks, and thus, 
better success in securing employment:  

H3: Access to strong neighborhood social networks will expedite the economic assimilation 
of all immigrants, but this relationship will be more pronounced among undocumented 
immigrants. 

Given that social networks are more central to the operation and organization of the informal 
economy, we expect it to matter more for undocumented immigrants for whom access to the 
formal economy is largely out of reach. While empirical analyses of the relationship between 
social networks and immigrant labor force outcomes has yielded mixed results, only one study to 
our knowledge (Amuedo-Dorantes & Mundra, 2007) has examined the benefits or penalties 
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accorded to undocumented immigrants via these networks. As such, our study will expand our 
understanding of social contexts as moderators supporting economic assimilation for those 
immigrating to the U.S. without legal authorization. 

Acquiring work visas, green cards, or naturalizing is difficult and time-consuming for many 
immigrants, but remains one of the only foolproof ways to safely initiate engagement with 
background checks, payrolls, and tax-withholding systems used by most major employers. After 
establishing legal residence, documented immigrants will have more jobs available to them, 
including those in the formal labor market. Therefore, our final hypothesis is:   

H4: Undocumented immigrants are more likely to be employed in the informal sectors of the 
economy.  

1.4 Data 

To test our four hypotheses, we analyze data from Wave 1 of the Los Angeles Family and 
Neighborhood Survey (LA FANS) which includes detailed information on individuals living in 
Los Angeles County between April 2000 and September 2002. The survey was originally 
designed by the RAND Corporation and the University of California-Los Angeles to assess the 
effects of neighborhoods and families on children's development, family relations, ethnic 
identity, social ties, and neighborhood interactions. Households were selected from a diverse, 
stratified probability sample of 65 neighborhoods throughout the county (Sastry, 2006). Poor 
neighborhoods and households with children were oversampled. Within each household, a 
randomly selected adult and child were selected for an interview. The response rate among adults 
interviewed was 85 percent, a rate that compares favorably to those of major nationally 
representative surveys (Peterson et al., 2003). All surveys were administered in either English or 
Spanish.  

We selected our analytic sample by first identifying all adults interviewed (N=3,557) and 
maintained those between the traditional working ages of 18 through 65 (N=3,354). After 
excluding 124 adults who did not provide information on their employment histories, we then 
restricted the sample further to adults that were foreign born or had at least one foreign-born 
parent (N=2,184). We excluded 178 adults enrolled in school full-time at the time of the survey, 
as schooling often directly precludes employment. However, we maintained a small number of 
sample members who were enrolled part-time in vocational or job training programs as this is 
often done in addition to, or in anticipation of, employment. Lastly, we excluded 66 refugees or 
immigrants who were granted asylum or temporary protected status, recognizing the distinct 
circumstances and work authorization policies that set these groups apart from other members of 
our documented immigrant subgroup.  
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Immigrant legal status was constructed from sample member responses to a sequence of 
questions related to nativity and immigrant documentation. Individuals were asked where they 
were born; those indicating they were born in the U.S. were categorized as second generation 
(N=294). Individuals born outside the U.S. that responded “yes” to the following were classified 
as naturalized: “Are you a citizen of the U.S.?” (N=461). Those born outside the U.S. that 
responded “no” to being a citizen of the U.S., but “yes” to one of the following were categorized 
as documented: “Do you currently have a permanent residence card or a green card?; “Do you 
have a valid tourist visa, a student visa, a work visa or permit, or another document which 
permits you to stay in the U.S. for a limited time?” (N=609). Those who indicated their visa had 
expired or responded “no” to each question were categorized as undocumented (N=564). Our 
final analytic sample includes 1,928 adults divided into the following four categories of 
immigrants: undocumented immigrants (29.3 percent of sample), documented immigrants (31.6 
percent), naturalized immigrants (23.9 percent), and second-generation immigrants (15.3 
percent). The estimates and profiles of the undocumented population produced by LA FANS 
compare favorably to independent estimates of the undocumented population (Bachmeier et al.,  
2014). However, ninety-six percent of our undocumented immigrant sample did not enter the 
U.S. with a visa. This is significantly larger than national estimates that put the percent of 
undocumented immigrants who entered without inspection at 66 percent in 2000 (Warren & 
Kerwin, 2017). This is likely a byproduct of the relative proximity of Los Angeles to the 
southern border.  

1.4.1 Dependent Variables 

LA FANS adult respondents were asked to complete an interactive computerized event 
history calendar to record detailed information for the preceding two-year period on spells of 
employment and unemployment.8 Using data from this calendar, we created three dependent 
variables to test our hypotheses: employment status, weekly earnings, and self-employment. 
First, we constructed employment status as a binary variable indicating that the sample member 
held at least one job in the two years that preceded the date of their interview. Seventy-five 
percent of our analytic sample indicated they were employed in the last two years. Second, we 
measured weekly earnings as recorded wages for the most recent job or jobs held in the last two 
years. If a sample member held more than one job at a time during their most recent spell of 
employment, weekly salary reflects the sum of those earnings across jobs. Weekly salaries were 
calculated from responses to questions on both the amount and frequency of earnings.9 Among 
those employed, sample members earned an average of $481 per week (in 2000 dollars). Third, 
                                                 
8 Interviews took place between April 2000 and January 2002 with most interviews conducted between the Fall of 2000 and the 
Summer of 2001. The median interview month was February 2001. 
9 When earnings were provided at an hourly rate, the wage was multiplied by the number of hours the respondent indicated they 
worked per week; salaries reported on a weekly basis were left as-is; monthly salaries were divided by four if full-time and two if 
part-time; yearly salaries were divided by 52 if full-time and 26 if part-time; daily salaries were multiplied by the number of 
hours the respondent indicated they worked per week. 
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we constructed a measure self-employment as a binary variable indicating that the sample 
member was self-employed in an unincorporated business in the last two years.10 Among those 
employed in our sample, five percent met this proxy of informal employment. 

1.4.2 Key Independent Variables 

To document factors associated with economic assimilation of undocumented immigrants in 
Los Angeles, we test hypotheses related to time spent in the U.S. and neighborhood social 
networks. We describe the construction of each of these key independent variables in turn.  

Sample members were asked to provide the year they first arrived in the U.S. if they 
indicated being foreign born. With this information, we calculate the number of years spent in 
the U.S. for undocumented, documented, and naturalized immigrants by differencing the year of 
arrival from the year they were interviewed. Second-generation immigrants were assigned a 
value equal to their age, essentially indicating that they “arrived in the U.S.” at birth. It is worth 
noting undocumented immigrants have been in the U.S. for much less time (10 years) than their 
documented (17 years) and naturalized (23 years) peers. Despite this “tenure disadvantage,” 10 
years is an ample period of time to establish roots in the labor market and to build an economic 
foundation in the U.S. It is likely that our sample contains a more resilient subset of the 
undocumented population as those who initially struggled to find and maintain work likely 
returned to Mexico long before the 10-year mark. To inspect the likelihood that this bias affects 
our study, we merged records from the adult panel respondents from our analytic sample that 
were followed-up with in the second wave of LA FANS (N=1,351) conducted roughly four years 
after Wave 1. We used Wave 1 outcomes to predict whether the sample respondent was lost to 
follow-up and we found no evidence that a respondent’s employment or self-employment status 
predicted whether they were interviewed in Wave 2, but did find evidence that higher earners 
were more likely to be lost to follow-up. As such, it appears the immigrants in our sample were 
no more “resilient” or less likely to return to their home country. 

Neighborhood Social Networks. We use three distinct constructs to measure the presence and 
strength of neighborhood social networks: (1) co-ethnic proximity; (2) social cohesion; and (3) 
social ties. We adopt a measure of co-ethnic proximity from a well-developed body of residential 
segregation research demonstrated to reasonably detect the probability of contact with 
immigrants who share the same country of origin (Massey & Denton, 1988; Massey et al., 1996). 
To do so, we obtained census tract-level population counts of the foreign-born by country of 
origin from the 2000 U.S. Census (U.S. Census Bureau, 2000). With this information, we 
constructed an index of co-ethnic proximity that measures the degree of potential contact with 

                                                 
10 This is a proxy for employment in the informal economy supported by the International Labor Organization that defines 
informal sector enterprises as “private unincorporated businesses” (i.e., “enterprises owned by individuals or households not 
constituted as separate legal entities independent to their owners”) (Hussmanns, 2004). 
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co-ethnic immigrants in their neighborhood of residence (represented here as a census tract). For 

a randomly selected immigrant from country , the co-ethnic proximity index estimates the 
probability that another person selected from the same neighborhood will be an immigrant from 

country . For country , we define the co-ethnic proximity index as follows:  

	 	  

where  is the number of immigrants from country  in tract , and  is the total population of 

tract . The value of the index of co-ethnic proximity,	 	, ranges from 0 to 1 (where 0 indicates 

geographic isolation from co-ethnics and 1 indicates certainty of contact with co-ethnics) and its 

value depends on the proportion of immigrants from country  residing in a given tract.  

In addition to co-ethnic proximity based on population counts, the survey includes a rich set 
of neighborhood social cohesion measures, derived from measures developed by Sampson and 
colleagues (Sampson et al., 1997). We draw upon these measures. First, we use factor analysis to 
construct an index of social cohesion based on individual response to five survey items scored on 
a five-point Likert scale: (1) “This is a close-knit neighborhood;” (2) “People around here are 
willing to help their neighbors;” (3) “People in this neighborhood can be trusted;” (4) “People in 
this neighborhood generally don’t get along with each other;” and (5) “People in this 
neighborhood don’t share the same values” (Cronbach's alpha=0.69). Items 4 and 5 were reverse 
coded so that higher values of the index indicate higher perceived cohesion. Principal factor 
analysis with a varimax rotation revealed that factor loadings of the first component accounted 
for 76 percent of the variation in the five measures. We retained the factor scores for each sample 
member based on the factor loadings that range from -1.54 to 2.41, with higher values indicating 
higher levels of social cohesion. 

We construct a third measure of neighborhood social networks that captures the number of 
relatives or friends that live in the sample member’s neighborhood. Sample members were 
asked: (1) How many of your relatives or in-laws live in your neighborhood?” and (2) “How 
many of your friends live in your neighborhood?” These were coded on a four-point scale 
ranging from “none” (1) to “most or all” (4). Social ties is the sum of the two measures, 
standardized to have a mean of 0 and standard deviation of 1, with higher values indicating more 
neighborhood social ties. In the case of missing values or non-response for inputs to our social 
cohesion and social ties indices, scores were averaged across sample members in a given census-
tract and imputed to those cases with missing values by tract residence. 

1.4.3 Sociodemographic Control Variables  

We include a broad set of sociodemographic covariates associated with economic 
assimilation to generate inverse probability of treatment weights (described in the next section) 
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and to serve as control variables. At the individual level, we include age in years, gender, marital 
status (coded 1 if the sample member is legally married at the time of the survey, 0 if s/he is not), 
and race/ethnicity (binary variables for Latino, White, and Asian).11 Dependent children is a 
count variable that totals the number of dependent children (adopted or biological) under 18 
living with the sample member at the time of the survey. English is a binary variable (coded 1 if 
the sample member completed the interview in English, 0 if in Spanish). Age at arrival is a 
continuous variable measured as the difference between the year the sample member arrived in 
the U.S. and the year they were born. Second-generation immigrants were assigned a value equal 
to 0 on this measure, as they “arrived in the U.S.” at birth. Educational attainment is a set of 
binary variables that indicate the highest level of schooling the sample member completed 
(primary or less, some secondary, completed secondary, some college, college degree, post-
graduate degree). Educational location is another set of binary variables indicating where the 
sample member attended school (entirely in the U.S., partially in the U.S., or not at all in U.S.). 
Enrolled is a binary variable coded 1 if the sample member was enrolled in part-time vocational 
program at the time of the survey, and 0 if not. Maternal nativity is a series of binary variables 
that distinguish sample members with mothers born in Mexico, Latin America, Asia, and other 
countries (including Europe, Central Asia, Africa, and the Middle East).12 Maternal nativity was 
used to permit a broad (albeit crude) measurement of ethnic identity for second-generation 
immigrants.13 Binational is a binary variable that indicates the sample member’s parents were 
born in different countries. Parent education is a binary variable that is coded 1 if at least one of 
the sample member’s parents completed secondary school (high school), and 0 if neither parent 
completed secondary. Two-parent family is a binary variable that is coded 1 if the sample 
member lived with both parents at age 14, and 0 if not. Work disability is a binary variable coded 
1 if the sample member indicated that they had a physical, psychological, or nervous condition 
that limits the type or amount of work they can do. Poor health is a binary variable that captures 
if a sample member’s self-rated health was fair or poor (as compared with those in excellent, 
very good, or good health). We account for differences in stability of residence by incorporating 
two variables that capture patterns of return migration. Never returned is a binary variable coded 
1 if the respondent indicated they have not return to their home country since arriving in the U.S. 
Last return captures the difference between the year the respondent last visited their home 
country and the year they were surveyed.  

At the neighborhood level, neighborhood poverty is a categorical variable that classifies the 
sample member’s census tract into three groups based on the percent of the tract’s population in 
poverty in 1997 (Sastry, 2006). Neighborhoods were classified as very poor, poor, and not poor 

                                                 
11 One percent of the analytic sample identified as African American, whom serve as a reference group. 
12 One percent of the analytic sample had a mother born in North America. 
13 Native-born and foreign-born sample members were asked to provide the country of birth for their mother and father. Among 
the foreign born, maternal nativity matched sample member nativity in 98% of cases. Of the second-generation immigrant sample 
members that provided a response, 93% had parents with shared nativity.  
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for purposes of sampling. We preserve this classification and control for this variable as a 
measure of neighborhood disadvantage.  

1.5 Methodology 

As legal status is a non-random condition, any empirical relationship observed between legal 
status and employment outcomes with observational data sources such as the LA FANS is 
potentially biased owing to confounding factors. Without randomization or a natural experiment, 
we are not able to completely eliminate bias in our estimates of the relationship between legal 
status and employment outcomes. While traditional covariate-adjusted regression models can 
control for individual characteristics relevant to the outcome of interest, it does so at the risk of 
model overfit and costs valuable degrees of freedom in the presence of small samples. We are 
able to eliminate substantial sources of confounding and preserve our sample using inverse 
probability of treatment weights (IPTW). Based on propensity score methods developed to 
permit causal inference from observational data (Rosenbaum & Rubin, 1983), IPTWs are used to 
mimic random assignment of our treatment—which in our study is undocumented status—based 
on the sociodemographic covariates observed in LA FANS and described in the previous section.  

Applying IPTWs essentially adjusts for observed confounders by generating a weighted 
“pseudo-population” comparison group. In our analysis, our treatment group is undocumented 
immigrants. We develop IPTWs to weight documented, naturalized, and second-generation 
immigrants so that the weighted comparison groups largely mirror the sociodemographic 
composition of the treatment group. This is critical as undocumented immigrants are 
disadvantaged across an array of observable characteristics, potentially confounding differences 
in labor market outcomes attributable to legal status with underlying socioeconomic 
characteristics. Recall from the previous section that for sampling purposes, the 65 sampled 
census tracts were categorized into one of three groups based on the percent of households in 
poverty: very poor, poor, or not poor. We use this variable to control for variation in local 
economic conditions that may also influence the employment and earnings outcomes of 
undocumented immigrants. While we recognize this measure does not characterize more 
nuanced economic characteristics of a local area (e.g., local unemployment rates), we remind 
readers that our sample is drawn from a narrow geographic area—Los Angeles County—within 
which most residents commute to find work.14  

                                                 
14 The Bureau of Labor Statistics (BLS) defines a labor market area as an economically integrated geographic region “within 
which individuals can reside and find employment within a reasonable distance or can readily change jobs without changing their 
place of residence.” Our sample is drawn from a singular county that falls within the BLS-defined Los Angeles-Long Beach-
Anaheim labor market area. The county also falls within the wider U.S. Census Bureau commercial region that includes Los 
Angeles, Orange, Ventura, Riverside, and San Bernardino counties. 
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We begin by balancing covariates across the three immigrant comparison groups, assigning 
higher weights to sample members demographically similar to undocumented immigrants, and 
lower weights to those demographically dissimilar. We weight sample members using IPTWs 
estimated using generalized boosted models that utilize automated, non-parametric machine-
learning techniques. The IPTWs and their associated balance checks were performed in STATA 
using commands that call functions from the twang package in R (McCaffrey et al., 2004).15 We 
used the sum of effect sizes across the maximum number of covariates for optimization when 
fitting these models. For the three comparison groups, the weighted averages for all covariates 
are presented alongside unweighted averages in Table 1.1. Comparing the treatment group 
averages with the unweighted averages demonstrate a number of significant differences: 
undocumented immigrants are younger, less likely to speak English, have lower levels of 
education, live in poorer neighborhoods, etc. However, once the three comparison groups are 
weighted using the IPTWs, they more closely mirror the sociodemographic composition of the 
undocumented group, but with some post-weighting residual differences (significant differences 
between the treatment group and the weighted comparison group after the IPTWs have been 
applied). We address these post-weighting residual differences in our empirical specification. 
  

                                                 
15 One feature of the twang software package is that it identifies missing values of the input covariates and uses the distribution of 
missing values to create the IPTWs. Hence, missing values on input covariates do not affect the size of the analytic sample, as 
everyone is assigned a weight regardless of missing data. When we include select covariates as controls in our models in addition 
to the weights, we use mean imputation to assign non-missing values on those variables with corresponding binary variables 
indicating missing values. 
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Table 1.1: Unweighted and Propensity-Score Adjusted Balancing Covariates by Immigrant Group 
  Treatment Control groups 

Undocumented (N=564) Documented (N=609) Naturalized (N=461) Second generation (N=294) Missing
  unweighted weighted unweighted weighted unweighted weighted 
Age (mean)             31.24       37.81***      32.75* 42.21***       35.97**         33.99***         29.73† 0 
Female  0.69  0.70  0.68  0.71  0.78  0.67  0.78† 0 
Married  0.45   0.65***  0.50  0.72***  0.80***  0.52†  0.40 0 
Race/ethnicity 

Latino  0.99  0.85***  0.99*  0.58***  0.99†  0.63***  0.99 28 
White  0.00  0.08***  0.01***  0.18***  0.00***  0.28***  0.28*** 
Asian  0.01  0.07***  0.01  0.22***  0.01†  0.06***  0.06*** 

Dependent children (mean)  1.81  1.70  1.84  1.54***  1.54***  1.29***  1.29*** 3 
English  0.04  0.30***  0.05  0.64***  0.08†  0.92***  0.92*** 0 
Age at arrival (mean)             21.57       20.84      21.10 19.13*** 19.43*  0.00***  0.00*** 15 
Educational attainment   

Primary or less  0.44   0.37*  0.38  0.17***  0.31  0.01***  0.01*** 44 
Some secondary  0.28  0.23*  0.23  0.14***  0.31  0.17***  0.17*** 
Completed secondary  0.22  0.17*  0.24  0.16**  0.12*  0.21  0.21 
Some college  0.04  0.11***  0.05  0.19***  0.24  0.33***  0.33*** 
College degree  0.01  0.08***  0.02  0.26***  0.02†  0.19***  0.19*** 
Post-graduate degree  0.01  0.05***  0.09  0.07***  0.01  0.08***  0.08*** 

Educational location  
All U.S.  0.01   0.05***  0.01  0.09***  0.03  1.00***  1.00*** 0 
Some U.S.  0.10  0.21***  0.13  0.49***  0.11  0.00***  0.00*** 
No U.S.  0.89  0.74***  0.86  0.43***  0.85  0.00***  0.00*** 

Enrolled  0.02  0.03  0.01*  0.03  0.01  0.02  0.03 0 
Maternal nativity    

Mexico  0.83  0.59***  0.79  0.42***  0.77  0.57***  0.88 94 
Latin America (excl Mexico)  0.17  0.26***  0.19  0.16  0.21  0.13  0.07* 
Asia  0.01  0.09***  0.01  0.25***  0.02*  0.12***  0.04* 
Other  0.00  0.06***  0.01***  0.17***  0.00†  0.17***  0.01 

Binational  0.01  0.04**  0.01  0.11***  0.02  0.50***  0.02 4 
Parent completed secondary  0.10  0.27***  0.11  0.47***  0.15  0.62***  0.16† 132 
Two parent family  0.68  0.69  0.70  0.76*  0.53  0.69  0.59 0 
Work disability  0.07  0.01  0.05  0.01†  0.07  0.09  0.12 11 
Poor health  0.67  0.71  0.74  0.78***  0.76  0.89***  0.82** 8 
Neighborhood poverty  

Very poor  0.57  0.40***  0.59  0.19***  0.32**  0.22***  0.50 0 
Poor  0.34  0.41**  0.32  0.34  0.53†  0.27*  0.38 
Not poor  0.10  0.19***  0.09  0.47***  0.16  0.5***  0.12 

Return migration    
Never returned  0.62  0.32***  0.62  0.34***  0.48  0.00***  0.00*** 0 
Last return (mean)  6.07  4.97*  6.11  6.42  6.95  0.00***  0.00*** 413 

Survey month (mean)  7.57  7.39  7.50  7.58  7.53  7.37  7.42 0 
Survey year (mean)              2001   2001  2001      2001   2001     2001     2001  0 
Notes: Numbers in cells are means unless percent is indicated. Standard errors in parentheses. †p<.10, *p<.05, **p<.01, ***p<.001 in two-tailed test for differences with undocumented subsample  
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To test our first hypothesis: “Undocumented status has a negative effect on employment and 
earnings,” we estimate the following regression model weighted using the IPTWs:  

(1) 	

where  is the labor market outcome—employment status or weekly earnings—for sample 

member . We employ a linear probability model to estimate our outcomes, as it has been shown 
that when binary outcomes range between .20 and .80 linear models fit equally well to logistic 
models (Hellevik, 2009). We log-transform weekly earnings and condition on employment to 

estimate the effect of undocumented status. The variable  indicates whether sample 

member  is undocumented, 	is a vector of covariates that remain significantly different (at p < 

0.05) after the IPTW weighting adjustment,16 and  captures influences not explained by the 
model. We estimate this model three ways, interchanging the three immigrant comparison groups 

as the reference to undoc. The estimated	  coefficient measures the effect of undocumented 
status on the probability of employment and weekly earnings using each of the three immigrant 
subgroups as contrasts.  

In order to test our second hypothesis: “Years spent in the U.S. is positively associated with 

employment and earnings of all immigrants, but this relationship will be less pronounced among 
undocumented immigrants,” interactions between undocumented status and years spent in the 
U.S. are examined to determine whether years spent in the U.S. moderated the effect of 
undocumented status on employment and earnings outcomes. The same approach is used to test 
our third hypothesis: “Access to strong neighborhood social networks will expedite the economic 

assimilation of all immigrants, but this relationship will be more pronounced among 
undocumented immigrants.” We examine the interactions between undocumented status and 
three measures of neighborhood social networks: (1) co-ethnic proximity, (2) social cohesion, 
and (3) social ties, to determine if each moderated the effect of undocumented status on 

employment and earnings. The coefficient of interest in these tests is  from the following 

model: 

(2) 	

                                                 
16 Some authors have recommended additional covariate adjustments to control for any post-weighting residual differences in the 
observed covariates (Bang & Robins, 2005; Huppler-Hullsiek & Louis, 2002). Note that the weights brought the covariate 
distributions of the three immigrant comparison groups closer to the covariate distribution of treatment group (Table 1.1), but 
some differences remained. For example, undocumented immigrants are notably younger (31.2 years) than each of the 
unweighted immigrant comparison groups. The weights did a good job of bringing the average age of the comparison immigrant 
groups closer to 31.2, but the weighted subsamples were still significantly older than the undocumented subgroup. To account for 
any remaining differences that the weights were not able to reconcile, we obtain “doubly robust” estimates by both weighting the 
model using the IPTWs and controlling for any covariates that show evidence of post-weighting residual differences.  
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where the direction and significance of  provides our estimate of the moderating effect of the 
key independent variable being considered: years spent in the U.S., co-ethnic proximity, social 
cohesion, or social ties. We use a subsample of documented and naturalized immigrants 

weighted to resemble undocumented immigrants, and include the indicator variables  

(documented) and  (naturalized) to control for legal status, leaving undocumented as the 
reference group. We then include an interaction between undocumented status and the 
moderating independent variable: 

(3) ∗ 	

permitting comparison of the  coefficient estimated in Eq. 2 to test whether the independent 

variable has a unique moderating effect for undocumented immigrants. 

Lastly, we estimate the probability of self-employment to test our fourth hypothesis: 
“Undocumented immigrants are more likely to be employed in the informal sectors of the 

economy while documented immigrants are more likely to work in the formal sectors of the 
economy.” To do so, we use an IPTW-weighted regression model, but do not control for any 
post-weighting residual differences, and replace employment status and earnings with our 

measure of informal sector employment as the outcome .17  

(4) 	

1.6 Results 

Our first hypothesis (H1) is that undocumented status has a negative effect on employment 
and earnings. Before formally testing this hypothesis, we first examine average differences in 
outcomes by looking at the unweighted means in Table 1.2. Here we see significant differences 
between undocumented immigrants and the three immigrant comparison groups on both 
outcomes. The rate of employment among undocumented immigrants was 66 percent, well 
below the rate of employment among second-generation immigrants (87 percent), naturalized 
immigrants (82 percent), and documented immigrants (73 percent). Weekly earnings of 
undocumented immigrants were significantly lower than those reported by each of the three 
immigrant comparison groups. Average weekly earnings of undocumented immigrants in our 
sample were less than half that of naturalized and second-generation immigrants, and just 64 
percent of the average reported by documented immigrants.  

                                                 
17 Only 5 percent of the overall sample was informally employed. We begin with logistic regression recognizing ordinary least 
squares is sensitive to outcome variables with distributions skewed toward 0 or 1, but found agreement in the direction and 
significance between OLS and logit estimates. As such, we present the specification for the linear probability model here. Due to 
the low prevalence of working in the informal economy, we apply IPTWs but do not control for any post-weighting residual 
differences to preserve degrees of freedom. 
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Table 1.2: Descriptive Statistics for Full Sample and Immigrant Subgroups 

  
Full sample 
(N=1928)  

Undocumented 
(N=564)  

Documented 
(N=609)  

Naturalized 
(N=461)  

Second generation 
(N=294)  

Missing 

  Mean SD Mean SD Mean SD Mean SD Mean SD 

Dependent variables                                 
Employed (%) 0.75 0.43  0.66 0.47    0.73**   0.44    0.82***   0.39    0.87***   0.34  0 
Weekly earnings ($) 480.63 477.40  277.59 128.22  434.98*** 441.99  650.02*** 619.77  635.40*** 513.89  141 
Self-employment (%) 0.05 0.22  0.06 0.23    0.04   0.21    0.06   0.24    0.04   0.21  0 

Independent variables                 

Years spent in the U.S. 18.92 11.71  9.66 6.47   16.99***   8.55   23.14***   8.60   33.99***  11.10  13 
Co-ethnic proximity 0.20 0.16  0.28 0.14    0.21***   0.16    0.14***   0.15    0.15***   0.16  5 
Social cohesion 0.07 0.32  0.24 0.24    0.11***   0.28    -0.08***   0.32    -0.08***   0.33  0 
Social ties 0.00 1.00  0.03 0.92    0.09   1.00    -0.09*   1.04    -0.11†   1.06  0 
Notes: Numbers in cells are means unless percent is indicated. Standard errors in parentheses.  
†p<.10, *p<.05, **p<.01, ***p<.001 in two-tailed test for differences with undocumented subsample 
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While these unweighted comparisons provide tentative support for our first hypothesis, we 
know from Table 1.1 that undocumented immigrants differ from other immigrants on key 
sociodemographic dimensions also associated with employment outcomes. Without adjusting for 
these and other background characteristics, we cannot rule out these factors as potential 
explanations for the differences in employment outcomes that we observe in Table 1.2. To 
provide a more rigorous test of our hypothesis, we turn our attention to our regression models 
that are weighted with IPTWs. These findings are reported in Table 1.3. 

 
Table 1.3: Effects of Undocumented Status on Employment and Weekly Earnings 

  
Documented  

(N=609)  
Naturalized  

(N=461)  
Second generation  

(N=294) 
Outcome 1: Employed  
Undocumented status     -0.084†          -0.150*   -0.172† 

Observations         1,173     1,025 858 
Outcome 2: Weekly earnings ($) 
Undocumented status  -53.216**        -68.439***           -68.069 

Observations          819       750          627 
Notes: †p<.10, *p<.05, **p<.01, ***p<.001. The effect of undocumented status on weekly earnings transformed from by 
differencing e^constant from e^constant+coeff. Covariates not included in the construction of the IPTWs (due to convergence 
issues) and those showing post-weighting residual differences were controlled for to produce “doubly robust” estimates. A 
complete listing of the covariates included in each model can be found in Appendix Table A1.1.  

In this table, the top panel reports results for models predicting employment status and the 
bottom panel reports results for models predicting weekly earnings among those who are 
employed. We show three sets of models from Eq. 1: the first comparing undocumented 
immigrants with documented immigrants, the second comparing undocumented immigrants with 
naturalized immigrants, and the third comparing undocumented immigrants with second-
generation immigrants. In terms of employment status, we see that once adjusting for 
sociodemographic characteristics via the IPTWs, undocumented immigrants are significantly less 
likely to be employed than each immigrant comparison group. Specifically, we find that the 
employment rate of undocumented immigrants is 8.4 percentage points lower than the 
employment rate of documented immigrants, 15 percentage points lower than naturalized 
immigrants, and 17.2 percent below the employment rate of second-generation immigrants. 
Moving to the bottom panel, we find that undocumented status is associated with lower weekly 
earnings when making comparisons with documented immigrants and naturalized immigrants. 
Undocumented immigrants earn about $53 less per week than documented immigrants and $68 
below naturalized immigrants. Wage differentials between undocumented and second-generation 
immigrants are not statistically different from zero. 

To gain a clearer view of differences in outcomes across the groups we used a variant of Eq. 
1 to calculate differentials in predicted probabilities of employment (shown in Figure 1.1) and 
predicted weekly earnings (shown in Figure 1.2) between undocumented immigrants and each 
immigrant comparison group. For these predictions, values on the covariates are set at their 
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mean, except age which we set to 30. Additionally, we included an interaction between the legal 
status variable and age. The resulting predictions where age is set to 30 allow us to make 
comparisons for sample members at approximately similar places in their working careers and in 
the life course more broadly. Undocumented immigrants are 9.5 percent less likely to be 
employed than documented immigrants, 21 percent less likely to be employed when compared to 
naturalized immigrants, and 13.9 percent less likely to be employed than second-generation 
immigrants. We see similar penalties in weekly earnings associated with undocumented status. 
Predicted weekly earnings for undocumented immigrants were $21 less than documented 
immigrants, almost $13 less than naturalized immigrants, and $63 less than second-generation 
immigrants. In evaluating the findings of all the models in Table 1.3 along with the predicted 
values plotted in Figure 1.1 and Figure 1.2, we find support for the contention that 
undocumented status is associated with an employment and earnings penalty when comparing 
undocumented immigrants with each immigrant subgroup. The employment penalty is most 
severe compared to naturalized immigrants, while the earning penalty is largest relative to 
second-generation immigrants. 

Figure 1.1 Predicted Probability of Employment Differentials between Undocumented Immigrants 
and Three Immigrant Comparison Groups 

 
Notes: †p<.10, *p<.05, **p<.01, ***p<.001 
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Figure 1.2 Predicted Weekly Earnings Differentials between Undocumented Immigrants and Three 
Immigrant Comparison Groups 

 
Notes: †p<.10, *p<.05, **p<.01, ***p<.001 

Next, we test whether the effects of undocumented status are moderated by years spent in the 
U.S. (H2) and/or by neighborhood social networks (H3). To test these hypotheses, we use a 
comparison group that consists of both documented and naturalized immigrants to consider the 

main effects of each of the moderators separately (  from Eq. 2) as well as the multiplicative 

interaction between the moderators and undocumented status (  from Eq. 3). This interaction 
allows us to assess whether the negative effect of being undocumented is moderated by time in 
the U.S. and robust neighborhood social networks. The coefficients from these models are shown 
in Table 1.4. 

  
Table 1.4: Moderating Effects of Years Spent in the U.S. and Neighborhood Social Networks 

  
Years Spent in the 

U.S. (H2)  
Co-ethnic proximity 

(H3)  
Social cohesion (H3) Social ties (H3) 

Model 1 Model 2 Model 1 Model 2 Model 1 Model 2 Model 1 Model 2 
Outcome 1: Employed             
Main effect  
( 	from Eq. 2)   -0.002 -0.003    0.056    0.289   0.085   0.068  -0.003  -0.030 
 
Interaction  
( 	from Eq. 3)  0.001   -0.411   0.031   0.047 
Outcome 2: Weekly earnings ($) 

Main effect    3.113*  4.418* -100.950† -127.140 -59.537† -58.306  -2.277  -1.899 

Interaction -2.786   85.038  -2.767  -0.761 
            
Notes: †p<.10, *p<.05, **p<.01, ***p<.001. The specification for Model 1 is outlined in Eq. 2, and Model 2 is outlined in Eq. 3. The 
effect of undocumented status on weekly earnings transformed from by differencing e^constant from e^constant-coeff. 

In looking at the leftmost column in the first panel of Table 1.4, which shows the moderating 
effects of years spent in the U.S., we first focus on the main effects in the model predicting 
employment status (Model 1). We find that years spent in the U.S. has no significant effect on 
employment. When we interact years in the U.S. with undocumented status (Model 2), we find it 
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is not significantly different from zero. This suggests that undocumented immigrants neither reap 
employment benefits nor experience penalties from the amount of time they spend in the U.S. as 
it pertains to holding a job. 

In turning to the bottom panel that predicts earnings, we detect in Model 1 a positive 
association with years in the U.S., suggesting each additional year in the U.S. is associated with a 
small but statistically significant gain in weekly earnings. This comports with past studies of 
immigrant adaptation discussed earlier in this paper which find that immigrants benefit more in 
the labor market when they have more time to assimilate to their host country. However, the 
interaction in Model 2 is not statistically significant, indicating that the positive effect of years 
spent in the U.S. does not distinctly affect undocumented immigrant earnings. Taken together, 
our models find mixed support for our second hypothesis. Years spent in the U.S. is unrelated 
with employment status but is positively associated with earnings of all immigrants. Though we 
anticipated that the earnings benefit associated with years spent in the U.S. would be less 
pronounced for undocumented immigrants, that is not borne out in the LA FANS data. 
Undocumented immigrants—much like their documented and naturalized peers—earn more at 
their jobs the longer they remain in the U.S.  

The three right columns of Table 1.4 present the results of our tests of the moderating effects 
of neighborhood social networks (H3). Recall that we operationalize neighborhood social 
networks in three ways: via a co-ethnic proximity index, via a social cohesion scale, and via a 
social ties scale. In looking at the top panel across models that use these different metrics as main 
effect predictors (Model 1) or as interaction terms with undocumented status (Model 2), none of 
the associated coefficients are significant. This suggests that living in neighborhoods with 
immigrants from the same home country, neighborhoods that have strong social cohesion, and 
neighborhoods where family and friends reside do not directly contribute to employment. When 
we shift to the bottom panel that predicts weekly earnings and observe the main effect models 
(Model 1), we see that co-ethnic proximity and social cohesion have a negative effect on 
earnings. This association is not statistically different from zero for social ties. The interactions 
in Model 2 are not statistically significant, suggesting neighborhood social networks affect 
undocumented immigrants the same way they do documented and naturalized immigrants. While 
we do not have measures that directly gauge ethnic enclaves according to formal operational 
definitions used in studies that operationalize ethnic occupational niches, our findings here align 
with the growing body of research that suggests embedded ethnic social networks do not 
necessarily convey an employment benefit to immigrants. We find new evidence that 
neighborhood social networks may impose a wage penalty to immigrants. We know ethnic 
enclaves frequently flourish by profiting from the limited options available to co-ethnic workers; 
as such, this penalty may be the result of the isolated nature of these neighborhoods, which may 
prohibit immigrants from accessing earning opportunities outside their immediate networks. In 
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sum, we lack support for our third hypothesis that access to strong neighborhood social networks 
expedite the economic assimilation of all immigrants and find evidence of the opposite—that 
living in neighborhoods with immigrants from the same home country and neighborhoods with 
strong social cohesion have a depressive effect on immigrant earnings.  

Finally, we test the hypothesis (H4) that undocumented immigrants are more likely to be 
employed in the informal sectors of the economy. We caution readers that the rate of self-
employment is low in our full analytic sample (5 percent). Therefore, we treat this analysis as 
exploratory given that we have small cell counts for our outcome of interest. Table 1.5 shows the 
coefficients from linear probability models that predict the probability of self-employment 
conditional on being employed.18   

 
Table 1.5: Predicted Probabilities of Self-Employment and Undocumented Status 

 
Documented 

(N=609) 
Naturalized  

(N=461) 
Second generation 

(N=294) 

OLS estimates 

Undocumented status 0.0244 0.0547** 0.0569** 

Observations 821 751 629 

Notes: †p<.10, *p<.05, **p<.01, ***p<.001 

 

We find support for our fourth hypothesis that undocumented immigrants are more likely to 
be informally employed compared to naturalized immigrants and second-generation immigrants. 
The results reported in Table 1.5 indicate that undocumented immigrants are significantly more 
likely to work in an informal setting than both naturalized immigrants and second-generation 
immigrants—a difference of approximately 6 percentage points for both groups. Results were 
not significant compared to documented immigrants, suggesting the difference in informal work 
between undocumented immigrants and documented immigrants is negligible.19 While the 
informal economy is not the distinct destination for undocumented immigrants, our findings 
suggest they are more likely to procure employment via informal means than naturalized and 
second-generation immigrants.  

1.7 Limitations 

Despite the many strengths of our study, including a sizeable sample of undocumented 
immigrants and strong measures of neighborhood social networks, our study has three major 

                                                 
18 We report the ordinary least squares estimates instead of the logistic regression estimates in Table 1.5 for ease of interpretation.  
19 We explored whether neighborhood social networks moderated the effects observed in Table 1.5, hypothesizing a positive 
effect of neighborhood social networks on self-employment of undocumented immigrants. Coefficients on related interactions 
were not significantly different from zero, but we caution readers as to this null finding given the small number reporting self-
employment in an unincorporated business. 
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limitations to keep in mind. First, in the absence of an experiment (natural or otherwise), 
assignment to legal status is confounded with a host of socioeconomic characteristics, many of 
which we are able to measure with the LA FANS and adjust for via our inverse probability of 
treatment weights. However, there are likely factors not available in LA FANS that both 
differentiate documented from undocumented immigrants (e.g. personality, ambitions, national 
allegiance) and contribute to labor market outcomes. Therefore, while we clearly identify an 
employment and wage penalty associated with undocumented status, we cannot say that this 
penalty is solely due to undocumented status. Second, LA FANS was conducted in the early 
2000s when the economy was expanding and the border was relatively porous compared to 
today.20 Additionally, the California economy has historically been accommodating to 
immigrants as evidenced by its lack of E-Verify mandates. Thus, our analysis may reflect a more 
optimistic portrait of economic assimilation than might be the case in more recent years and/or in 
other areas. Third, our measures of social networks are contemporaneous with the Wave 1 survey 
when most undocumented immigrants have already been in the country for approximately ten 
years. It may be the case that such networks are more important when immigrants first arrive, 
which is a dynamic we unfortunately cannot observe in the LA FANS data.      

1.8 Conclusion 

A cornerstone of President Trump’s 2016 presidential campaign was draconian border 
security and internal policing policies intended to curb the flow of undocumented immigrants 
entering the country along the Mexico-U.S. border. This rapidly elevated the public’s attention 
along with the broader policy discourse toward the economic costs and benefits of immigrants—
especially those entering the country without documentation. Despite the intense policy interest 
on the topic, few large-scale scientifically-selected surveys contain information on legal status of 
sample members. Therefore, the research base is thin. To help advance our understanding of the 
lives of undocumented immigrants and consequently, help expand this research base, we analyze 
data from a unique survey of adults in Los Angeles that ascertains the legal status of sample 
members. Although our findings do not directly address border security or internal policing, they 
do provide insight into opportunities and barriers that shape the assimilation process of this 
vulnerable population of immigrants. Our study yielded four distinct findings that we discuss 
below. 
                                                 
20 Most immigrants in our sample arrived in the mid-1980s to early-1990s. Border control efforts and interior immigration 
enforcement intensified during this period, including notable increases in the number of border patrol agents and physical barriers 
to prevent unauthorized entry along the busiest corridors (El Paso, TX and San Diego, CA). Prominent legislation in the 1990s 
increased the penalties to unauthorized entry, mandating jail time for non-citizens convicted of certain crimes, and facilitated the 
deputation of local law enforcement agencies to uphold immigration laws. These policies, present during our study period, were 
expanded upon in the decades that followed. As such, while the sociopolitical and enforcement environment was different 
compared to today, restrictive immigration laws were on the rise and politically salient. The most vivid illustration of this can be 
found in the 1994 passage of California’s Proposition 187—a ballot initiative to restrict undocumented residents from accessing 
to public education, non-emergency health care, and many public services in the state (most all provisions were ruled 
unconstitutional and blocked shortly after the referendum passed). 
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First, the most recent research on economic assimilation of undocumented immigrants finds 
that non-citizens have wages that are on average 40 percent lower than natives (Borjas, 2017). 
However, non-citizens encompass an array of immigrants, including undocumented immigrants, 
those who are legally present (e.g. “documented” via visas or green cards), refugees, those 
seeking asylum, or with temporary protected status. In analyzing data that distinguishes these 
distinct subgroups of non-citizens from one another, we are able to corroborate Borjas’ finding 
and add some important qualifications. Undocumented immigrants have significantly lower rates 
of employment than documented immigrants, naturalized immigrants, and second-generation 
immigrants. With respect to earnings, undocumented immigrants earn significantly less than 
their documented and naturalized peers. It is quite likely that there are underlying aspirational, 
resource, and personality differences between undocumented and documented immigrants that 
are contributing to these observed differences in outcomes. For example, those seeking 
citizenship likely have more resources to support themselves throughout the lengthy 
naturalization process and have a long-term stake in living in the U.S. Immigrants with visas and 
green cards are also likely to have familial or employment-ties to the U.S. that provide support, 
and may have aspirations to obtain green cards (if not already in possession) and ultimately 
apply for citizenship upon meeting residency requirements. On the other hand, undocumented 
immigrants may view their residence as temporary—seeking short-term financial gains via 
employment before returning home. Others may have migrated with the intention of settling. 
Regardless of intent, undocumented immigrants face serious barriers to integration owing to the 
sensitivity of their legal status, and as such, may not “invest in acculturation” as strongly as those 
seeking citizenship. Whatever the underlying cause(s), it remains that there are two distinct 
trajectories of economic assimilation: one of higher employment rates and higher wages 
(characteristic of those with green cards, visas, and/or seeking citizenship) and one of lower 
employment rates and lower wages (characteristic of those who entered/remained in the country 
without documentation). Though undocumented immigrants are attracted to the job opportunities 
present in the U.S. economy, our findings show that these opportunities may not be as steady or 
sustainable as those available to immigrants who are legally present.  

Second, in accord with other studies of immigrant adaptation (Borjas, 1999; Duleep & 
Dowhan, 2008; Duncan & Trejo, 2012; Smith & Edmonston, 1997), we find that the longer 
immigrants reside in the U.S., the more they earn. We speculate that this positive relationship is 
driven by increased exposure to U.S. institutions (especially the American workplace), local 
norms and customs, and the English language that accompanies tenure within a host country. The 
longer an immigrant resides in the U.S., the more likely they are able to acquire human capital 
that is recognized and rewarded by American employers. This points to “U.S-specific work 
experience” as an important asset to new arrivals. Given the array of obstacles and challenges 
faced by undocumented immigrants, we hypothesized that time in the U.S. would not yield the 
same benefit as it does for other immigrants. Our findings did not support this prediction: 
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Undocumented immigrants, documented immigrants, and naturalized immigrants all earn more 
the longer they live in the U.S. 

Third, we tested ideas prominent in the immigration literature pertaining to immigrant 
enclaves, which contend that strong social networks are critical to supporting the labor market 
success of new arrivals. As LA FANS was designed specifically to identify key socioeconomic 
properties of neighborhoods, we had access to a rich set of measures that gauge the extent to 
which immigrants live near one another and relate to, or interact with, their neighbors (fellow 
immigrant or otherwise). Descriptively we found evidence that undocumented immigrants had 
greater exposure to co-ethnics in their neighborhoods and had higher levels of social cohesion 
with their neighbors when compared with other immigrants. We did not find evidence that living 
in these neighborhoods influence immigrant employment outcomes. However, living in 
neighborhoods with greater co-ethnic exposure and high levels of social cohesion depressed the 
earnings of all immigrants, regardless of legal status. This accords with a growing body of 
research which finds that embedded ethnic social networks do not always provide a labor market 
benefit to immigrants (Fong & Hou, 2013; Logan et al., 2003; Xie & Gough, 2011), and can 
have a negative effect on patterns of economic assimilation. These networks did not translate 
into distinct benefits or disadvantages with respect to employment or earnings for undocumented 
Angelinos.  

Lastly, we expected that undocumented immigrants would be more heavily concentrated in 
the informal economy than documented, naturalized, and second-generation immigrants. 
Undocumented immigrants were more likely to work in the informal economy compared to 
naturalized immigrants and second-generation immigrants. We remind readers that our analysis 
of self-employment was based on relatively small sample sizes, and so this finding should be 
taken as exploratory rather than definitive. However, it does suggest that the informal economy 
remains a small but important source of opportunity for undocumented immigrants as well as 
documented immigrants, who may face work restrictions that limit their access to certain types 
of employment. 

As policymakers grapple with strategies for managing and addressing the needs of the 
undocumented population, it is increasingly incumbent on the scientific community to improve 
their methods to better understand the causes and consequences of undocumented immigration. 
Our study contributes to this nascent research base and provides insight into how undocumented 
immigrants fare in the labor market in their new country. Undocumented immigrants are largely 
penalized in the form of lower wages and rely on the informal labor market more so than 
naturalized and second-generation immigrants for employment, but like other immigrant groups, 
their earnings steadily improve the longer they reside in the states. Future research can build off 
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our work to elucidate how other dimensions of the American economy shape the effects of legal 
status that we identify here.   
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Chapter 1 Appendix 

Table A1.1: Covariates Included in “Doubly Robust” Estimates by Immigrant Subsamples 

  
Documented 

(N=609)  
Naturalized 

(N=461)  
Second generation 

(N=294) 

Documented and 
Naturalized 
(N=1070) 

  IPTW Covariates IPTW Covariates IPTW Covariates IPTW Covariates 
Age (mean) x x x x x x x 
Female x x x x 
Married x x x x x 
Race/ethnicity 

Latino x x x x x x 
White x x x x x x x 
Asian x x x x 

Dependent children (mean) x x x x 
English x x x x 
Age at arrival (mean) x x x x 
Educational attainment 

Primary or less x x x x 
Some secondary x x x x 
Completed secondary x x x x 
Some college x x x x 
College degree x x x x 
Post-graduate degree x x x x 

Educational location 
All U.S. x x x 
Some U.S. x x x 
No U.S. x x x 

Enrolled x x x x x 
Maternal nativity  

Mexico x x x x 
Latin America (excl Mexico) x x x x x 
Asia x x x x x x 
Other x x x x x x 

Binational x x x x 
Parent completed secondary x x x x 
Two parent family x x x x 
Work disability x x x x 
Poor health x x x x x 
Neighborhood poverty 

Very poor x x x x x 
Poor x x x x 
Not poor x x x x 

Return migration 
Never returned x x x 
Last return (mean) x x x 

Survey month (mean) x x x x 
Survey year (mean) x     x     x   x   
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Chapter 2. Immigration Enforcement Awareness and Community 
Engagement with Police21 

Ashley N. Muchowa and Catalina Amuedo-Dorantes, Ph.D, J.D.b 

a Pardee RAND Graduate School, Santa Monica, CA 
b San Diego State University, San Diego, CA 

 

Abstract 
The unwillingness of Latino and immigrant communities to interact with the police or report 
crime is a recognized concern of the Los Angeles Police Department (LAPD). Using data on 
calls for service dispatched to LAPD patrols from 2014 through 2017, we assess if heightened 
awareness about immigration enforcement, as captured by a Google Trends index on related 
searches, is associated with reduced calls for service in predominately Latino non-citizen 
neighborhoods. We find that calls for service per 1,000 dropped by 3 to 4 percent in LAPD 
reporting districts with a higher concentration of Latino non-citizens as awareness about 
immigration enforcement increased. The decline, which is also observed for domestic violence 
calls, provides empirical evidence of the “chilling effect” heightened awareness of immigration 
enforcement has on Latino immigrant engagement with the police, underscoring the need to 
address this problem.  
  

                                                 
21 I am grateful to LAPD Sergeant Monique Valenzuela for her insight into police relationships with Latino immigrant 
communities in Los Angeles, Avianna Uribe and Rigoberto Reyes of the Los Angeles County Chief Executive Office for their 
information on immigrant outreach efforts and pressing issues. I also thank Jasmine Trang Ha and Janna Johnson from the 
Minnesota Population Center for their review and thoughtful comments on working versions of this paper. This work was 
supported by the Jim Lovelace Foundation Dissertation Award, Horowitz Foundation for Social Policy Doctoral Grant, and the 
Haynes Lindley Doctoral Dissertation Fellowship. 
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2.1 Introduction 

The unwillingness of Latino and immigrant communities to report crime or assist in criminal 
investigations is a recognized concern of the Los Angeles Police Department (LAPD). The 
department suggested that heightened mistrust of the criminal justice system resulted in lower 
levels of crime reporting among Latinos in the first three months of 2017, relative to the same 
period the previous year (Gorman, 2017). Officials have expressed concern that incidents will go 
unreported as individuals worry they might expose themselves or others to immigration 
authorities amid increased federal pressure for law enforcement agencies to assist in immigration 
enforcement—an assertion echoed in scholarly work reflecting on increased police involvement 
in immigration enforcement (Cox & Miles, 2015; Vidales et al., 2009; Vishnuvajjala, 2012).  

This study contributes to a small, but growing body of research examining the impact of 
immigration enforcement on community engagement with police (Becerra et al., 2017; Cox & 
Miles, 2015; Messing et al., 2015; Theodore et al., 2013; Vidales et al., 2009). Prior work has 
used surveys of attitudes to establish correlates between immigration enforcement and individual 
willingness to report crime (Becerra et al., 2017; Messing et al., 2015; Theodore et al., 2013; 
Vidales et al., 2009). Recent studies have also explored crime reporting patterns in areas with 
growing immigrant populations (Gutierrez & Kirk, 2017) and large shares of undocumented 
immigrants (Comino et al., 2016). These studies highlight how crime reporting and engagement 
with police is inhibited in areas with sizeable immigrant and undocumented populations, but do 
not consider immigration enforcement as an influencing factor. One exception is a study by Cox 
and Miles (2015), that examined how the nationwide rollout of a local immigration enforcement 
program, called Secure Communities, affected the rate at which law enforcement agencies solve 
crimes—a job that often requires community willingness to assist in police investigations. They 
found little to no effect of the program on crime clearance rates. However, by using crime 
clearance rates—the rate at which charges are brought and prosecuted—measured effects likely 
confound intensified enforcement with criminal justice discretion, which unquestionably 
influences what crimes are prosecuted (e.g., law enforcement agencies present cases to 
prosecutors, prosecutors determine whether or not to file charges).  

In this study, we aim to understand how awareness of immigration enforcement affects 
people’s involvement with the police. To that end, we use a more comprehensive measure of 
contact with law enforcement—namely, calls for police service, which include reports of 
criminal incidents, as well as calls made to notify law enforcement of incidents not criminal in 
nature (e.g., reports of suspicious behavior, landlord/tenant disputes, nuisance complaints, traffic 
accidents). One advantage of this measure is that, unlike crime clearance rates, it is not clouded 
by discretionary decisions made throughout the criminal justice process. As such, it provides us 
with a more direct measure of community contact with police. Secondly, our interest is on 
immigration enforcement awareness. Hence, we work with proxies of immigration enforcement 
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awareness, as opposed to specific immigration policies. Ours is the first study to use a Google 
Trends proxy of public awareness about immigration enforcement to identify periods in which 
individuals may be more alert to ongoing policy changes and, thus, wary of engaging with law 
enforcement personnel they might associate with immigration authorities. Thirdly, we consider 
neighborhood-level ethnic and citizenship composition to better gauge the differential impacts of 
increased awareness about immigration enforcement across neighborhoods with a large share of 
Latino non-citizens—a group typically overrepresented among the undocumented population in 
the U.S.—relative to other neighborhoods, net of other commonly shared neighborhood traits. 
Importantly, this is all done within Los Angeles—a city home to a large share of undocumented 
immigrants and mixed status households (Hill & Hayes, 2015). Lastly, the analysis provides 
empirical evidence of reductions in crime reports cited by the LAPD during the period under 
consideration (Gorman, 2017), including those related to domestic violence.  

Using data on calls for service made to LAPD between January 2014 and December 2017, 
along with a Google Trends index constructed from data on immigration enforcement searches, 
we find that the volume of calls for service per 1,000 drops by 3 to 4 percent in LAPD reporting 
districts with a higher concentration of Latino non-citizens, relative to other reporting districts, 
when awareness about immigration enforcement is high. This finding proves robust to the use of 
alternative measures of immigration enforcement awareness, to changes in the group of districts 
classified as having a high concentration of Latino non-citizens, and to the grouping of calls for 
service at various frequencies (e.g. weekly, bi-weekly, or monthly). Placebo checks also confirm 
the distinct effect of immigration enforcement awareness on calls for service, and identification 
checks further validate our findings. We also find no evidence of a differential pre-trend in calls 
for service in districts with a higher concentration of Latino non-citizens, when compared to 
other districts, prior to President Trump’s candidacy announcement—a finding suggestive of the 
“chilling effect” of heightened enforcement awareness during a period of escalating anti-
immigrant political rhetoric, intensified border security, and stepped-up internal policing. 
Finally, our findings persist as we look more closely to specific types of calls for service 
particularly prone to underreporting, as is often the case with calls for domestic violence (Felson 
& Paré, 2005; Frieze & Browne, 1989).  

In sum, using an innovative measure of public awareness of immigration enforcement, we 
find suggestive evidence of how recent escalations in political anti-immigrant rhetoric and 
federal actions on immigration enforcement have had a “chilling effect” on calls for service to 
the police among Latino non-citizens in Los Angeles. These findings illustrate the toll that 
intensification of immigration enforcement is having on Latino immigrant communities and their 
level of engagement with law enforcement. Thus, they ratify concerns stressed by many law 
enforcement officials and highlight the need for policy measures that engage these increasingly 
alienated communities.   



 

38 
 

2.2 Contextual Background 

Federal legislation and executive actions over the past two decades have dramatically altered 
the scale and scope of immigration enforcement—creating a system that relies heavily on state 
and local law enforcement to identify, arrest, detain, and deport non-citizens. Federal laws 
passed in 1996 and 2001 introduced a new era of immigration enforcement, in which state and 
local criminal justice systems play a major role in the enforcement of federal immigration law. In 
the mid-2000s, restrictionist state and local laws began to take root, further fusing immigration 
enforcement with state and local law enforcement activities. These efforts were made possible 
through partnership programs, like 287(g) and Secure Communities, which deputized local law 
enforcement agencies to enforce federal immigration law.22 Over time, associations between 
local police and immigration enforcement expanded as the arrest, detainment, and deportation of 
non-citizens increased (Hagan et al., 2010). 

Immigration enforcement was propelled into public consciousness after the candidacy 
announcement of Donald Trump for president, which made immigration a contentious campaign 
centerpiece. Since assuming office, the president has delivered on anti-immigration campaign 
promises through executive orders and agency directives. To date, nationals from seven, mostly 
majority-Muslim, countries have been restricted entry into the U.S., refugee admissions have 
been reduced, temporary protected status for nationals from six different countries terminated,23 
interior arrests of undocumented immigrants scaled up, and “zero-tolerance” polices at the 
border have resulted in family separations and “crackdowns” on asylum claims (Levinson & 
Cooke, 2018; Pierce & Selee, 2017; Savage, 2018). The administration has used its executive 
power to target all unauthorized immigrants for deportation—diverging from earlier priorities 
that targeted convicted violent offenders—and mounted legal battles pressuring local law 
enforcement agencies to assist federal immigration authorities (Dickerson, 2017; Savage, 2017).  

Community disengagement with local law enforcement is cited by officials as a trade-off to 
heightened police involvement in immigration enforcement (Khashu, 2009). Cases of immigrants 

                                                 
22 The 287(g) program, referring to its section of the Immigration and Naturalization Act, was passed by Congress in 1996 and 
came into popular use in the mid-2000s by local law enforcement agencies interested in assisting federal immigration authorities 
in identifying and detaining immigrants suspected of violating federal immigration laws. The scope of each program varied 
depending on the terms agreed to by the local law enforcement agency and federal authorities, with some restricting police 
involvement to screening individuals after booking or in local jails, while others permitted local officers to apprehend individuals 
suspected of immigration violations encountered during routine policing activities. Secure Communities was implemented on a 
county-to-county basis in 2008, and rolled-out nationally in 2013. The data-sharing program integrated Federal Bureau of 
Investigation (FBI) criminal databases with Department of Homeland Security (DHS) immigration systems to allow for the 
instantaneous screening of fingerprint data to determine an arrestee’s legal status. Matches flagging non-citizens with deportable 
violations would generate a detainer request by the Immigration and Customs Enforcement Agency (ICE) for the local agency to 
hold the individual until transferred to federal authorities. Enforcement priority classifications were tempered in November 2014 
and the program’s name changed to the Priority Enforcement Program (PEP), but automatic fingerprint matching continues and 
priorities have expanded again under the current administration. 
23 At the time of this paper, the temporary protected status for foreign nationals from Haiti, Nicaragua, Sudan, Honduras, El 
Salvador, and Nepal had been terminated. 



 

39 
 

arrested and detained without warrants or following minor traffic offenses have been well-
documented and publicized (Capps et al., 2011). News of such events spread quickly. Police 
testimony, anecdotal reports, and empirical research suggest local police involvement in 
immigration enforcement can increase fear and mistrust, creating a “chilling effect” on 
immigrant crime reporting (Abrego, 2011; Burnett, 2017; Criminal Aliens Released by the 
Department of Homeland Security, 2016; Nguyen & Gill, 2016; Public Safety and Civil Rights 
Implications of State and Local Enforcement of Federal Immigration Laws, 2009; Theodore et 
al., 2013; Vidales et al., 2009; Vishnuvajjala, 2012).  

In the wake of enforcement escalations, many police chiefs and sheriffs from jurisdictions 
with sizeable immigrant communities have expressed concern that their involvement in 
immigration enforcement may jeopardize decades of advances in community policing, limiting 
resident willingness to contact the police, report crimes, or assist in police investigations 
(Burnett, 2017; Magnus, 2017). Los Angeles is home to 1.5 million immigrants—the 
overwhelming majority are Latino (59 percent), originating primarily from Mexico and Central 
America (U.S. Census Bureau, 2016b). Latinos represent nearly three quarters of non-citizen 
immigrants, and estimates put the number of undocumented at 300,000—roughly seven percent 
of the city’s population (Hill & Hayes, 2015; Passel & Cohn, 2017a). Los Angeles Mayor, Eric 
Garcetti, has expressed fear that arrests of immigrants by federal authorities could severely strain 
community-police relations and potentially trigger riots (Smith, 2017). The LAPD has directly 
challenged escalations in federal immigration enforcement, stressing the damage associations 
between police and immigration enforcement has on Latino willingness to engage with the police 
(Gorman, 2017). 

These fears originate in Los Angeles’ long and complicated history with Latino communities, 
which has been characterized by prominent periods of police brutality, racial profiling, and the 
misuse of immigration law (Maya, 2002). Prior to 1979, the LAPD required officers who 
encountered a person suspected of being in the U.S. without proper documentation to determine 
the individual’s status and notify immigration authorities, regardless of criminal involvement 
(Sklansky, 2001). Latino citizens, as well as both legal and undocumented immigrants in 
communities served by the LAPD, believed this requirement led to abuse, and prevented many 
from reporting crimes or assisting officers in criminal investigations. Recognizing the fallout, the 
LAPD adopted Special Order 40, which explicitly prohibited officers from “initiat[ing] police 
action with the objective of discovering the alien status of a person” or arresting individuals for 
“illegal entry” (Maya, 2002).  

Despite the codification of Special Order 40, allegations of officer involvement in 
immigration enforcement throughout the 1980s and 1990s were widespread and eventually 
documented (Sklansky, 2001). Public accounts of officers neglecting minority neighborhoods, 
over-patrolling Mexican-American communities, and neglecting the due process rights of 
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undocumented residents were pervasive (Maya, 2002). Officer violations occurred most notably 
during periods of social unrest—including the Los Angeles Riots of 1992—and were revealed 
during the Rampart Scandal later that decade, which exposed years of severe police misconduct 
targeting Mexican street gangs in predominately Latino neighborhoods.24  

The U.S. Department of Justice announced in 2000 that it had enough evidence to sue the 
city over the pattern and practice of police misconduct (Lann Lee, 2000). The city entered into a 
consent decree in 2001, promising to adopt scores of reforms overhauling the way it took 
complaints from residents, used confidential informants, ran gang units, investigated uses of 
force by officers, and audited itself (U.S. v. City of Los Angeles, 2001). Since then, the 
department has taken deliberate action to improve relations with immigrant and minority 
communities, and has reaffirmed its detachment from immigration enforcement (Arcos, 2017; 
Stone et al., 2009). Despite these efforts, wariness of law enforcement among minority and 
immigrant communities still runs high (Jennings et al., 2015). The LAPD has cited heightened 
immigration enforcement as a catalyst for growing mistrust among Latinos, reporting notable 
drops in crime reporting, specifically domestic violence and sex crimes (Gorman, 2017).  

2.3 Related Literature 

The present study builds on two literatures—one focused on why immigrants may be 
dissuaded to report crime, and another one concerned with the conditions under which police-
involvement in immigration enforcement impairs police-community relations.  

Existing work on immigrant attitudes toward law enforcement indicate several reasons why 
incidents may go unreported. Language and cultural differences can be a direct barrier to 
engagement with law enforcement (Culver, 2004; Davis, 1985; Pogrebin & Poole, 1990). If an 
individual does not have confidence her/his report will be taken seriously, s/he may be less likely 
to call or engage with the police.25 Additionally, experiences with law enforcement in one’s 
country of origin shape perceptions of law enforcement. If former experiences were negative, 
this may result in reluctance on the part of immigrants to engage with police (Menjívar & 

                                                 
24 Both, the LA Riots and Rampart Scandal were periods of heightened tension between the LAPD and immigrant/minority 
groups. In April 1992, following the acquittal of four LAPD officers accused of using excessive force in the beating of Rodney 
King, riots broke out throughout the city. They erupted first in South Los Angeles and soon spread to Pico-Union—a 
neighborhood that was, and still is, predominately Latino and home to immigrant families from Mexico and Central America. 
The Rampart Scandal in the late 1990s revealed that 70 officers in the Rampart Division anti-gang unit had participated in a wide 
array of illegal conduct, including shootings, beatings, framings, and perjury. This ultimately led to the dismissal of more than a 
hundred wrongful convictions and roughly $90 million in payments to settle civil law suits filed by victims of police misconduct, 
many of whom were young, poor, working-class African Americans or Latinos—some of whom were recent immigrants. 
25 More than a third of LAPD officers speak one or more languages other than English (Winton, 2008), and 911-operators have 
immediate access to translation service for most all languages. However, these resources may not be known to non-English 
speaking residents. 
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Bejarano, 2004; Pogrebin & Poole, 1990).26 Most importantly in the context of this paper, is the 
fact that personal or vicarious contact with police or immigration authorities perceived as unfair, 
discriminatory, or hostile, can result in the questioning of police legitimacy or worse, the 
perception of police as a threat (Davis & Henderson, 2003; Menjívar & Bejarano, 2004). This is 
especially relevant for immigrants without legal status, who may reasonably decide to not report 
crime or engage if they feel police are enforcing federal immigration law (Coutin, 2011).  

Prior research has used surveys on attitudes to establish correlates between concern regarding 
immigration enforcement and willingness to report crime to police (Becerra et al., 2017; Messing 
et al., 2015; Theodore et al., 2013; Vidales et al., 2009). Theodore et al. (2013) surveyed over 
2,000 Latinos living in four major counties with large Latino populations (Cook, Harris, Los 
Angeles, and Maricopa) in 2012 and asked them whether they were likely to contact the police if 
they were victims of a crime. Forty-four percent of surveyed Latinos reported they were less 
likely to call the police out of fear that the interaction would reveal their legal status or the status 
of people they know. These fears were more prevalent among undocumented immigrants 
surveyed (70 percent), but not confined to immigrants, with 28 percent of native-born Latinos 
reporting the same unwillingness to contact the police. Becerra et al. (2017) used the 2008 Pew 
Hispanic Center survey of 1,668 Latino adults (62 percent non-citizen), to examine the 
relationship between the degree to which respondents “worry that [they], a family member, or 
close friend could be deported” and their agreement with the following statement: “if [they] were 
the victim of a violent crime, would [they] call the police to report this.” Those with higher 
levels of deportation fear were significantly less likely to indicate they would call the police to 
report violent crime victimization. Messing et al. (2015) used the same survey and restricted 
their analysis to women. Like Becerra et al. (2017), they found that fear of deportation reduced 
willingness to report violent crime victimization, but extended their analysis to control for the 
respondent’s “confidence that police officers in [their] community will treat Latinos fairly.” The 
relationship between deportation fear and willingness to report victimization was no longer 
significant after controlling for respondents’ confidence in the police, suggesting that individual 
perceptions of police could offset enforcement-related deterrents to reporting crime. Vidales et 
al. (2009) surveyed a small purposive sample of 91 Latino residents living in a predominately 
Latino area on the westside of Costa Mesa, CA, before and after an unsubstantiated, but 
publicized controversy involving the deployment of federal immigration agents to local jails. 
Respondents were asked if they would “report to the police if [they] witnessed a robbery/act of 
vandalism/serious accident.” In a pre-post analysis, the authors found significant decreases in 
respondent willingness to report robbery and acts of vandalism following the controversy, but no 
change for serious accidents.  
                                                 
26 For example, in 2017, the public sector corruption index in Mexico—the country of origin of more than three quarters of 
Latinos in Los Angeles—sat at 29 out of 100 (where 0 indicates high corruption), tied with Russia and Honduras. Indices for 
Guatemala and El Salvador—two other major sending countries—were 33 and 28, respectively 
(https://www.transparency.org/news/feature/corruption_perceptions_index_2017). 

https://www.transparency.org/news/feature/corruption_perceptions_index_2017
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Overall, the aforementioned studies provide suggestive evidence of how the immigration 
enforcement environment may influence Latino and immigrant perceptions of police, but do not 
address the causal effect of immigration enforcement. Cox and Miles (2015) address the latter, 
focusing on one immigration enforcement initiative—namely, Secure Communities, a county-
level program that increased local law enforcement involvement in immigration enforcement. 
They examine how the program’s rollout influenced the rate at which crimes were cleared 
(charges brought and turned over to the court for prosecution).27 The authors note that crime 
clearance rates can serve as a proxy for community cooperation with police—as crimes tend to 
clear when residents participate in criminal investigations. Yet, they found no evidence that the 
program impacted clearance rates.  

Instead of examining the impact of specific immigration enforcement initiatives on the rate at 
which crimes are solved, we are interested in gauging how heightened public awareness about 
immigrant enforcement influences community calls for police service. At the end of the day, it 
may not be one particular policy that causes individuals to avoid contacting the police but, rather, 
the overall atmosphere created by a compendium of measures and the public’s perception of how 
those measures are being implemented by local/state police; as such, we consider general public 
awareness of immigration enforcement.  

Additionally, we focus on calls for police service. As noted earlier, prior studies have used 
measures such as crime clearance rates, which are susceptible to agency or jurisdictional 
procedures and norms influencing what arrests lead to charges, and which charges prosecutors 
decide to file with the court.28 In that regard, public calls for police service provide a preferable 
measure of voluntary contact with the police less susceptible to procedural omissions. Calls 
made to the police include those made to report crime, but also those requesting police assistance 
to settle disputes or resolve issues not necessarily criminal in nature, providing us with a better 
picture of community trust in the police.   

Finally, two studies have used the National Crime Victimization Survey (NCVS) to examine 
crime reporting behavior among individuals living in metro areas with large immigrant 
populations (Comino et al., 2016; Gutierrez & Kirk, 2017). Gutierrez and Kirk (2017) examined 
whether individuals living in metro areas experiencing immigrant growth are less likely to report 
crime to the police. They found that crime reporting is less frequent in areas with growing 
immigrant populations. Comino et al. (2016) found that crime reporting increased among 
Hispanics living in metro areas with large shares of immigrants applying for amnesty under the 

                                                 
27 Cox and Miles (2015) exploit the 2013 nationwide rollout of the program to predict changes in the rate at which crimes were 
cleared. The program is described in greater detail in footnote 1. 
28 After an arrest, law enforcement agencies present information about the case and about the accused to the prosecutor, who will 
decide if formal charges will be filed with the court. If no charges are filed, the accused must be released. The prosecutor can also 
drop charge after making efforts to prosecute (Schlesinger & Zawitz, 1988).  
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1986 immigration law.29 The study estimated that the rate of crime reporting tripled among likely 
undocumented Hispanics after gaining legal status. Overall, these studies provide evidence that 
immigrant composition plays a role in explaining geographic variation in police engagement, and 
that immigrant legal status may help explain this variation. However, they do not address the 
potential role of immigration enforcement awareness in the community’s voluntary engagement 
with police.    

In sum, little is known about the impact of heightened public awareness about immigration 
enforcement on crime reporting or cooperation with the police in Latino immigrant communities. 
The present study addresses that gap in the literature in various ways. First, we consider a 
broader, more comprehensive measure of voluntary contact with law enforcement than criminal 
clearance rates or crime reporting—namely, calls for police service. Calls for service are not 
contingent on crime reporting, even if that tends to be a common motive. Secondly, we consider 
the impact of public awareness about immigration enforcement, rather than the implementation 
of a specific policy. To that end, we construct a Google Trends proxy of public awareness to 
identify periods in which individuals may be more alert to immigration enforcement. To our 
knowledge, this is the first study constructing such a proxy. Finally, we consider both 
neighborhood-level ethnicity and citizenship characteristics in our analysis. Existing research on 
immigration enforcement has considered ethnicity, but not immigrant status as a factor 
influencing reporting behavior. Latinos represent nearly three quarters of Los Angeles’ non-
citizen immigrants, and estimates put the number of undocumented at 300,000—roughly 7 
percent of the city’s population (Hill & Hayes, 2015). We rely on geo-processing techniques to 
estimate the demographic composition of LAPD reporting districts in order to determine if calls 
for police service decreased in neighborhoods with a large share of Latino non-citizens—a group 
overrepresented among the undocumented population in the U.S. and more likely to harbor fears 
related to immigration enforcement.  

2.4 Data 

Our main objective is to explore the impact of public awareness about immigration 
enforcement on calls for service in predominantly Latino non-citizen neighborhoods. We make 
use of three data sources: (1) LAPD data on calls for police service dispatched to LAPD patrols 
between January 5, 2014 and December 31, 2017; (2) Google Trends indices measuring the 
relative volume of online searches related to immigration enforcement in Los Angeles over that 
period; and (3) American Community Survey neighborhood-level population estimates. The 

                                                 
29 The 1986 U.S. Immigration Reform and Control Act (IRCA) provided legal status to undocumented immigrants that entered 
the country before 1982 and lived continuously in the U.S. with a clean criminal record. 
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latter, along with historical LAPD crime rates, are used to control for confounding characteristics 
associated with calls for service. In what follows, we discuss each data source.   

2.4.1 LAPD Calls for Service 

Public calls to police remain the most efficient source of information exchange between the 
police and the public (Kessler, 1993). The police are called to assist in many kinds of disputes. 
Interpersonal disputes make up a significant proportion of calls for service received by police in 
all jurisdictions (Hirschel et al., 1994). We are interested in all calls made to the police, as this 
activity signals resident willingness to engage with law enforcement to voluntarily report crime 
or suspicious activity, or to request police mediation to assist in other disputes.  

We focus on calls made during a narrow time window surrounding the 2016 presidential 
election. This was a period that featured significant increases in the number of deportations 
during the final years of the Obama presidency, anti-immigrant positions taken during the 2016 
presidential campaign, the election of Donald Trump, and actions taken by the Trump 
administration in its first year. We retrieve the universe of calls for service placed between 
January 5, 2014 and December 31, 2017—reported by the LAPD and shared on the city’s open 
data webpage.30 The LAPD reports information on the date and time of each call, the reporting 
district (“district”) where the call was dispatched, and the radio signal codes sent to patrolling 
officers with information on the incident reported.31  

Radio codes and call type descriptions allow us to exclude internal police calls (e.g., back-up 
requests, field investigations) and automatically generated calls (e.g., security alarms). We also 
removed districts with small resident populations, resulting in a final dataset consisting of 
3,229,025 calls.32 Calls are collapsed at the week and district level (N=231,920), and grouped 
into two categories: total calls and domestic violence calls.33 Total calls include those made to 
report violent crimes and property crimes, as well as reports of suspicious activities, public 
disturbances and nuisances, landlord/tenant disputes, among others. Domestic violence calls 
made up roughly five percent of total calls (N=182,074), and consisted of calls classified as such 
by the radio dispatcher.34  

                                                 
30 Retrieved from https://data.lacity.org/ on February 10, 2018. 
31 We are only able to identify the district where the incident occurred—not the address where the call originated. While 
information on the caller would provide a clearer understanding of non-citizen Latino reporting behavior, the district is the 
narrowest unit available and, as such, is our primary unit of analysis. Call type classifications were made using information 
provided in the LAPD Manual (http://www.lapdonline.org/lapd_manual/), and our review of the 614 different call type 
descriptions. We exclude calls with internal police call radio codes. While there can be some non-residential calls in the data, the 
most frequent call types can be identified as resident calls. 
32 We excluded districts with less than 300 residents per square mile. This included 20 districts near LAX, Griffith Park, Hansen 
Dam, Dodger Stadium, Sepulveda Basin, near freeways and more industrial areas of the city. 
33 Analytic file included 208 weeks for 1,115 LAPD districts. 
34 We identified domestic violence calls as those with “DOM VIOL” in the abbreviated call type description field, which coincide 
with radio codes tagged with a “D” to denote the report pertained to domestic violence. Over 93 percent of domestic violence 
calls were classified as one of the following: domestic violence (radio code 620D); battery domestic violence (242D); domestic 

https://data.lacity.org/
http://www.lapdonline.org/lapd_manual/
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We use calls for police service as a proxy of community engagement with the police. At this 
juncture, it is worth noting that a shortcoming of using police calls for service is the inability to 
distinguish if a reduction in calls is driven by a drop in criminal activities in Latino non-citizen 
districts for fear of coming in contact with the police during a period of heightened immigration 
enforcement or, alternatively, to a decrease in criminal reporting in such districts. To address that 
challenge, we explore the response of other district trends in criminal activity less likely to go 
unreported to increased awareness of immigration enforcement. These additional checks are 
described in detail in Appendix A.  

2.4.2 Google Trends Index to Proxy for Public Immigration Enforcement Awareness 

To capture citywide public awareness of immigration enforcement, we use Google search 
data to create an index of the relative volume of online searches related to the Immigration and 
Customs Enforcement Agency (ICE). Search indices have been increasingly used by social 
scientists to measure issue salience (Mellon, 2014) and public attitudes (Stephens-Davidowitz, 
2014). Early attempts at validating these indices suggest their overlap with traditional public 
opinion polls for certain topics including immigration (Mellon, 2014), and may reveal socially 
sensitive attitudes that traditional surveys struggle to capture (Stephens-Davidowitz, 2014).  

Google Trends analyzes web queries made from the Google search engine and measures the 
relative volume of queries for different search terms or topics that can be narrowed to those made 
from a particular geographic area.35 Google Trends data are not given in absolute volumes. 
Rather, they are indexed to the highest observed search volume in a given week, which is set to 
100.36 Consequently, it is not possible to ascertain the frequency of searches that took place at 
any given time, but only how the relative volume of searches has changed over time in a 
particular location.  

Our period of analysis featured increased national awareness about immigration enforcement, 
as well as public calls for heightened enforcement and executive actions intensifying interior 
efforts to identify, apprehend, and deport immigrants in the country without proper 
documentation. Nearly 86 percent of residents in Los Angeles County have internet access (U.S. 

                                                                                                                                                             
violence restraining order violation (620DR); battery domestic violence suspected (242DS); or domestic assault with a deadly 
weapon (245D). Where abbreviated descriptions were not clear, we used an online flashcard resource posted by a retired-LAPD 
officer matching radio broadcasts with associated incidents (https://quizlet.com/133744192/lapd-incident-types-and-associated-
broadcasts-flash-cards/). 
35 The geographic area of the search is narrowed based on computer IP-address. The use of a virtual private network (VPN) can 
disguise IP-address locations, which would throw off the geolocation accuracy of Google Trends results. The U.S. has one of the 
lowest VPN usage rates in the world (https://www.globalwebindex.net/reports/vpn-usage-around-the-world). We assume the use 
of VPN software is relatively low when performing personal internet queries, and as such, does not compromise the 
representativeness of our city-level search results. 
36 The Google Trends index is a relative measure of search interest that ranges from 0 to 100. The index for the week with the 
highest search volume in the user-specified time period takes a value of 100 and scales values relative to this top week. For 
instance, a weekly index of 25 indicates that the volume of online queries for the search term or topic were 25 percent what they 
were the week with the largest number of queries. 

https://quizlet.com/133744192/lapd-incident-types-and-associated-broadcasts-flash-cards/
https://quizlet.com/133744192/lapd-incident-types-and-associated-broadcasts-flash-cards/
https://www.globalwebindex.net/reports/vpn-usage-around-the-world
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Census Bureau, 2016a), and over our study period the overwhelming majority (87 percent) of 
online searches were made from the Google search engine (StatCounter, 2018). Google uses a 
random sampling routine to produce the Google Trends index (“GT index”). We collected 
repeated measures of the GT index for searches made from Los Angeles related to the topic of 
“U.S. Immigration and Customs Enforcement Agency” over our study period.37 To account for 
variability in the sampling process, we use the mean of 65 GT indices pulled between May 22, 
2018 and July 1, 2018. We use the variation in the GT index over our study period to proxy 
resident awareness of immigration enforcement. We examine the related topics and queries 
captured with this search strategy, and compare their relevance to alternative search strategies.38  

It is worth noting that our search cannot exhaustively capture all online queries that could 
potentially signal increased awareness of immigration enforcement. Additionally, the GT index 
may not be representative of searches performed by Latino non-citizens, as this population may 
have less access to the devices and services needed to readily conduct online searches. However, 
our key independent variable serves as an adequate proxy of city-wide awareness about 
immigration enforcement, which intensified during periods of increased interior immigration 
enforcement under the Obama administration and, more markedly, during the first year of the 
Trump presidency. Our validation test (see Appendix B) suggests this city-wide index is an 
accurate measure of Latino non-citizen awareness over the study period. 

We use this GT index to construct our proxy for public awareness about immigration 

enforcement, which is defined as the ratio of searches made in week  relative to the searches 
made in the week with the greatest search volume, that is:  

(1)  	 #	 	 	 	 	

#	 	 	 	 	 	 	 	 	
	 	100	 

The GT index was at its highest the week of February 12, 2017—a period that followed ICE 
raids in Southern California, which sparked widespread reports of police checkpoints and 
nonexistent raids aimed at deporting non-citizens (Rubin et al., 2017). Figure 2.1 plots the 
weekly variation in the GT index, and denotes with vertical lines weeks when searches were in 
the 90th percentile of those made during the study period.   

                                                 
37 Google Trends’ algorithms can classify many different search queries that may relate to the same topic. It uses semantics of the 
search to group queries together that share the same concept in any language. The topic “U.S. Immigration and Customs 
Enforcement Agency” produced an index that included search queries related to immigration enforcement (e.g., “ICE”, 
“immigration agency”, “redadas de ice”, “police ice,” “servicio de inmigratión y control de aduanas de los estados unidos”, “ice 
raids,” “ice enforcement”, “ice arrests”, “homeland security investigations”). 
38 All related queries and topics were in line with the topic of immigration enforcement. We experimented with a composite of 
four validated terms pertaining to immigration enforcement, and compared the output with alternative search strategies. More 
detail can be found in the Appendix B. 
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Figure 2.1: Temporal Variation in Immigration Awareness over Time 

 

2.4.3 District-level Demographic and Socioeconomic Characteristics 

We use neighborhood-level data from the U.S. Census Bureau to estimate the share of Latino 
non-citizens in each district. LAPD historical crime rates and demographic and socioeconomic 
characteristics are used to control for confounding characteristics associated with calls for 
service.  

Historical data on crime incidents in the year prior to our study period are retrieved from the 
city’s open data webpage.39 LAPD-reported counts of non-traffic-related incidents of crime for 
the 2013 calendar year are used to construct a historical crime per capita figure for each district, 
which is used to serve as a baseline control for criminal trends.  

The U.S. Census Bureau annually samples over 3.5 million households across the country to 
participate in the American Community Survey (ACS), designed to provide estimates of average 
household characteristics.40 The ACS 5-year estimates produce reliable and current measures of 
socioeconomic and demographic characteristics for small geographic areas (populations less than 
20,000) and over 60 months (e.g., 2013 ACS estimates are derived from data collected monthly 
from January 2009 through December 2013). LAPD does not report district-level population 
characteristics, and district geographies do not map directly onto Census boundaries. Because 

                                                 
39 Retrieved from https://data.lacity.org/ on March 1, 2018.  
40 The ACS collects survey information continuously nearly every day of the year and aggregates the results over a specific time-
period. The data collection is spread evenly across the entire period to avoid the over-representation of any particular month or 
year. 

https://data.lacity.org/
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census tracts and districts have different geographic boundaries, we use spatial interpolation to 
rearrange tracts to match the district unit of analysis. 

Geospatial vector data outlining the geographic boundaries of LAPD’s 1,135 districts are 
uploaded to ArcGIS, alongside vector data for census tracts.41 Geometric intersections are 
calculated for each district, producing output totaling the square-mile of census tract overlap. 
These values are exported to STATA to create weights that represent the census tract 
composition of each district.42 District-level demographic characteristics are then created by 
taking the weighted average of the census tract demographic and socioeconomic characteristics 
outlined in Table 2.1 for each district. 
 

Table 2.1: District-level Demographic and Socioeconomic Characteristics 

Characteristics   Variables  

Historical crime rate  Crime incidents per 1,000 population, 2013 

   
Ethnicity and immigrant statusǂ % of the population that are non-citizen and Hispanic or Latino, 2014-2017 

  
% of the population that are citizen and white non-Hispanic or Latino, 2014-
2017 

   
Income Median annual household income ($), 2014-2017 
   
Poverty % of the population living below the federal poverty level, 2014-2017 
   
Employment  % of the population unemployed, 2014-2017 
   
Education % of the population age 25-64 with a bachelor's degree or more, 2014-2017 

% of the population age 25-64 without a HS degree (or equivalent), 2014-2017 
   
Age % of the population over 65, 2014-2017 

% of the population under 18, 2014-2017 

Source: Historical crime rates reflect incidents of crime in 2013 for each LAPD district as transcribed from original LAPD crime 
reports (retrieved from https://catalog.data.gov/dataset/crime-data-from-2010-to-present). Census tract-level characteristics are 
sourced from ACS 5-year estimates for years 2014-2016 (2010-14, 2011-15, 2012-16) and geo-processing tools used to derive 
estimates for each district. We impute 2017 figures (which were not available when this study was completed) using 2016 estimates. 
ǂ The ACS asks respondents to indicate whether they are of “Hispanic or Latino” origin. In Los Angeles, more than 96 percent of 
those of Hispanic or Latino origin were of Latin American descent. As such, we use the shortened “Latino” description in this 
paper. 

 

                                                 
41 Shapefiles were retrieved from the LA Times data repository (http://boundaries.latimes.com/set/lapd-reporting-districts/) as 
provided by the LAPD. The LAPD patrol area encompassed 1,166 unique census tracts.  
42 A limitation to this approach is that the degree of overlap assumes even population distribution across a census tract. Our 
weights reflect the tract proportion in each district. If 50 percent of a district fell into a tract with a population of 1,000, the 
population share from that tract would be 5,000. If households were unevenly dispersed, for example, concentrated outside the 
segment overlapping the district, the population allocated to the district would be inflated. This is a limitation inherent in most 
geographic aggregates of household characteristics. There may be nuance block-by-block, but that nuance is concealed when 
aggregated across larger geographic units. 

https://catalog.data.gov/dataset/crime-data-from-2010-to-present
http://boundaries.latimes.com/set/lapd-reporting-districts/
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Figure 2.2 shows the geographic variation in Latino immigrant populations by district, with a 
higher concentration in areas south and east of downtown Los Angeles—in the Hollenbeck, 
Newton, and Northeast LAPD division areas, and in the eastern portion of the San Fernando 
Valley—in the Mission and Foothill divisions. These areas overlap with neighborhoods 
characterized by higher rates of unemployment, more households living below the poverty line, 
lower education levels, and younger populations.  

Figure 2.2: Geographic Variation in Latino Non-Citizen Population (2013) 

 

2.5 Methodology 

To examine the relationship between heightened public awareness of immigration 
enforcement and calls to the police in predominately Latino non-citizen districts, relative to other 
districts, we use the following benchmark specification:  

(2) , , ∗ 	 , 	 ∗

′ , ,  
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where y ,  is the number of calls per 1,000 population dispatched to district  in week . 

, 	is a dummy variable indicative of a district with a population share of Latino non-

citizens in the 75th percentile in a given year.43 The vector 	  is a dummy 
variable equal to 1 if the GT index (defined in Eq. 1 above) is high, as captured by a weekly GT 
index in the 90th percentile across the study period. Note that it is not listed as a separate 

regressor in Eq. 2 since it is collinear with the temporal fixed-effects ( ).44  

We include a number of controls. First, we account for district differences in crime rates. To 
address reverse causality concerns, we use historical crime rates—namely, the number of crime 
incidents per 1,000 prior to the start of our sample period, that is, in 2013. To allow for changes 
at the district level over time, we interact this variable with a time trend.45 Next, we include the 

time-varying district-level vector , , which incorporates a number of characteristics known 

to be correlated with calls for service (e.g., the district’s population composition in terms of age 
and educational attainment; as well as the district’s unemployment rate, median household 
income, and population share living in poverty). These are available on a yearly basis. Finally, 

we include geographic ( ) and temporal ( ) fixed-effects that allow us to account for 

unobserved and time-invariant district-specific and temporal characteristics related to calls for 
service, such as residing in an economically depressed district, as well as the occurrence of 
specific criminal incidents in a given week. Standard errors are clustered at the district level. 

Our coefficient of interest is , which captures changes in the volume of LAPD calls for 
service per 1,000 in districts with a high concentration of Latino non-citizens, relative to other 
districts, when awareness about immigration enforcement reached the 90th percentile threshold 
noted above. Our identification strategy exploits the temporal and geographic variation shown in 
Figures 1 and 2. Specifically, Figure 2.1 charts the weekly-variation in the GT index and our 
high awareness proxy, which indicates the weeks where the GT index was in the 90th percentile. 
It is clear from Figure 2.1 that the index spikes during the Trump Administration period, and our 
high awareness indicator turns on only after January 2016. This drastic change allows us to 
delineate a clear change in policy and anti-immigrant animus. In addition, Figure 2.2 shows a 
map of the LAPD reporting area with district-level variation in the share of Latino non-citizens 
in 2014. As can be seen, there is clear variation in the share of Latino non-citizens, which we 
exploit to classify districts as Latino non-citizen districts and other districts in a given year—
depending on whether the share of Latino non-citizens is above or below the 75th percentile.  

                                                 
43 This indicator captured districts with non-citizen Latino population shares near 24 percent and above, depending on the year. 
We use this measure for interpretation convenience; similar findings are obtained using the share of non-citizen Latinos in the 
district.  
44 In subsequent robustness checks, we experiment with other thresholds, such as the 75th percentile, as well as with using a 
different GT index to create the high awareness dummy or the index in Eq. 1, as opposed to the dichotomous variable.  
45 The trend is computed according to the level at which calls for police service are collapsed—namely, weekly, bi-weekly, or 
monthly.  
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As part of our analysis, we conduct a number of identification and robustness checks to 
assess the validity of our findings. First, we address any concerns regarding the potential 
endogenous nature of online searches on immigration enforcement with regards to calls for 
police service. For example, the presence of police responding to calls reporting criminal activity 
in Latino non-citizen districts may spark concern that motivates immigration enforcement-related 
online searches. The latter would result in upward biased OLS estimates of the impact of 
heightened immigration enforcement awareness on calls for service. Alternatively, immigrants 
may choose to reside in districts with fewer calls for police service (e.g., presumably, districts 
with lower levels of crime), especially during periods of heightened awareness of immigration 
enforcement, resulting in downward biased OLS estimates. To help us assess the degree to which 
the OLS estimates might be biased, we experiment with using an instrumental variable (IV) 
estimation approach.  

Next, we perform a number of robustness checks. First, we group LAPD calls for service at 
different frequencies, including: weekly, bi-weekly and monthly, to assess the robustness of our 
findings to changes in the definition of our dependent variable. Second, we experiment with 
using an alternative threshold to classify weeks of high public awareness of immigration 
enforcement using the high awareness dummy. Third, we experiment with an alternative high 
awareness dummy—one that relies on different GT index constructed from different validated 
search terms. Fourth, instead of the easier to interpret dichotomous variable indicative of high 
immigration awareness, we re-estimate the models using the continuous measure of immigration 
enforcement awareness—that is, the GT index in Eq. 1. Finally, we perform two placebo checks 
to corroborate the nonrandom nature of our findings. In the first check, we perform the same 
analysis outlined in Eq. 2, but replace our high awareness indicator with a placebo indicator 
constructed from a Google Trends topic search on “Recipes.” We would not expect to find 
evidence of a statistically significant impact of the placebo GT index on calls for service. In a 
second placebo check, we identify districts whose calls for service should not be expected to 
decline with increased public awareness of immigration enforcement, as would be the case with 
districts with a high share of non-Hispanic white citizens (in the 75th percentile). We swap the 
Latino non-citizen district dummy in Eq. 2 for this placebo dummy. Other things equal, we 
would not expect reductions in calls for police service in these districts as public awareness 
about immigration enforcement grows high. As we shall discuss, the results prove to be 
consistently robust. 

Subsequently, as a heterogeneity exercise, we explore how public awareness of immigration 
enforcement impacts calls related to domestic violence—incidents more likely to go unreported 
(Felson & Paré, 2005; Frieze & Browne, 1989). Specifically, we assess if heightened public 
awareness of immigration enforcement impacts domestic violence calls differently in districts 
with a higher share of Latino non-citizens compared to other districts.   
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To conclude, we frame our findings in the current political environment. To that end, we 
exploit the clear uptick in public awareness of immigration enforcement in the final year of our 
study period (Figure 2.1). Weeks with awareness indices in the 90th percentile occur after the 
candidacy announcement of Donald Trump, and all but one followed his inauguration on January 
21, 2017. Cognizant of the clear overlap between increased public awareness of immigration 
enforcement and the political campaigning and later presidency of Donald Trump, we look at the 
structural break in calls for service marked by his candidacy announcement. Specifically, we 
assess if, as contended by police departments (Gorman, 2017), there has been a clear reduction in 
police contact in districts with a higher share of Latino non-citizens, relative to other districts, 
following his candidacy announcement; and, in the latter case, if district differences in call trends 
did not predate his candidacy announcement.  

2.6 Results 

2.6.1 Descriptive Characteristics 

Table 2.2 displays some basic descriptive statistics for the entire sample, as well as according 
to whether the district is one with a share of Latino non-citizens in the 75th percentile in Los 
Angeles—what we refer to as a Latino non-citizen district. For the purpose of the study, these are 
districts where Latino non-citizens represent in excess of 24 percent of the population. Based on 
this grouping, a quarter of districts are classified as Latino non-citizen districts. Their average 
share of Latino non-citizens hovers around 32 percent, relative to the average of 9 percent in 
other districts.  
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Table 2.2: Sample Descriptive Statistics 
Samples All Latino Non-citizen Districts Other Districts 
Descriptive Statistics Mean S.D. Mean S.D. Mean S.D. 
Percent of Latino non-citizens 15.464 12.323 31.521 6.469 9.402 7.702 
Latino non-citizen district (share in 75th pctl) 0.274 0.446 1.000 0.000 0.000 0.000 
Google Trends index in 90th percentile 0.101 0.302 0.101 0.302 0.101 0.302 
Google Trends index 6.856 9.138 6.856 9.138 6.856 9.138 
Crime rate per 1,000 in base year (2013) 48.385 36.707 51.181 32.009 47.330 38.278 
Percent under 18 21.753 7.525 28.163 5.041 19.333 6.858 
Percent over 65 11.253 5.345 7.529 2.611 12.658 5.437 
Percent without a high-school degree 24.632 18.342 46.665 9.896 16.313 13.190 
Percent with college degree 31.052 22.399 10.679 6.495 38.745 21.432 
Percent unemployed 10.390 4.663 11.984 3.596 9.788 4.874 
Median household income 55,708 29,569 33,766 8,147 63,993 30,479 
Percent families at or below FPL 21.897 13.387 34.165 9.241 17.264 11.677 
       
Observations 231,920 58,292 173,628 
Notes: The GT index is a city-wide measure; as such, it does not vary across districts.  
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Of particular interest to us is the GT index, detailed in Eq. 1, which averaged close to 7 for 
the period under examination. In other words, the average intensity of searches in the city 
averaged 0.07—7 percent of the searches made in the week with the highest search intensity. As 
noted earlier, we construct a simpler to interpret dummy indicative of heightened public 
awareness about immigration enforcement, as captured by an GT index in the 90th percentile in 
our sample; although, in robustness checks, we experiment with alternative measures.  

Finally, Table 2.2 shows some basic descriptive statistics for variables likely correlated to 
calls for police service, as would be the case with crime rates. Historical crime rates—namely, 
the number of crime incidents per 1,000 prior to the start of our sample period, in 2013, averaged 
48. They were somewhat higher in Latino non-citizen districts—those with a share of Latino 
non-citizens above the 75th percentile in our sample, than in other districts. The two types of 
districts also differ with regards to their population composition. The share of individuals 18 
years of age or younger is greater in districts with a higher concentration of Latino non-citizens 
(averaging 28 percent) than in other districts (where the average is about 19 percent). The 
opposite is true with regards to the elderly share. The share aged 65 and above is close to 8 
percent in the Latino non-citizen district category, relative to 13 percent in the remaining 
districts. Education wise, the share of individuals without a high school degree (or GED 
equivalent) averages 47 percent in districts with a relatively high concentration of Latino non-
citizens, but drops to 16 percent for other districts. The opposite is true when we look at the share 
of individuals with a college degree—averaging 11 percent in Latino non-citizen districts and a 
significantly larger 39 percent in the remaining districts. Finally, while unemployment rates are 
not as different in the two types of districts considered, there are large differences in median 
household income and poverty exposure. Median annual household income averages $34,000 in 
districts with a higher concentration of Latino non-citizens, where poverty rates hover around 34 
percent. In contrast, median household incomes in other districts are almost double, averaging 
$64,000. Not surprisingly, poverty rates are also significantly lower, averaging 17 percent over 
the period examined. In sum, the descriptive statistics in Table 2.2 underscore some important 
district differences that will need to be accounted for in our analysis.  

To motivate the econometric analysis, Figure 2.3 provides a glimpse of how weekly calls for 
service changed along with immigration enforcement awareness (GT index described in Eq. 1) in 
predominately Latino non-citizen districts when compared to other districts in the LAPD 
reporting area. Each dot represents the average calls per 1,000 in a particular week during the 
2014 through 2017 period across the two types of districts. As can be seen, the volume of weekly 
calls per 1,000 trended upwards, along with immigration enforcement awareness, in districts 
with a lower share of Latino non-citizens. However, the slope between calls for service and 
immigration enforcement awareness seemed only slightly positive in predominately Latino non-
citizen districts.  
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Figure 2.3: Weekly LAPD Calls for Service by Immigration Awareness and District Type 

Notes: Each dot on the graphs shows the mean number of LAPD Calls for Service per capita according to the level of 
immigration enforcement awareness, as measured by the Google Trends index, and according to whether the district has a 
high share of Latino non-citizens—one with a share of Latino non-citizens in the 75th percentile.   

In what follows, we assess if the descriptive evidence offered by Figure 2.3 prevails once we 
account for the many differences across districts with a higher, versus lower, concentration of 
Latino non-citizens seen in Table 2.2, as well as other unobserved time-invariant district and 
week specific features that could potentially impact the volume of calls for service.    

2.6.2 Main Findings 

Our primary goal is to learn how heightened public awareness about immigration 
enforcement, as captured by a relatively high volume of immigration enforcement-related online 
searches in the city, impacts calls for police service in districts with a higher concentration of 
Latino non-citizens—a group typically overrepresented among the undocumented population in 
the U.S.—relative to the volume of calls for service in other districts.  

 To that end, we estimate Eq. 2 using two basic model specifications: (1) a baseline 
specification that models calls for service within a district over a unit of time (e.g. week), 
excluding all other time-varying district-level controls; and (2) a full model specification that 
incorporates all time-varying district-level controls. In addition, as a first robustness check, we 
experiment with grouping calls for service at various frequencies, including bi-weekly and 
monthly.  

The results from this exercise are shown in Table 2.3. As can be seen therein, the estimates 
are quite robust to the inclusion of a district-level crime trend or additional time-varying district-
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level regressors. Hence, in what follows, we focus our attention on the full model specification. 
Additionally, regardless of the frequency at which we group calls, the volume of calls for service 
per 1,000 drops significantly by 3 to 4 percent in Latino non-citizen districts,46 relative to other 
districts, when immigration enforcement awareness is relatively high—that is, when it is in the 
90th percentile of the GT index. This effect is non-negligible when compared to the impact of 
other statistically significant regressors. For instance, a 3 percentage point increase in the share 
of the population under 18 years of age (raising the average share of that demographic from 22 to 
25 percent) lowers the volume of weekly calls for service per 1,000 by 1.8 percent, and a similar 
increase in the share of 65+ year-olds (raising its average share from 11 to 14 percent) increases 
it by 2.7 percent. Finally, as we would expect, the results also underscore how districts with 
higher criminal trends receive an increasing volume of calls for service.  

                                                 
46 The impact is computed as: [ 	 ∗ 100 / 	 . 
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Table 2.3: Regression-based Estimates of LAPD Calls for Service per 1,000 Inhabitants by Immigration Enforcement Awareness and 
District Type 

Temporal Groupings of LAPD Calls for Service Using Weekly Data Using Bi-weekly Data Using Monthly Data 
Model Specification Baseline Full Baseline Full Baseline Full 
Latino non-citizen district*High IE awareness  -0.124** -0.143** -0.231** -0.269** -0.500** 0.567** 
  (0.034) (0.035) (0.066) (0.069) (0.127) (0.132) 
Latino non-citizen district (share in 75th pctl) -0.096 -0.096 -0.192 -0.192 -0.378 -0.376 
 (0.061) (0.065) (0.122) (0.130) (0.243) (0.259) 
Crime trend  7.79e-05**  3.11e-04**  0.001** 
  (1.54e-5)  (6.18e-05)  (2.47e-04) 
Percent under 18  -0.023*  -0.045*  -0.091* 
  (0.009)  (0.018)  (0.036) 
Percent over 65  0.035**  0.070**  0.140** 
  (0.010)  (0.020)  (0.040) 
Percent high-school graduate or higher  0.004  0.007  0.015 
  (0.004)  (0.008)  (0.016) 
Percent with college degree  0.002  0.003  0.007 
  (0.003)  (0.005)  (0.011) 
Percent unemployed  -0.008  -0.016  -0.032 
  (0.005)  (0.010)  (0.020) 
Median household income  -3.72e-07  -7.39e-07  -1.56e-06 
  (1.62e-06)  (3.25e-06)  (6.50e-06) 
Percent families at or below FPL  -0.001  -0.001  -0.003 
  (0.005)  (0.010)  (0.019) 
Time-Varying District-Level Controls N Y N Y N Y 
Time (Year, Month, Week) Fixed-Effects Y Y Y Y Y Y 
District Fixed-Effects Y Y Y Y Y Y 
       
Observations 231,920 231,920 115,960 115,960 57,980 57,980 
R-squared 0.817 0.819 0.882 0.885 0.921 0.924 
Dependent Variable Mean  3.931 7.861 15.722 

Notes: All regressions include a constant term.  In addition, the crime rate is interacted with a week, bi-week, or monthly trend, depending on the level at 
which the calls data are being collapsed for the analysis.  Standard errors are clustered at the district level and shown in parentheses.   
** p<0.01, * p<0.05, + p<0.1 
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In sum, the estimates in Table 2.3 support the hypothesis that high public awareness about 
immigration enforcement might be restraining calls for service in districts with a greater 
concentration of Latino non-citizens—districts with a potentially higher share of immigrants 
fearful of intensified immigration enforcement.  

2.6.3 Identification  

Our empirical strategy relies on the assumption that awareness of immigration 
enforcement—as measured by a GT index in the 90th percentile—is exogenous to calls made for 
police service. It is possible, however, that calls for police service increase when criminal 
activity is high, which in turn could raise immigration enforcement-related fear in immigrant 
communities and result in increased awareness about immigration enforcement. In that case, our 
OLS estimates would be biased upwards. Alternatively, if immigrants choose to reside in safer 
districts (possibly districts with fewer calls for police service) during periods of heightened 
awareness of immigration enforcement, our estimates might be biased downwards. To address 
the potential endogeneity of the GT index used to construct our indicator of high awareness with 
our outcome variable—calls for service, we experiment with an instrumental variable (IV) 
estimation approach.  

A good instrument needs to be correlated with high awareness, but uncorrelated with calls 
for police service. Because our high awareness proxy is derived from searches made from the 
Google online searches, it should be correlated to the popularity of Google as a search engine. 
Hence, we experiment with using Google’s share of the U.S. search engine market as our 
instrumental variable.47 Market shares reflect the proportion of total page views referred to by a 
search engine, and provide a barometer of the popular use.48 As such, Google’s market share 
should be related to our public awareness indicator, but have no immediate connection to calls 
for police service. 
  

                                                 
47 U.S. market shares are calculated from a random sample of approximately 2.7 billion page views as the proportion of overall 
page views referred by different search engines. Weekly search engine market share statistics were obtained from StatCounter, a 
web analytics service that provides independent, unbiased statistics on internet usage trends. Retrieved from 
http://gs.statcounter.com/search-engine-market-share/all/united-states-of-america 
48 Google dominates the market; over our study period, its market share averaged 87 percent, ranging from 78 percent to 89 
percent, with the nearest competitors Bing and Yahoo! capturing approximately 12 percent. 

http://gs.statcounter.com/search-engine-market-share/all/united-states-of-america
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Table 2.4: Addressing Endogeneity Concerns: Instrumental Variable Estimates 
Temporal Groupings of LAPD Calls for Service Using Weekly Data Using Bi-weekly Data Using Monthly Data 

Latino non-citizen district*High IE awareness  -1.248** -2.537** -5.030** 
  (0.190) (0.386) (0.770) 

High IE awareness -0.755** -1.650** -3.290** 
 (0.264) (0.556) (1.097) 
    
Time-Varying District-Level Controls Y Y Y 
Time (Year, Month, Week) Fixed-Effects Y Y Y 
District Fixed-Effects Y Y Y 
    
Observations 231,920 115,960 57,980 
    
Dependent Variable Mean  3.931 7.861 15.722 
    
First Stage Results    
    
Latino non-citizen district*Google mean market share 0.033** 0.033** 0.033** 
 (1.70e-04) (1.56e-04) (1.51e-04) 
    
Google mean market share 0.030** 0.029** 0.030** 
 (3.49e-04) (3.89e-04) (3.00e-04) 
    
F-statistic 501 424 314 

Notes: All regressions include a constant term.  In addition, the crime rate is interacted with a week, bi-week, or monthly trend, depending on the level at which the calls data 
are being collapsed for the analysis.  Standard errors are clustered at the district level and shown in parentheses.   
** p<0.01, * p<0.05, + p<0.1 



 

60 
 

The results are shown in Table 2.4. The last rows confirm that the instrument is highly 
correlated with our key regressors. The F-statistics from the first stage regressions exceed the 
recommended critical values (Stock & Yogo, 2005).49 In addition, the estimated coefficients 
from the first stage regressions are positive and statistically significant across all calls for service 
frequency groupings, confirming that the GT index increases alongside Google’s popularity. 
Finally, the estimates from the second stage regression confirm our earlier findings, with calls for 
police service in Latino non-citizen districts significantly dropping when awareness of 
immigration enforcement is high. Specifically, calls for police service drop by 32 percent in 
Latino non-citizen districts, compared to other districts—regardless of how we group calls. This 
is a tenfold increase in the 3 to 4 percent decline estimated in our original models, likely due to 
the greater imprecision with which two-stage impacts are estimated. To put this figure in 
perspective, research evaluating the impact of problem-oriented policy interventions have found 
reductions in calls for service in the order of 22 percent (Carson & Wellman, 2018). Perhaps 
more importantly to us is the fact that the IV estimates continue to be statistically different from 
zero and display the same signs as the OLS estimates. If anything, they are suggestive of OLS 
yielding conservative, lower-bound estimates of the true impact of heightened public awareness 
about immigration enforcement on calls for police service in predominately Latino non-citizen 
districts.  

2.6.4 Robustness Checks 

We next perform a variety of checks to assess the robustness of our findings, especially to 
changes in our key regressors. To start, in Panel A of Table 2.5, we assess the robustness of our 
results to the use of an alternative threshold to classify weeks as ones of high immigration 
enforcement awareness. Instead of using the 90th percentile, we use the 75th percentile as the 
threshold for having a relatively high immigration enforcement awareness. As can be seen 
therein, the results remain robust to the use of this alternative threshold. The volume of calls for 
service per 1,000 significantly drops by 3.2 percent in Latino non-citizen districts, relative to 
other districts, when the GT index on immigration enforcement-related searches is in the 75th 
percentile.   
  

                                                 
49 Stock-Yogo critical values are used to test for weak instruments and are a function of the number of included endogenous 
regressors (in our case, n=2): (1) high awareness and (2) LNC*high awareness, and the number of instrumental variables (k=2): 
(1) mean weekly Google market share and (2) LNC*mean weekly Google market share.  
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Table 2.5: Robustness Checks 
Model Specification Baseline Full 
Panel A: Using an Alternative Cutoff (75th percentile) for the Awareness Dummy  

Latino non-citizen district*High IE awareness w/75th cutoff -0.107** -0.127** 
  (0.029) (0.029) 

Latino non-citizen district (share in 75th pctl) -0.083 -0.079 
 (0.061) (0.065) 

Observations 231,920 231,920 
R-squared 0.817 0.819 

Panel B: Using an Alternative Google Trends Index for the Awareness Dummy 

Latino non-citizen district*High IE awareness w/alternative index -0.106** -0.114** 
  (0.027) (0.028) 

Latino non-citizen district (share in 75th pctl) -0.096 -0.098 
 (0.061) (0.065) 

Observations 231,920 231,920 
R-squared 0.817 0.819 

Panel C: Using the Google Trends Index as the Proxy for Awareness 

Latino non-citizen district*Google Trends index -0.004** -0.005** 
  (0.001) (0.001) 

Latino non-citizen district (share in 75th pctl) -0.078 -0.077 
 (0.061) (0.065) 

Observations 231,920 231,920 
R-squared 0.817 0.819 

Panel D: Using a Placebo Google Trends Index for the Awareness Dummy  

Latino non-citizen district*High placebo awareness  -0.010 -0.003 
  (0.028) (0.027) 

Latino non-citizen district (share in 75th pctl) -0.105+ -0.108+ 
 (0.061) (0.065) 

Observations 231,920 231,920 
R-squared 0.817 0.819 

Panel E: Focusing on Districts not Targeted by Immigration Enforcement  

Non-Hispanic white citizen district*High IE awareness   0.155** 0.187** 
  (0.035) (0.035) 
Non-Hispanic white citizen district (share in 75th pctl) -0.071 -0.023 
 (0.138) (0.119) 

Observations 231,920 231,920 
R-squared 0.817 0.819 

For all specifications above:  
Time-Varying District-Level Controls  Y 
Time (Year, Month, Week) Fixed-Effects Y Y 
District Fixed-Effects Y Y 

  

Dependent Variable Mean    3.931 

Notes: All regressions include a constant term, as well as the same regressors included in the baseline and full 
model specifications in Table 2.  Standard errors are clustered at the district level and shown in parentheses. ** 
p<0.01, * p<0.05, + p<0.1 
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Subsequently, in Panel B of Table 2.5, we experiment with using an alternative high 
awareness proxy—one that relies on an alternative GT index.50 Using this alternative GT index, 
we create a dummy indicative of whether immigration enforcement-related searches were in the 
90th percentile. Once more, the results prove consistent. Calls for service per 1,000 significantly 
drop by 2.9 percent in Latino non-citizen districts, relative to other districts, when the alternative 
GT index is in the 90th percentile.  

An advantage of the estimates in Table 2.3 is the easier interpretation of the results when we 
use a dichotomous variable indicative of high immigration enforcement awareness. Nevertheless, 
as a robustness check, we re-estimate our models using, instead, the continuous GT index 
capturing the intensity of immigration enforcement-related searches (Table 2.5, Panel C). We 
continue to find that our results are consistent throughout. Specifically, a one standard deviation 
increase in the GT index is associated to a 1.2 percent drop in weekly calls for service.51 Since 
the average value of the GT index in the 90th percentile equals 2.5 standard deviations, the 
reduction in calls when the GT index is in the 90th percentile matches the 3 percent decrease 
found in Table 2.3.52    

Finally, we conduct a couple of placebo checks focused on our key independent variables—
the GT index and the dummy indicative of being a potentially impacted district. First, we assess 
if online queries on topics completely unrelated to immigration enforcement have a significant 
effect on calls for police service. To that end, we re-estimate our models using a placebo GT 
index constructed from a topic search unrelated to immigration enforcement and focused, 
instead, on recipes.53 Using this placebo index, we create a dummy indicative of whether search 
volumes were in the 90th percentile. Other things equal, we would expect for this index to be 
completely unrelated to changes in the number of calls for service in Latino non-citizen districts, 
when compared to other districts. Indeed, as evidenced by the estimates in Panel D of Table 2.5, 
the coefficients on the interaction terms are not statistically distinguishable from zero. In other 
words, there is no evidence of calls for service in districts with a high concentration of Latino 
non-citizens responding differently when unrelated online searches are high, relative to other 
districts.  

Our second placebo check involves estimating our original model focusing, instead, on non-
Hispanic white citizen districts. Specifically, we create a dichotomous variable indicative of 
districts with a high share of non-Hispanic white citizens (in the 75th percentile). We re-estimate 
our original models using this placebo district identifier. The results presented in Panel E of 

                                                 
50 See Appendix B for more detail on how the alternative index was structured and evaluated. 
51 The standard deviation in the weekly GT index is 9.14, as shown in Table 2.2. The effect is computed as:   
[ 1	 . . 	 	 	 ∗ ∗ 100 	/ 	 . 
52 The average value of the GT index in the 90th percentile is 22.9.  
53 The placebo Google Trends search consisted of a topic search for “Recipes”.  
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Table 2.5 reveal that calls for police service increase in predominately non-Hispanic white 
citizen districts when awareness of immigration enforcement is high. Calls for service per 1,000 
significantly increase by 4.8 percent in non-Hispanic white citizen districts, relative to other 
districts, when public awareness of immigration enforcement is high. Recall from Table 2.3 that 
calls decrease 3.6 percent in Latino non-citizen districts when public awareness of immigration 
enforcement is high. The increase in calls for service concurs with the general upward trend in 
calls for service in Los Angeles over time—a trend that matched the increase in calls, even as 
immigration intensified, in non-highly Latino non-citizen districts in Figure 2.3.  

In sum, the results seem robust to using alternative measures of our key variables—namely: 
(1) the threshold used to classify weeks as ones exhibiting heightened public awareness of 
immigration enforcement, (2) the immigration enforcement terms used to create the GT index, 
(3) the use of the GT index, as opposed to the easier to interpret dummy indicative of heightened 
public awareness, and (4) placebo checks focusing on either a false index of public awareness of 
immigration enforcement or a false group of districts negatively impacted by intensified 
immigration enforcement.     

2.7 Heterogeneous Impacts: Calls for Domestic Violence 

Domestic violence is a serious and often under-reported crime in the U.S., with an average of 
20 people being physically abused by an intimate partner every minute.54 Police mistrust is 
particularly palpable among immigrant victims of domestic violence (Gorman, 2017; Vidales, 
2010). The fact that women of low socio-economic status are particularly prone to domestic 
violence (Aizer, 2010) should only aggravate concerns regarding the potential impact of 
immigration enforcement on the reporting of this type of crime in Latino non-citizen districts.    

When focusing on calls for service for one particular type of incident, such as domestic 
violence, it is helpful to aggregate domestic violence calls at the monthly level. Accordingly, we 
construct a monthly GT index that is the mean of the weekly indices in a given month to 
construct our monthly high awareness dummy variable—namely, whether the month is one 
when the mean GT index is in the 90th percentile. Figure 2.4 depicts the relationship between 
calls for domestic violence per 1,000 and the monthly GT index across Latino non-citizen 
districts and their remaining counterparts. A few facts are worth noting. First, the volume of 
monthly domestic violence calls per 1,000 in districts with a higher share of Latino non-citizens 
easily doubles the volume of calls in other districts. Secondly, domestic violence calls are 
inversely related to heightened public awareness about immigration enforcement in Latino non-
citizen districts, whereas the same link is significantly subtler in other districts.  

                                                 
54 Domestic violence national statistics retrieved from www.ncadv.org 

http://www.ncadv.org
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Figure 2.4: Monthly LAPD Calls for Domestic Violence by Immigration Awareness and District 

Type                                                                                                                                                                                          
Notes: Each dot on the graphs shows the mean number of LAPD Calls for Service per capita according to the level of 
immigration enforcement awareness, as measured by the Google Trends index, and according to whether the district has a 
high share of Latino non-citizens—one with a share of Latino non-citizens in the 75th percentile.   

We next explore if the apparent differential impact of public awareness about immigration 
enforcement on domestic violence calls made to the police in the two sets of districts is 
statistically different from zero. To that end, we estimate Eq. 2 using domestic violence calls for 
service per 1,000 as the dependent variable. As we did for all calls for service, we experiment 
with a couple of model specifications: (1) one that uses the high awareness dichotomous variable 
indicative of whether the GT index was in the 90th percentile in that particular month (Table 2.6, 
Panel A) and (2) an alternative one that uses the continuous monthly GT index to proxy for 
immigration enforcement awareness (Table 2.6, Panel B).   
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Table 2.6: Heterogeneous Impacts: Monthly Calls for Service for Domestic Violence per 1,000 
Inhabitants 

Model Specification Baseline Full 
Panel A: Using a Dichotomous Variable to Proxy for the Intensity of Immigration Enforcement Awareness  
Latino non-citizen district*High IE awareness  -0.082** -0.084** 
  (0.020) (0.020) 

Latino non-citizen district (share in 75th pctl) 0.013 0.017 
 (0.038) (0.038) 

Observations 57,980 57,980 
R-squared 0.593 0.593 
Panel B: Using a Continuous Proxy for the Intensity of Immigration Enforcement Awareness      

Latino non-citizen district*Google Trends index -0.002* -0.002* 
  (0.001) (0.001) 

Latino non-citizen district (share in 75th pctl) 0.017 0.021 
 (0.038) (0.038) 
Observations 57,980 57,980 
R-squared 0.593 0.593 
   
For all specifications above:   
Time-Varying District-Level Controls  Y 
Time (Year, Month) Fixed-Effects Y Y 
District Fixed-Effects Y Y 
   
Dependent variable mean 0.868 
Notes: All regressions include a constant term, as well as the same regressors included in the baseline and full 
model specifications in Table 3.  Standard errors are clustered at the district level and shown in parentheses.  ** 
p<0.01, * p<0.05, + p<0.1 

As we found for total calls for service, heightened public awareness of immigration 
enforcement lowers domestic violence calls in districts with a higher share of Latino non-citizens 
when compared to other districts, regardless of the model specification used. Using the high 
awareness dichotomous dummy, the most complete model specification of Table 2.6, Panel A, 
reveals that increased awareness lowers monthly domestic violence calls per 1,000 in Latino 
non-citizen districts by approximately 9.4 percent. Alike impacts are found if we use, instead, the 
continuous GT index (Table 2.6, Panel B). A one standard deviation increase in the GT index 
(equal to 9.138) lowers the volume of monthly domestic violence calls per 1,000 by 5 percent.  

In sum, heightened public awareness about immigration enforcement appears to significantly 
curtail the volume of calls for service associated to domestic violence incidents in districts with a 
higher concentration of Latino non-citizens. The fact that the impact is constrained to districts 
with a higher share of individuals who could be affected by intensified immigration enforcement 
underscores the exclusivity of this impact, as well as the consequences it has on community 
cooperation needed to ensure public safety.    
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2.8 Political Context: The “Trump” Effect 

Thus far, we have shown that increased public awareness about immigration enforcement, as 
captured by the GT index on immigration enforcement, has been accompanied by reductions in 
calls for police service, especially calls for domestic violence, in predominately Latino non-
citizen districts. Districts with a higher share of Latino non-citizens are expected to host a greater 
share of undocumented immigrants. One question that emerges is the link between increased 
public awareness of immigration enforcement and the political and policy changes during the 
period in which awareness appears to have risen.  

Indeed, as shown in Figure 2.1, public awareness of immigration enforcement spiked in the 
periods following the candidacy announcement and inauguration of President Trump. Therefore, 
a natural question is whether the volume of calls for service behaved any differently in districts 
with a higher share of Latino non-citizens, relative to other districts, following President 
Trump’s candidacy announcement. To that end, we create a dichotomous indicator equal to 1 
after June 16, 2015, and interact it with the dichotomous variable indicative of whether the 
district is one with a higher concentration of Latino non-citizens, as follows:     

(3) 

,

, ∗ 	 ,

	 ∗ ′ , ,  

Our coefficient of interest continues to be , which captures changes in the volume of calls 
for service in districts with a high concentration of Latino non-citizens, relative to other districts, 
following President Trump’s candidacy announcement. As in our main model specification in 
Table 2.3, we estimate Eq. 3 for weekly calls for service and cluster standard errors at the district 
level. The results from this exercise are shown in Panel A of Table 2.7. Our most complete 
model specification reveals how weekly calls for service to the LAPD declined 6 percent 
following President Trump’s candidacy announcement in districts with a higher concentration of 
Latino non-citizens.55  
  

                                                 
55 The impact is computed as: (coefficient*100/dependent variable mean) 
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Table 2.7: Is There a “Trump” Effect? 
Model Specification Baseline Full 
Panel A: Pre-Post Trump’s Candidacy for President 

Latino non-citizen district* Post Trump’s Candidacy for President -0.208** -0.245** 
  (0.039) (0.041) 

Latino non-citizen district (share in 75th pctl) 0.006 0.034 
 (0.063) (0.068) 

Observations 231,920 231,920 
R-squared 0.817 0.819 

Panel B: Assessing Any Differential Pre-Trends in Calls for Service Prior to Trump’s Candidacy 

Latino non-citizen district*Time Trend 6.93e-05 -0.001 
  (0.001) (0.001) 

Latino non-citizen district (share in 75th pctl) -0.072 -3.87e-04 
 (0.102) (0.105) 

Observations 84,740 84,740 
R-squared 0.815 0.815 

   

For all specifications above:   

Time-Varying District-Level Controls N Y 

Time (Year, Month, Week) Fixed-Effects Y Y 

District Fixed-Effects Y Y 

   

Dependent Variable Mean  3.931 
Notes: All regressions include a constant term, as well as the same regressors included in the baseline and full model 
specifications in Table 3.  Standard errors are clustered at the district level and shown in parentheses.  
** p<0.01, * p<0.05, + p<0.1 

For identification purposes, calls for service should not be already trending differently in 
districts with a higher share of Latino non-citizens, when compared to other districts, prior to 
President Trump’s candidacy announcement. To confirm that was not the case, we restrict our 
sample to the period preceding President Trump’s announcement of his candidacy on June 16, 
2015—a period with relatively low values of the GT index. We then create a time trend that we 
interact with the dummy indicative of whether the district is one with a higher concentration of 
Latino non-citizens.  If calls for service were already trending differently in Latino non-citizen 
districts than in other districts prior to President Trump’s announcement of his candidacy, the 
coefficient on the aforementioned interaction term should be statistically different from zero. 
Panel B of Table 2.7 shows the results from this exercise. Regardless of the model specification 
used, the coefficients on the interaction terms signaling differential trends in calls for service in 
Latino non-citizen districts relative to other districts are not statistically distinguishable from 
zero. In other words, there is no evidence of calls for service trending differently in districts with 
a high concentration of Latino non-citizens, relative to other districts, prior to President Trump’s 
announcement of his candidacy. Therefore, the results we observe in Panel A are not likely 
driven by pre-existing differential trends between the different types of districts.    
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Summarizing, the findings in Tables 3 through 7 allude to heightened public awareness about 
immigration enforcement, especially during the period following President Trump’s candidacy 
announcement, as one of the factors responsible for lower community engagement with law 
enforcement in predominately Latino non-citizen districts—a problem acknowledged by the 
LAPD, particularly with regards to calls for domestic violence (Gorman, 2017).  

2.9  Limitations 

We face a number of challenges in our analysis. We lack information on the race/ethnicity or 
citizenship status of the caller, thus limiting our ability to more accurately pinpoint the personal 
characteristics of those making calls for police service. Instead, we use demographic 
characteristics of LAPD districts to characterize geographic areas more likely to be responsive to 
increased public awareness about immigration enforcement, and use these geographic aggregates 
to characterize more nuanced detail associated with individual crime reporting behavior. 
Moreover, the Google Trends search strategy we use to produce our indicator of heightened 
awareness is a relative measure of online search activity that we posit signals public familiarity 
with shifts in the political or social environment concerning immigration. We cannot 
exhaustively capture all search terms that would signal awareness of immigration enforcement, 
and our proxy may characterize awareness among individuals with more ready access to 
computers or mobile devices that permit quick online querying, potentially misrepresenting the 
degree of awareness among our group of interest: Latino non-citizens. Despite this, we believe it 
serves as an adequate signal of city-wide awareness of immigration enforcement likely featured 
in national and local public news outlets. Debates over police involvement in immigration 
enforcement have been partially motivated by concerns over immigrant willingness to report 
crimes. Law enforcement officials throughout the U.S. have expressed concern that incidents 
will go unreported as individuals worry they might expose themselves, or others, to immigration 
authorities.  

2.10 Conclusion 

Using more than 3 million calls for service made to the LAPD, geo-overlaid 
sociodemographic characteristics, and Google Trends search indices, we explore the relationship 
between heightened awareness of immigration enforcement and calls for police service in 
predominately Latino non-citizen neighborhoods of Los Angeles. We find evidence in support of 
the hypothesis that increased awareness of immigration enforcement has a clear and significant 
negative impact on calls for service in districts with a higher concentration of Latino non-
citizens—residents more likely to be fearful of intensified immigration enforcement. The volume 
of calls for service per 1,000 significantly drops by 3 to 4 percent in districts with a higher share 
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of Latino non-citizens, relative to other districts, during periods of heightened awareness of 
immigration enforcement. Instrumental variable (IV) techniques addressing the potential 
endogenous nature of public awareness about immigration enforcement with respect to calls for 
service, confirm the sign and direction of the OLS estimates, which might be downward biased. 
In particular, IV results indicated that heightened public awareness about immigration 
enforcement lowers calls for service in predominantly Latino non-citizen districts by 32 percent. 
To put our findings in the larger context of police-community relations, Carson and Wellman 
(2018) estimate that problem-oriented policing interventions cut down calls for police service by 
22 percent.56 In addition, our findings prove robust to a number of identification and robustness 
checks and, overall, suggest that recent escalations in rhetoric and federal policy actions on 
immigration enforcement have had a “chilling effect” on crime reporting among Latino non-
citizen in Los Angeles. The effects are even stronger for crimes more prone to go unreported, as 
is often the case with domestic violence.  

These findings stress the need for policy measures that address the increased disengagement 
of immigrant communities that might already be apprehensive amid heightened immigration 
enforcement and well-publicized anti-immigrant political rhetoric. This is particularly critical 
following a remark made by Attorney General Jeff Sessions in June 2018 that domestic abuse 
will no longer be considered grounds for asylum. Though directed at asylum seekers, the 
statement underplays the importance of domestic abuse to immigration enforcement authorities 
as grounds to seek protection. In effect, it potentially reduces undocumented migrants’ 
willingness to contact law enforcement to report crime or victimization. If that is the case, local 
efforts to assuage concerns over police involvement in immigration enforcement may be 
impeded by federal efforts and public calls for escalation. As such, further discussions on how to 
balance immigration enforcement efforts and public safety are more important than ever.   
  

                                                 
56 Carson and Wellman (2018) evaluated the impact of a problem-oriented policing intervention in a suburban public housing unit 
on calls for police service. The intervention decreased calls by 22 percent, but varied depending on the specification or type of 
call.  
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Chapter 2 Appendices 

Appendix A: Criminal Activity and Heightened Awareness of Immigration Enforcement 

We use calls made to the police as a proxy of community willingness to engage with law 
enforcement.  While calls reflect resident willingness to engage with police, they also capture 
underlying trends in criminal activity.  Large call volumes are strongly associated with the 
frequency of criminal incident.  It is plausible that Latino non-citizens—a group likely wary of 
immigration enforcement—may be less likely to commit crime when the risk of being 
apprehended by police and potentially deported is high.  If heightened awareness of immigration 
enforcement decreases the incidence of crime in districts with large shares of Latino non-
citizens, our estimates may overstate reductions in calls brought about by resident fear or 
unwillingness to engage with police.    

Without self-reported victimization data at the census tract level, we are limited in our ability 
to distinguish non-reporting from decreases in criminal activity.  In the absence of such data, we 
rely on a measure frequently used in the criminology literature to overcome issues of 
underreporting when estimating criminal trends—namely, LAPD-reported homicides.  We select 
this type of crime because of its severity, and consequentially, its likeliness to be reported by the 
public and documented by police.  In this line, research has established a clear link between the 
severity of a crime and the increased likelihood of it being reported to police; the more severe the 
“loss, harm, threat, or insecurity generated by a criminal incident, the more likely it is to be 
reported” (Skogan, 1976).  As such, criminologists frequently rely on reports of violent crime 
less likely to go unreported (offenses including murder, rape, robbery, aggravated assault, 
burglary, larceny, motor vehicle theft, and arson) to study crime trends (Hart & Rennison, 2003).   

In order to determine if levels of criminal activity in Latino non-citizen districts are 
disproportionately affected by heightened awareness of immigration enforcement, we visually 
compare crime patterns in districts with large shares of Latino non-citizens relative to other 
districts.  If reported homicides in Latino non-citizen districts decrease during periods of 
heightened awareness of immigration enforcement, this would suggest that a decrease in criminal 
activity is likely driving our results.  In contrast, if homicides in Latino non-citizen districts do 
not significantly change with increased awareness about immigration enforcement, it would be 
suggestive of reductions in criminal reporting as the likely driving mechanism of our results.   
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Figure A2.1: Monthly LAPD Reported Homicides by Immigration Awareness and District Type 

 
Notes: Each dot on the graphs shows the mean number of homicide calls (Figure A.1) or LAPD reported homicides (Figure 
A.2) per capita according to the level of immigration enforcement awareness, as measured by the Google Trends index, and 
according to whether the district has a high share of Latino non-citizens—one with a share of Latino non-citizens in the 75th 
percentile. 

Figure A2.1 plots monthly LAPD-reported homicides against our measure of immigration 
enforcement awareness (GT index described in Eq. 1) in predominately Latino non-citizen 
district compared to other districts.57  Each dot represents the average reported homicides per 
1,000 in a given month during the 2014 through 2017 period across the two types of districts.  As 
can be seen therein, the homicide rate remained quite stable in districts with a higher share of 
Latino non-citizens.  In other districts, homicide rates exhibited a slightly upward trend.   

In sum, absent self-reported victimization and crime reporting data at the geographic detail 
needed, this check provides descriptive evidence of criminal activity unlikely to go unreported 
decreasing in Latino non-citizen districts as awareness of immigration enforcement awareness 
grew high.   

  

                                                 
57 We identified homicide calls as those corresponding with radio code 187 (http://www.radiolabs.com/police-codes.html). 

http://www.radiolabs.com/police-codes.html
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Appendix B: Google Trends Index Search Strategy and Validation Checks 

Google Trends analyzes web queries made from the Google search engine and allows users 
to narrow their searches using a search term or topic search strategy.  We experimented with two 
different strategies before deciding on the one used to create the GT index and accompanying 
high awareness indicator included in our benchmark specification.  Appendix Table B2.1 
includes the search parameters used for each.   

In the first column, we outline the “search term” strategy.  The GT index produced from this 
strategy was used to create the alternative high awareness indicator found in the robustness 
check presented in Panel B of Table 2.5.  This approach was a composite search consisting of the 
following: ICE police + deport + ICE immigration + undocumented.58  The terms in this 
composite were tested for relevance using Google Correlate, which provides a set of online 
queries highly correlated with the terms specified.  The search was difficult to augment to 
exclude unrelated queries.  For example, our composite also captured queries related to ice 
cream, the ice bucket challenge, and petitions to deport celebrities, among other unrelated 
queries.   

Recognizing the limitations of the search term approach, we took advantage of the Google 
Trends topics feature.  Google Trends’ algorithms can classify many different search queries that 
may relate to the same topic.  It uses semantics of the search to group queries together that share 
the same concept in any language.  The search strategy outlined in column (2) created a GT 
index that reflected the relative volume of online queries related to the topic “U.S. Immigration 
and Customs Enforcement Agency (Federal Agency).” The benchmark specification described in 
Eq. 2 uses the GT index produced from this “topic” search strategy. 

Appendix Table B2.1: Google Trends Search Parameters 
 (1) (2) 
Parameters Search term Topic 
Location Los Angeles, CA USA Los Angeles, CA USA 
Time period  Jan 5, 2014 to Dec 31, 2017 Jan 5, 2014 to Dec 31, 2017 
Query categoryǂ All categories Law & Government 
Search type Web search Web search 
Date of access Mar 29, 2018 Mar 29, 2018 

Search input 
ICE police + deport + ICE 
immigration + undocumented 

U.S. Immigration and Customs 
Enforcement 

Topic NA Federal agency 
ǂ Google algorithms can group searches under different topic categories. Those grouped under “Law and Government” include 
searches related to policy and institutional actions.  

                                                 
58 Phrases capture searches that contain both words, in any order (e.g., ICE police would capture searches that included the ICE 
and police).  The “+” acts as an “OR” function.  Search inputs are not case sensitive, but misspellings, spelling variations, 
synonyms, plural or singular versions of the terms would not be included.   
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Table B2.2 presents the top ten related topics and queries for the two strategies.  While each 
generated indices that captured queries on immigration enforcement topics (i.e., Immigration, 
Department of Homeland Security (DHS), Deportation, ICE), the “topic” strategy was more 
precise.  The “search term” results were not as comprehensive or consistently relevant (e.g., top 
related queries included those on celebrities and misspellings of the Home Depot).  

Appendix Table B2.2: Related Queries and Topics 
 (1) (2) 
 Search term Topic 
Related queries  1) undocumented immigrants 

2) undocumented students 
3) home deport 
4) undocumented immigrant 
5) immigration news 
6) deport justin bieber 
7) daca 
8) ice cube 
9) office deport 
10) illegal immigration 

1) ice 
2) immigration ice 
3) ice raids 
4) ice locator 
5) immigration customs enforcement 
6) police ice 
7) immigration and customs 

enforcement 
8) homeland security 
9) ice enforcement 
11) ice detainee locator 

   
Related topics  1) Immigration 

2) Illegal immigration 
3) Deportation 
4) U.S. Immigration and Customs 

Enforcement 
5) Police 
6) The Home Depot 
7) Donald Trump 
8) ice 
9) Justin Bieber 
10) License 

1) Immigration 
2) Detention 
3) ice 
4) Deportation 
5) United States Department of 

Homeland Security 
6) Illegal immigration 
7) Border crossing 
8) U.S. Customs and Border 

Protection 
9) United States Border Patrol 
11) Immigration detention 

We compared results from the “topic” search grouped under the “Law and Government” 
category to those produced without this category restriction.  We found the categorized strategy 
(presented here in column 2 of Tables A2.2 and A2.3) performed slightly better, as it included 
more pointed searches concerning immigration enforcement actions.  For example, the top ten 
queries for the restricted category included narrowed terms like “ice immigration” and “ice 
detainee locator” rather than “immigration” and “what is ice”, as produced from a general topic 
search.  
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Chapter 3. Community Policing in Latino Neighborhoods59 

Ashley N. Muchow 

Pardee RAND Graduate School, Santa Monica, CA 

 

Abstract 
Over the past seven years, the Los Angeles Police Department (LAPD) has experimented with a 
community-based model of policing in some of the city’s most crime-affected public housing 
developments. The Community Safety Partnership (CSP) was formed in collaboration between 
the LAPD and the city housing authority to recruit officers to engage in policing focused on 
problem-solving to reduce crime and improve community relations in areas of notable tension 
between residents and the police. Using nine years of geocoded data on crimes reported to the 
LAPD, this study explores whether CSP reduced crime and influenced patterns of crime 
reporting among Latinos. I find evidence that the program had a significant and sustained impact 
on reducing overall crime, violent crime, non-violent crime, and crimes related to domestic 
violence. Moreover, I find preliminary evidence that the CSP program was associated with 
increases in the share of crime reported by Latino residents. This study contributes to nascent 
work exploring the tools local law enforcement agencies can use to improve community 
relations, public safety, and potentially offset isolation or alienation of minority or immigrant 
communities as federal immigration enforcement efforts intensify.  

 

 

  

                                                 
59 I am grateful to LAPD Sergeant Monique Valenzuela for her insight into the Community Safety Partnership and police 
relationships with Latino immigrant communities in Los Angeles. This work was supported by the Horowitz Foundation for 
Social Policy Doctoral Grant and the James Q. Wilson Dissertation Grant. 
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3.1 Introduction 

Community policing strategies have been introduced by police departments nationwide to 
address public safety concerns and issues of community mistrust and disengagement with police 
(Reaves, 2015). Over the past seven years, the Los Angeles Police Department (LAPD) has 
experimented with this model of policing in some of the city’s most crime-affected public 
housing developments. The Community Safety Partnership (CSP) was formed in collaboration 
between the LAPD and the city housing authority to recruit officers to engage in policing 
focused on problem-solving in coordination with development residents and the surrounding 
community (Fraser et al., 2012).  

This type of policing is focused on close cooperation with residents, and existing evidence 
suggests that these efforts are an effective way to boost resident satisfaction and enhance police 
legitimacy (Gill et al., 2014; Jannetta et al., 2014). Despite these promising findings, the growing 
consensus in the literature is that the effectiveness of community policing in reducing crime is 
limited (David et al., 2008; Gill et al., 2014), and its influence on crime reporting varies 
(Schnebly, 2008). While there is little research on  the topic, it appears the extent to which 
community policing increases the willingness of residents to report crime depends on the 
extensiveness of officer training and the residential stability of communities targeted by the 
program (Schnebly, 2008). To date, no empirical research has examined how community 
policing influences crime reporting patterns among Latinos.60 This is in line with the surprisingly 
small amount of research examining Latinos’ experiences in the criminal justice system overall 
(Darrell et al., 2011; Rennison, 2010). Extant research on the topic has revealed that Hispanics 
are victims of serious violent crime at higher rates than non-Hispanic whites (Rennison, 2002), 
and tend to report violent crime less frequently than other ethnic groups (Davis & Henderson, 
2003; Rennison, 2010). Recent survey work has revealed that concern over immigration 
enforcement has reduced the willingness of immigrant and native Latinos to report crime 
(Becerra et al., 2017; Messing et al., 2015; Theodore et al., 2013). This relationship is especially 
relevant given the sizeable share of Latino immigrants living in the LAPD patrol area. Just under 
half of city residents are Latino, and they make up the overwhelming majority of immigrants (59 
percent) and non-citizens (79 percent) living in the city (U.S. Census Bureau, 2017).  

This study seeks to contribute to growing research exploring the tools local law enforcement 
agencies can use to improve community relations, public safety, and potentially offset the 
alienation of Latino communities as federal immigration enforcement efforts intensify. This 
paper builds upon prior studies of community policing and crime reporting in three key ways. 
First, I employ a quasi-experimental design developed precisely for retrospective place-based 
                                                 
60 Less than 2 percent of the U.S. population considered “Hispanic or Latino” originated from non-Latin American countries (U.S. 
Census Bureau, 2010). As such, I use the shortened “Latino” description in this paper. 
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policing evaluations to structure a control group that aligns with CSP areas on pre-intervention 
sociodemographic characteristics and outcomes (Robbins & Davenport, 2018; Sauders et al., 
2015). This methodology is a notable improvement upon existing retrospective evaluations that 
have relied on manually selected comparison units that can differ from intervention areas in 
meaningful ways (Jannetta et al., 2014). Second, I disaggregate crimes and examine the 
program’s impact over time to explore whether the program differentially impacted the incidence 
of certain types of crime. This disaggregation is advantageous in that it permits targeted 
examination of crimes more suspectable to underreport (i.e., crimes related to domestic violence 
(Felson & Paré, 2005; Frieze & Browne, 1989)) to determine whether they respond differently as 
the program becomes more ingrained and community relationships presumably better 
established. Third, I consider the program’s influence on Latino crime reporting. Using 
information on the race/ethnicity of the victim involved in the criminal incident, I create a 
workable proxy that captures the percent of overall crime reported by Latino residents. While 
imperfect, this supplementary analysis is the first to explore how community policing influences 
the crime reporting practices of the largest and one of the fastest growing minority populations in 
the U.S. (Humes et al., 2011).  

Using nine years of data on crime reported to the LAPD, I found significant and sustained 
reductions in all types of crime following the implementation of the CSP program. After the 
program’s first year, overall crime per capita in CSP sites dropped 31 percent relative to their 
synthetic control, and these reductions increased gradually as the program continued. These 
findings persist for different types of crimes. Reductions were most pronounced for violent 
crimes, with reductions between 55 and 69 percent following implementation. Crime reductions 
were slightly moderated for non-violent crimes, and present, but delayed for crimes more prone 
to underreporting, as was the case with crimes related to domestic violence. Findings also 
provide evidence that the CSP program increased the share of overall crime reported by Latino 
residents in the period shortly following CSP implementation—a finding that may suggest 
improvements in Latino crime reporting.  

In sum, using a quasi-experimental approach tailored to assess placed-based policing 
interventions, I find suggestive evidence that the CSP program improved public safety, and 
preliminary evidence that the program increased crime reporting among Latino residents. These 
findings demonstrate the program’s effectiveness in reducing crime and potentially increasing 
communication among residents with historically low levels of engagement. As interior 
immigration enforcement efforts at the federal level intensify, similar community policing 
strategies may serve as an effective way to establish trust and improve relations with 
communities at risk of disengagement and social isolation. 
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3.2 Background on the Community Safety Partnership  

The LAPD has struggled to address issues of rising crime and poor police-community 
relations in minority neighborhoods for decades. Many of the most violent and crime-affected 
areas of the city experience high rates of poverty and other concentrated disadvantages including 
low performing schools, high unemployment, lack of economic development, and a clear dearth 
of crime prevention and intervention resources (Fraser et al., 2012). These areas—historically 
concentrated in the corridors leading to and south of downtown—have been places of notable 
police-community tension that have persisted for decades.   

Establishing trust and lines of communication with minority residents wary of police or 
hesitant to interact with the criminal justice system has been a major challenge of the LAPD, 
especially in some of the more hardened and crime-ridden housing developments in the city 
(Rice & Lee, 2015). The LAPD has a long and complicated history of policing communities of 
color that make up the overwhelming share of residents in the city’s public housing 
developments—three quarters of which are Latino (HACLA, 2015). LAPD policing in Latino 
communities has been characterized by prominent periods of police brutality, racial profiling, 
and the misuse of immigration law (Maya, 2002). Upon entering into a consent decree in 2001, 
the LAPD adopted scores of reforms overhauling the way it took complaints from residents, used 
confidential informants, ran gang units, investigated uses of force by officers, and audited itself 
(U.S. v. City of Los Angeles, 2001). But wariness of law enforcement among minority 
communities still runs high (Jennings et al., 2015).  

LAPD has sought to improve relations with immigrant and minority communities since the 
early 2000s (Arcos, 2017). One such effort is the Community Safety Partnership (CSP), a 
program formed in collaboration between the Housing Authority of the City of Los Angeles 
(HACLA) and LAPD. The program was rolled out in November 2011 in four housing 
developments identified by HACLA as properties with high rates of violent crime and patterns of 
tension between residents, gang members, and the LAPD. Three of the four CSP developments 
are located less than a mile of one another in the South Los Angeles neighborhood of Watts: 
Nickerson Gardens, Jordan Downs, and Imperial Courts (bottom callout in Figure 3.1). The 
fourth, Ramona Gardens, is located in the predominately Latino neighborhood of Boyle Heights 
roughly two miles southeast of downtown (top callout in Figure 3.1). To illustrate the setting in 
which one of the programs was implemented, the Ramona Gardens property is a predominately 
Mexican-American development. The Big Hazard gang (“Hazard Grande”), associated with the 
Mexican Mafia, originated in the Ramona Gardens development and came to dominate the 
property as early as the 1940s. Confrontations between law enforcement and the gang were 
pervasive for most of the 1970s through 1990s, resulting in a large divide between the 
community and police. According to Sergeant Monique Valenzuela, Officer in Charge of the 
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Ramona Gardens CSP, “the only time residents saw officers was when they were chasing gang 
members or engaged in shootouts.”61 

Figure 3.1: LAPD Patrol Boundary and CSP Housing Development Locations 

 
Source: Block group characteristics reflect pre-CSP population estimates (average of 2010 and 2011). 

The program recruited LAPD police officers to engage in policing that focuses on problem-
solving in coordination with HACLA, development residents, and the surrounding community in 
order to address the root conditions of crime—including social isolation, poor access to support 
structures, and community cooperation with police (Fraser et al., 2012). The stated goals of the 
program are to: (1) reduce crime, gang influence, and residents’ and communities’ perceptions of 
a lack of safety in and around the four housing developments; (2) improve community relations 
with law enforcement, through increased cultural competency and improved trust; and (3) 
increase youth educational achievement and improve youth academic outcomes (Jannetta et al., 
2014). 

A team of full-time, specially-trained police officers were placed in each CSP development. 
Officers are expected to dedicate all of their time to CSP work.62 The job of CSP officers is to 

                                                 
61 Phone interview conducted in May 2017.  
62 Unless there is unusual demand or call for officers (e.g., health call or emergency back-up request). 
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perform routine policing responsibilities, strengthen relationships with residents, and ultimately 
work with residents to identify and prevent crime. Officers can collaborate with HACLA, 
community organizations, as well as service providers to promote safe living environments, and 
are provided the freedom to develop and carry out programming initiatives in collaboration with 
schools, youth services and intervention agencies, and recreational and park facilities. In 
conversation with Sergeant Monique Valenzuela, police officers often organize activities, 
provide mentoring to youth in the development, and play in sports leagues.  

Anecdotal reports from CSP officers and small-scale resident surveys have found that the 
program improved perceptions of safety and enhanced police-community relations in targeted 
developments (Jannetta et al., 2014). A rigorous evaluation of the CSP’s effectiveness in 
reducing crime has yet to be performed, and we know little about its influence on Latino crime 
reporting.  

3.3 Related Literature 

The present study builds on two literatures—one focused on the effectiveness of community 
policing on crime, and another concerned with its influence on crime reporting behavior.  

While nearly every large law enforcement agency in the U.S. claim to have adopted 
community policing (Reaves, 2015), formal definitions of this policing style generally require 
three components: some level of community involvement and consultation; increased discretion 
to line-level officers; and problem solving (George Mason University, 2019). There is strong 
evidence that community policing is an effective way to boost citizen satisfaction and enhance 
police legitimacy (Gill et al., 2014), but a clear link between community policing and crime 
reduction has not been concretely established. Most empirically rigorous research on the topic 
suggests that, to the extent there is an impact, it is limited (David et al., 2008; Gill et al., 2014). 
David and colleagues (2008) systematically reviewed the evidence base around problem-oriented 
policing, a strategy similar to community policing. In their review of sixteen randomized and 
quasi-randomized studies, authors found only small reductions in crime and cautioned against 
inferring too much from these results given the small evidence base and shortcomings in the 
quality of the evidence (David et al., 2008). Gill and colleagues (2014) conducted a systematic 
review of known studies examining the impact of community policing on crime and disorder, 
resident fear of crime, police legitimacy, and resident satisfaction. While the authors found 
significant positive benefits for citizen satisfaction, perceived disorder, and police legitimacy, 
their findings suggest community policing is weakly related to crime reduction, with results 
indicating small decreases in violent crime, and non-significant impacts on property crime. 
Studies to date, have not explicitly considered the differential impact of community policing 
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crime more sensitive to underreport, as is often the case with those related to domestic violence 
(Felson & Paré, 2005; Frieze & Browne, 1989). 

A significant barrier to effective policing is resident unwillingness to report crime or 
participate in criminal investigations. About half of all violent crime is not reported to the police 
(Skogan, 1984). Decisions to report are a function of individual- and incident-level factors, as 
well as situation and contextual characteristics (Goudriaan et al., 2004). The situation and social 
context of a crime present different rational and normative considerations that influence the 
decision to report (Goudriaan et al., 2004). Of particular interest to this study, is how social 
context—specifically, levels of community policing—influence residents’ perceptions of the 
costs and benefits of reporting, as well as their view on the act of reporting a crime. Only one 
study to date has explored this topic. Schnebly (2008) used Area-Identified National Crime 
Victimization Survey (NCVS) data to examine how resident crime reporting behavior is 
influenced by a city’s involvement in community policing (Schnebly, 2008). In cities where 
community police training was considered extensive, victims were more likely to report crime to 
the police, but this relationship did not hold for the broader grouping. The author also found that 
community policing had less of an influence on the reporting behavior of “residentially unstable” 
victims—a symptom possibly of the individual’s lack of community ties. However, this study 
did not address the potential role of race/ethnicity in the decision to report crime.  

To date, no empirical research has examined how community policing influences crime 
reporting patterns among Latinos. This is in line with the surprisingly small amount of research 
examining Latino experiences in the criminal justice system overall (Darrell et al., 2011; 
Rennison, 2010). Extant research has revealed that Hispanics are victims of serious violent crime 
at rates higher than non-Hispanic whites (Rennison, 2002), and tend to report violent crime at 
lower rates than other ethnic groups (Davis & Henderson, 2003; Rennison, 2010). Nearly half of 
immigrants and 57 percent of non-citizens in the U.S. are of Hispanic or Latino origin (U.S. 
Census Bureau, 2017). As such, it is worth considering how an individual’s legal status, or 
proximity to individuals without legal status, may influence their willingness to report crime or 
otherwise engage with police. Recent survey work has revealed that rising concern over 
immigration enforcement has exacerbated existing levels of police mistrust and self-reported 
willingness to report crime among both immigrant and native Latinos (Becerra et al., 2017; 
Messing et al., 2015; Theodore et al., 2013). This relationship between immigration enforcement 
and willingness to report crime has caught the attention of LAPD officials, who have expressed 
concern that Latino residents are growing increasingly fearful of engaging with police amid 
escalations in interior immigration enforcement (Gorman, 2017).  

An assessment of the CSP program was conducted in 2014—two years after the program was 
implemented (Jannetta et al., 2014). Researchers surveyed a purposive sample of community 
residents, conducted focus groups with development residents, and analyzed crime data to 
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examine the program’s impact on police-community relations, public safety, levels of 
community engagement and cohesion, and youth development. The assessment found that the 
CSP program made substantial progress in “improving public safety, enhancing the relationships 
between police and community residents, and involving youth in positive social activities and 
educational enrichment programs” in the targeted developments (Jannetta et al., 2014). The 
analysis the authors used to determine the program’s impact on public safety compared the 
differences in crime rates in CSP developments before and after its implementation to those 
observed in demographically similar public housing developments. While authors found that the 
program led to a reduction in overall and violent crime two years after implementation, they 
cautioned that the design was predominately descriptive due to meaningful pre-intervention 
differences between CSP and comparison developments, and called for a more rigorous 
evaluation to determine the program’s impact. 

The present study addresses existing gaps in the literature in three ways. First, I employ a 
quasi-experimental design developed precisely for retrospective place-based policing evaluations 
to structure a control group that aligns with CSP areas on pre-intervention outcomes and 
sociodemographic characteristics (Robbins & Davenport, 2018; Sauders et al., 2015). This 
methodology is a notable improvement upon existing retrospective evaluations that have relied 
on manually selected comparison units that can differ from intervention areas in meaningful 
ways (Jannetta et al., 2014). Second, I disaggregate crimes and examine the program’s impact 
over time to explore whether the occurrence of certain incidents are differently impacted as the 
program becomes more established. This disaggregation is advantageous in that it permits 
targeted examination of crimes more suspectable to underreport (i.e., crimes related to domestic 
violence) to determine whether they respond differently as the program becomes more ingrained 
and community relationships presumably better established. Third, I consider the program’s 
influence on Latino crime reporting. Using information on the race/ethnicity of the victim 
involved in the criminal incident, I create a workable proxy that captures the percent of overall 
crime reported by Latino residents. While imperfect, this supplementary analysis is the first to 
explore how community policing influences the crime reporting practices of the largest and one 
of the fastest growing minority populations in the U.S. (Humes et al., 2011).  

3.3 Data 

The objective of this study is to examine the effectiveness and sustainability of the CSP 
program. I test a series of hypotheses to assess if the program lived up to its stated goals of 
reducing crime, and perform a supplementary analysis to determine whether the program’s focus 
on community engagement and relationship-building increased rates of crime reporting among 
residents with historically low levels of police engagement. In order to carry out this analysis, I 
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use nine years of geocoded data on crime reported to the LAPD and block group-level 
sociodemographic characteristics from the U.S. Census Bureau.  

The complete universe of geocoded crime data from January 1, 2010 to March 31, 2019 was 
retrieved from the city’s open data webpage.63 This period bookends the implementation of the 
CSP program in November 2011. Quarterly data from the first quarter of 2010 to the final 
quarter of 2011 are used to assess trends prior to CSP, and data from 2012 onward are used to 
assess trends following the program’s implementation. The data includes information on the date 
and time the criminal incident took place and was reported to the police, demographic 
information on the reporting victim (age, gender, race/ethnicity), and corresponding detail on the 
incident (e.g., type of crime, modus operandi). Geocoded crime data was imported into QGIS 
and mapped onto the corresponding block group where the incident took place. Criminal incident 
counts were collapsed by block group and quarter (N=94,424), reflecting 37 quarters of data for 
2,552 block groups.64  

The primary outcomes of focus are criminal incidents per capita and the share of crime 
reported by Latino residents. Criminal incidents were grouped into four categories: overall 
crime, violent crime, crime related to domestic-violence, and non-violent crime.65 These figures 
were population-adjusted using the block group population estimate that corresponded to the 
year the crime was reported. The share of crime reported by Latino residents serves as a proxy of 
Latino participation in crime reporting. The variable is equal to the total number of crimes with a 
Hispanic victim divided by the total number of crimes that occurred in a given block group in a 
given quarter. The value is effectively the percent of crime reported by Latino residents. This 
variable was created for each subcategory of crime. 

The U.S. Census Bureau annually samples over 3.5 million households across the country to 
participate in the American Community Survey (ACS), designed to provide estimates of average 
household characteristics.66 The ACS 5-year estimates produce reliable and current measures of 
socioeconomic and demographic characteristics for small geographic areas (populations less than 
20,000) and over 60 months (e.g., 2013 ACS estimates are derived from data collected monthly 
from January 2009 through December 2013). ACS data on block group-level population 
                                                 
63 Crime data prior to 2010 was not available in a format consistent with that provided for the period January 2010 to March 
2019. 
64 Dropped 15 block groups with less than 100 residents, 3 with incomplete sociodemographic info, and excluded the 14 block 
groups that encompass Harvard Park. In 2017, Harvard Park was identified as the location for LAPD’s first neighborhood-level 
CSP program. These geographic units were removed from the set of candidate comparison units to prevent their inclusion in the 
weighted synthetic control. 
65 Violent crimes include FBI Part I crimes (e.g., criminal homicide, manslaughter, forcible/attempted rape, robbery, assault with 
a deadly weapon, intimate partner violence, child abuse). Non-violent crimes include incidents not categorized as violent or 
property crimes. Domestic violence-related crimes were created based on the modus operandi indicators included in the data. As 
such, these crimes can be violent or non-violent in nature, but include a criminal incident involving a spousal or partner dispute.  
66 The ACS collects survey information continuously nearly every day of the year and aggregates the results over a specific time-
period. The data collection is spread evenly across the entire period to avoid the over-representation of any particular month or 
year. 
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characteristics are used to determine inclusion in the synthetic control groups used for the 
analyses outlined in Table 3.1. 

3.4 Methodology 

A direct comparison of CSP sites with non-CSP areas would be misleading, as areas that 
received the CSP program are unique in terms of their sociodemographic characteristics, baseline 
levels of criminal activity, and factors associated with crime reporting (e.g., population 
composition in terms of race/ethnicity, immigrant status, age and gender). In order to make 
meaningful comparisons, I employ a quasi-experimental design wherein CSP sites are compared 
to a synthetic control group comprised of a weighted combination of block groups similar in 
terms of their sociodemographic composition and trends in criminal activity and crime reporting 
prior to the implementation of the CSP program.  

Synthetic controls are a generalization of the difference-in-difference approach. In the 
traditional difference-in-difference design, a suitable comparison group is manually identified by 
the researcher on the basis of its apparent similarity to the intervention group prior to the 
intervention. The intervention group or area is compared against this control. Current research 
evaluating the CSP program has relied on this method (Jannetta et al., 2014). One drawback to 
such an approach is it stretches the underlying assumptions of parallel pre-intervention trends 
and comparison groups can be different from the intervention areas in meaningful ways. The 
synthetic control approach I use here, is a more formalized and rigorous method of identifying 
comparison groups that uses thousands of geographic units to calculate weights to provide 
almost exact matches between intervention areas and synthetic control areas on a large set of 
observable pre-intervention sociodemographic characteristics and outcomes.  

Incorporating synthetic control weights, I use a difference-in-difference estimator to 
determine the impact of the CSP program on levels of criminal activity and the share of crime 
reported by Latinos. Tests for heterogeneous impacts by type of crime are explored, as well as 
placebo checks to validate the significance and magnitude of the difference-in-difference 
estimates.  

3.5.1 Creating a Synthetic Control Group  

A modified approach (Robbins & Davenport, 2018; Sauders et al., 2015) to the traditional 
synthetic comparison group method (Abadie et al., 2010) will be used to develop synthetic 
control groups for CSP developments. The traditional approach uses observed pre-intervention 
characteristics of a single treatment area to selectively weight candidate comparison areas such 
that the weighted collection of comparison areas closely resembles the treatment group. I 
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consider not one, but several treatment areas in this analysis—specifically nine block groups that 
include the four CSP housing developments shown in Figure 3.1. Saunders and colleagues 
(2015) presented a new approach to retrospectively assess place-based policing programs that 
modifies the traditional synthetic control program to accommodate multiple treatment areas and 
handle smaller geographic units prone to larger fluctuations in characteristics and outcomes over 
time.  

This method limits case selection bias by ensuring comparison areas are as similar as 
possible to CSP areas on characteristics that may influence levels of criminal activity and crime 
reporting. The comparison group will be constructed as a weighted average of the available 
comparison areas. Weights are selected to minimize the differences in outcomes and relevant 
sociodemographic characteristics between CSP areas and the weighted comparison prior to CSP 
implementation. In effect, the comparison group serves as a credible counterfactual.   

Let t be the number of quarters from 2010 to 2011.67 The CSP program was implemented in 
November 2011—roughly 8 quarters—so t =1…8 are the pre-CSP periods and t = 9 marks the 

start of the post-CSP time period. If  is the post-CSP observed outcome for CSP areas, and  

is the unobserved counterfactual outcome—that is, the outcome of the CSP area if the CSP 

program had not been implemented—the impact can be found at . But because  

cannot be observed, a weighted combination of other block groups is selected to resemble CSP 
block groups on the relevant sociodemographic characteristics (listed in Table 3.1) prior to the 
implementation of CSP, as well as pre-CSP outcomes to control for time-varying unobserved 

factors. Let J be the number of available comparison block groups, and let , … ,  be a 

vector of weights such that ∑ 1, and let  represent the weight of the jth comparison 

district. The estimated impact of CSP can be found as ∑ , where	  is the 

observed outcome for the jth block group in the post-CSP time period.  
  

                                                 
67 Because the CSP was implemented in November 2011, at the end of the fourth quarter of 2011, I assign the pre-intervention 
period as the 8 quarters in 2010 and 2011. 
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Table 3.1: Pre-CSP Block Group Characteristics to Determine Eligibility for Synthetic Control 
Characteristics  Variables 

Age 
% over age 65 
% under age 18 

Gender 
% male 
% of the male population between 16 and 24 

Race/ethnicitya 

% Hispanic/Latino 
% black 
% white 
% Asian 

Immigrant statusb % non-citizen 

Income  Median annual household income ($) 

Employment  % unemployed 

Education % over age 25 without a HS degree (or equivalent) 
Source: Block group-level population characteristics are sourced from ACS 5-year estimates for years 2010 and 
2011 (2006-2010, 2007-2011). 
a The ACS asks respondents to indicate whether they are of “Hispanic or Latino” origin. Less than 4 percent of 
Hispanic/Latino residents in Los Angeles were of non-Latin American descent. 
b Captured at the census-tract level. The ACS does not report this characteristic at the block-group level. 

The effectiveness of this approach depends on weights that, when applied to comparison 
block groups, collectively resemble CSP block groups. The microsynth R package is a modified 
version of the synth function (Abadie et al., 2011) developed to bring high-dimensional, micro-
level data into the traditional synthetic control framework (Robbins & Davenport, 2018; Sauders 
et al., 2015). This modified program is better suited to handle smaller geographic units prone to 
greater temporal variation in characteristics upon which I want to match. For a given block 

group, the set of weights , defines the synthetic control. These weights were calculated on 
outcomes and sociodemographic data (Table 3.1) from the eight quarters prior to the CSP 
program. Weights were created using the combined set of crime per capita outcomes, but 
because of notable differences in temporal patterns, weights had to be calculated separately for 
the following four outcomes: share of (1) overall crime; (2) violent crime; (3) domestic violence-
related crime; and (4) non-violent crime reported by Latino residents. 

3.5.2 Checking the Synthetic Control 

In order to demonstrate the quality of the synthetic control, Table 3.2 displays block group-
level means for the 13 sociodemographic characteristics used to set the weights to determine the 
synthetic control group. The first column of Table 3.2 displays the block group-level means for 
the CSP sites prior to the program’s implementation. The second column represents the features 
of the unweighted control—that is, the average characteristics of block groups not targeted by 
the program, and the weighted synthetic control is listed in the third column. 

For nearly all features, the unweighted control differs significantly from the CSP sites. 
Comparing the CSP site averages with the unweighted figures demonstrate clear differences on 
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every sociodemographic characteristic. CSP sites are predominately Latino, have higher shares 
of black residents, are younger, have less household income, higher rates of unemployment, 
more non-citizen residents, and lower levels of education than other areas of the city. After 
comparison units are weighted to create site-level synthetic control groups we start to see 
characteristics that more closely resemble the individual CSP sites. After the weighting, there 
were five variables found to be statistically different between the CSP sites and its synthetic 
control. While post-weighting differences remain, the weighting resulted in notable 
improvements across every characteristic, with the exception of the percent of non-citizen 
residents where the weighted control is greater than both the CSP average and the unweighted 
control.  

Table 3.2: Block Group Level Demographic Characteristics Prior to CSP Implementation Pre- and 
Post-Weighting 

  CSP   Control 

Covariate     Unweighted Weighted 
Population 1,525 1,509 1,525 

% under 18 0.46 0.23* 0.43* 

% over 65 0.04 0.11* 0.04 

% male 0.44 0.49* 0.47* 

% male age 16 to 24 0.08 0.07* 0.09* 

% Hispanic/Latino 0.71 0.45* 0.71 

% black 0.26 0.10* 0.27 

% white 0.01 0.31* 0.01 

% Asian 0.00 0.11* 0.00 

% non-citizen 0.21 0.21* 0.25* 

Median household income ($) 17,663 58,583* 17,663 

% unemployed 0.23 0.10* 0.23 

% w/o HS degree 0.58   0.27* 0.53* 
Note: Asterisk denotes differences statistically different from CSP group at p<0.05. 

If the synthetic control is effective, the CSP area and its synthetic control should match on 
both sociodemographic characteristics as well as the outcomes. Figure 3.2 and Figure 3.3 
demonstrate the quality of the synthetic control for a sample of two outcomes: total crime per 
capita and share of overall crime reported by Latino residents. The eight-quarter pre-CSP levels 
and trends in crime per capita and the share of overall crime reported by Latinos between the 
CSP sites and its synthetic control match fairly well, suggesting this approach is a 
methodological improvement in developing comparison units.  
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Figure 3.2: Overall Crime per 1,000 Residents Prior to CSP Implementation with Weighted and 
Unweighted Controls 

 

Figure 3.3. Percent of Overall Crime Reported by Latino Residents Prior to CSP Implementation 
with Weighted and Unweighted Controls 

 

3.5.3 Difference-in-Difference Analysis  

The objective of this study is to estimate the relationship between the CSP program and 
crime, and its influence on Latino crime reporting. One approach to estimate this relationship is 
difference-in-differences estimation. This method involves identifying an intervention (i.e., the 
rollout of the CSP program) and comparing the difference in outcomes prior to and post the 
intervention for units affected by the intervention to the same difference in observed outcomes 
for those unaffected by the intervention. As such, the difference-in-differences estimator, as it 
pertains to this analysis, will reflect the difference in the average outcomes of CSP areas before 
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and after the CSP program minus the difference in the average outcomes of the synthetic control 
before and after the CSP program. Incorporating the synthetic control weights in the estimation 
will ensure that the control resembles the pre-intervention CSP areas as closely as possible. 

The difference-in-differences model can be estimated as the following fixed-effects 
regression equation: 

(1) , ∗ ,  

where y ,  is the dependent variable of focus (either crime per capita or the share of crime 

reported by Latino residents) that occurred in block group  in quarter . 	is a dummy 

indicative of whether block group  received the CSP program and  is a dummy that takes 
the value of one in quarters following CSP implementation (after the fourth quarter of 2011). 
This interaction is equal to zero for both CSP and control groups before CSP implementation, 
equals one for CSP block groups after implementation, and remains zero post-implementation 

for control groups. The coefficient of focus is 	, which estimates the effect of the CSP 

program—the difference-in-difference estimator. The parameter 	captures possible differences 
between CSP block groups and control areas prior to CSP implementation. The time period 

dummy, , represents aggregate factors that would cause changes in the dependent variable even 
in the absence of CSP implementation. Standard errors are clustered at the block group level.  

3.5 Results 

The primary objective of this study is to determine whether the CSP program improved 
public safety and increased levels of crime reporting among Latino residents. To that end, I 
estimate Eq. 1 using weights derived from the creation of the synthetic control. 

3.5.1 CSP Impact on Crime 

The results of this exercise for the crime per capita outcomes are shown in Table 3.3. The 

difference-in-difference (DID) estimator is the  coefficient from Eq. 1, it captures the difference 

between the difference in quarterly crime rates in CSP sites and the difference in crime rates in 
the synthetic control before and after CSP implementation.  

Focusing on the top panel, the DID estimator reveals that just one year after the program 
began, an average of 7 fewer quarterly crimes per 1,000 occurred in CSP sites compared to its 
synthetic control. The magnitude of the effect corresponds to a 34 percent drop in quarterly 
crime, which reflects the share of average quarterly crime provided below the regression 
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estimates.68 As one moves across the columns of the first panel, it becomes clear that while crime 
was increasing in the city overall, crime rates were dropping in the CSP sites relative to the 
synthetic control. The magnitude of the effect on overall crime intensified as the program 
continued. Six years after the program began, crime rates in CSP sites were 42 percent less than 
crime rates in the synthetic control.  

Table 3.3: Difference-in-Difference of Pre- and Post-CSP Crime Rates in CSP Block Groups 
Compared to Synthetic Control 

Dependent variable All crime per 1,000 residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator -7.168**   -8.368**   -9.292**   -9.840** 
CSP 0.160   0.160   0.160   0.160 
Post-CSP implementation 2.295+   2.524+   4.309*   5.016* 
                
Observations 33,176   43,384   63,800   84,216 
Dependent variable mean  22.878   22.495   23.145   23.447 
Dependent variable Violent crime per 1,000 residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator -3.008**   -2.375**   -2.518**   -2.494** 
CSP 0.211   0.211   0.211   0.211 
Post-CSP implementation 0.704   0.117   0.686   1.013 
                
Observations 33,176   43,384   63,800   84,216 
Dependent variable mean  4.383   4.124   4.301   4.514 

Dependent variable DV-related crime per 1,000 residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator 0.088   -0.277   -0.920*   -1.013* 
CSP 0.292   0.292   0.292   0.292 
Post-CSP implementation -0.204   -0.362+   0.160   0.355 
                
Observations 33,176   43,384   63,800   84,216 
Dependent variable mean  3.689   3.486   3.547   3.636 
Dependent variable Non-violent crime per 1,000 residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator -2.530+   -4.111**   -5.449**   -6.034** 
CSP -0.293   -0.293   -0.293   -0.293 
Post-CSP implementation 1.684   2.342*   3.800**   4.259** 
                
Observations 33,176   43,384   63,800   84,216 
Dependent variable mean  14.732   14.723   15.302   15.512 

Notes: All regressions include a constant term. Standard errors are clustered at the block group level.   
** p<0.01, * p<0.05, + p<0.1 

 

                                                 
68 The impact is computed as: [ 	 	/ 	 . 
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To explore whether the CSP program differentially impacted certain types of crime, I 
estimate Eq. 1 for violent crimes, domestic violence-related crimes, and non-violent crimes. The 
bottom three panels of Table 3.3 show the results of this exercise. The CSP program is associated 
with overall statistically significant decreases in violent crime and non-violent crime at each 
period after CSP implementation, with steady increases in magnitude as the program continued. 
However, in the first four years of the program, CSP did not have a statistically significant 
impact on the rate of domestic violence-related crime (“DV-related crime”). In fact, while 
insignificant, the program was associated with a small increase in DV-related crime one year 
following implementation. However, after four years, CSP sites experienced 26 to 28 percent 
less DV-related crime than the synthetic control. While not possible to explicitly test here, this 
delay could be explained by the relative sensitivity of these types of crimes. Domestic violence 
crime is more suspectable to underreporting (Felson & Paré, 2005; Frieze & Browne, 1989), and 
police mistrust is particularly palpable among immigrant victims of domestic violence (Gorman, 
2017; Vidales, 2010), who make up over a fifth of residents in CSP sites and the synthetic 
control. That said, statistically insignificant changes in the first four years of the CSP program 
could be reflective of increases in the reporting of DV-related crime as relationships between 
residents and officers developed. As the program continued, inroads in addressing the root 
causes of this type of crime could have resulted in a measured decrease in these types of crimes. 
While this rationale is speculative, reasons for this difference are worth considering. Overall, 
these results provide preliminary evidence that the CSP model may be an effective and 
sustainable solution to reduce crime. 

3.5.2 CSP Impact on Latino-Reported Crime 

I next explore how the CSP program influenced crime reporting among Latino residents. I 
use the race/ethnicity of the victim involved in the criminal incident to create a proxy of Latino 
crime reporting—set as the percent of total crime with a Latino victim. Taking a brief detour to 
Figure 3.2 and Table 3.2, Latino residents report between 11 and 35 percent of overall crime 
(Figure 3.2), but make up 71 percent of residents living in CSP developments (Table 3.2). This 
comparison does not take into account important factors that influence these percentages (i.e., 
rates of victimization, criminal propensities by race/ethnicity, misclassifications of victim 
race/ethnicity), but it descriptively motivates the subsequent analysis.  

Table 3.4 reports the results of the difference-in-difference analysis outlined in Eq. 1 for the 
share of crime reported by Latino residents for each type of crime. In this table, the DID 
estimator reflects the difference in the share of crime reported by Latino residents in CSP areas 
before and after CSP implementation to those observed in the synthetic control. The top panel of 
Table 3.4 reports the results for the share of overall crime reported by Latino residents. The 
results presented here show that the share of overall crime reported by Latinos increased in CSP 
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areas relative to their synthetic control in the first two years of the program, after which, effects 
dwindled, becoming statistically insignificant four years into the program.  

Table 3.4: Difference-in-Difference of Pre- and Post-CSP Percent of Crime Reported by Latino 
Residents in CSP Block Groups Compared to Synthetic Control 

Dependent variable Percent of all crime reported by Latino residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator 0.190**   0.118*   0.052   0.048 
CSP 0.001   0.001   0.001   0.001 
Post-CSP implementation -0.098*   -0.058   -0.015   -0.016 
                
Observations 30,173   39,457   58,025   76,593 
Dependent variable mean  0.273   0.275   0.281   0.281 
Dependent variable Percent of violent crime reported by Latino residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator 0.069   0.010   0.067+   0.042 
CSP -0.000   -0.000   -0.000   -0.000 
Post-CSP implementation 0.030   0.029*   0.031   0.043* 
                
Observations 3,614   4,726   6,950   9,174 
Dependent variable mean  0.190   0.188   0.204   0.205 

Dependent variable Percent of DV-related crime reported by Latino residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator 0.190**   0.104*   0.104**   0.103** 
CSP -0.009   -0.009   -0.009   -0.009 
Post-CSP implementation -0.060   -0.046   -0.013   -0.018 
                
Observations 2,574   3,366   4,950   6,534 
Dependent variable mean  0.190   0.178   0.204   0.204 
Dependent variable Percent of non-violent crime reported by Latino residents 
Period post-CSP implementation 1yr   2yrs   4yrs   6yrs 
DID estimator 0.182**   0.117*   0.047   0.046 
CSP 0.008   0.008   0.008   0.008 
Post-CSP implementation -0.090+   -0.057   -0.011   -0.013 
                
Observations 27,300   35,700   52,500   69,300 
Dependent variable mean  0.251   0.253   0.262   0.264 

Notes: All regressions include a constant term. Standard errors are clustered at the block group level.   
** p<0.01, * p<0.05, + p<0.1 

To explore the impact of the CSP program on reporting patterns for different types of crime, 
I estimate Eq. 1 for the share of violent crime, DV-related crime, and non-violent crime reported 
by Latino residents. The bottom three panels of Table 3.4 show the results of this exercise. 
Results are notably different depending on the type of crime considered. The CSP program was 
associated with overall statistically significant increases in the share of DV-related crime at each 
period after CSP implementation. Results were less consistent for the share of non-violent crime 
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reported, with statistically significant increases in the two years following the program, but no 
distinguishable difference detected after two years. The share of violent crime reported by Latino 
residents does not appear to be influenced by the CSP program in a statistically meaningful way; 
while increases reached some level of statistical significance in the four-year post-
implementation period, increases were statistically insignificant in the remaining three periods 
considered. As such, the evidence provided here that the CSP program influenced the share of 
violent crime reported by Latino residents is weak.   

The share of DV-related crime reported by Latino residents doubled just one year following 
the program. While the magnitude of this increase dropped precipitously after the program’s first 
year, increases held steady at about 50 percent above the synthetic control four to six years into 
the program. These results provide preliminary evidence of an impact on Latino crime reporting 
for certain types of crimes. The influence of the program on Latino crime reporting was 
particularly strong for crimes traditionally less likely to go reported (DV-related and non-violent 
crimes). Without self-reported victimization data, I am limited in my ability to identify true 
patterns of crime reporting behavior, but at first glance, these results suggest that this community 
policing initiative may have had a positive impact on resident engagement with the police.  
 

3.5.3 Placebo Checks 

The results discussed above provide preliminary evidence that the CSP program is effective 
in reducing overall crime, as well as violent, DV-related, and non-violent crime, and that it may 
be associated with increases in the share of DV-related crime and non-violent crime reported by 
Latino residents. These DID analyses calculated the average effect size of the CSP program 
utilizing weights to determine a synthetic comparison group. This analytic approach was selected 
over the more traditional method of comparing differences in treatment and synthetic control 
trend lines because of the noisiness of the outcomes considered here.  

In the more traditional synthetic control approach setting, Abadie and colleagues (2010) 
recommend using placebo tests to make inferences about the observed effect of the intervention 
in question. In order to generate an additional measure of significance, I apply these tests to 
determine the robustness of the findings presented above. I used the microsynth package in R 
(Robbins & Davenport, 2018) 

 to generate placebo CSP block groups using random permutations of the control units. This 
allows estimated effects from the actual CSP block groups to be compared to the effects for 
placebo CSP units. Because of the large number of treatment (9 CSP block groups) and controls 
units (2,543 non-CSP block groups), there is a near-infinite number of potential permutations. I 
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set the number of placebo units at 250, per the developers’ suggestion to preserve computational 
efficiency.  

Figure 3.4 includes the plots corresponding to this placebo check for the four crime per capita 
outcomes and Figure 3.5 includes those for the four crime reporting outcomes. The sampling 
distribution of the difference-in-difference estimates comparing the true CSP units to its 
synthetic control are plotted as a solid thick line colored black before, and red after, CSP 
implementation. Differences using the placebo CSP units are plotted in grey.69  

Figure 3.4. Placebo Checks on Crime per Capita Outcomes  
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Differences in the pre-CSP time period should be sufficiently small, and notably larger after 
the CSP implementation. At first glance, it is clear that the pre-intervention match for the crime 
per capita outcomes is not exact. Recall that the four crime per capita outcomes were included in 
the same function to derive weights, imposing additional constraints to the algorithm. This 
mismatch is most apparent for the violent crime and DV-related crime per capita outcomes. The 
pre-intervention match improves somewhat for the share of crime reported by Latino resident 

                                                 
69 I included just 150 placebo comparisons to improve visibility. 
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outcomes (Figure 3.5 below), but again, for violent crime and DV-related crime, the pre-
intervention match is not ideal. This is due to the infrequency of these types of crimes relative to 
overall crime and non-violent crime.  

Beyond the pre-intervention match, what we are looking to see in these checks is that the 
CSP and synthetic control differences in the post-intervention period are notably larger than the 
differences between the placebo units and their synthetic controls. For each of the crime per 
capita outcomes, this holds true. In the period post-implementation differences between CSP 
units and its synthetic control trend downwards and exceed the differences plotted for most all of 
the plotted placebo units.  

Figure 3.5. Placebo Checks on Latino Crime Reporting Outcomes 

 

 

 

 

 

 

 

 

 

 

 

 

The results of the placebo check in Figure 3.5 confirm some of the null findings presented in 
Table 3.4. CSP and synthetic control differences fluctuate enough to question the true direction 
of the program’s effect for the share of overall crime, violent crime, and non-violent crime 
reported by Latino residents. Program effects on the share of DV-related crime reported by 
Latinos appear to be positive for most of the post-CSP period, but differences do not consistently 
exceed those in the placebo comparisons. The differences exceed those produced in the placebo 
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comparisons in only one small instance—for the share of overall crime reported by Latinos one 
year after implementation—where the share was nearly triple what is was in the synthetic 
control. 

In sum, the crime per capita results presented in Table 3.3 seem robust to the placebo check 
for each of the four crime categories considered. However, the results of the placebo check call 
into question the robustness of the results presented in Table 3.4 that correspond to the program’s 
impact on the share of crime reported by Latino residents. It appears the CSP program had a 
positive impact on overall crime reporting by Latinos one year after implementation—a result 
that matched the significance but exceeded the magnitude of the estimates in the top panel of 
Table 3.4. Additionally, the program had a fairly consistent positive impact on the share of DV-
related crime reported by Latino residents, but the magnitude and significance of the effect 
presented in the third panel of Table 3.4 should be interpreted with caution. 

3.6 Limitations 

I faced a number of limitations in this study that could be addressed with richer data. While 
the synthetic control method used here was able to produce weights to create a synthetic 
comparison with similar measurable sociodemographic and criminogenic characteristics in the 
period before CSP implementation, differences still remained. The quality of the match varied 
across the dependent variables considered, primarily affecting crime subcategories that occurred 
less frequently—as was the case for violent crime and DV-related crime. A modified approach 
could be to collapse crimes over a longer interval (i.e., yearly rather than quarterly), but this 
would truncate the pre-intervention period from eight quarter to two years, limiting the ability of 
the weight to pick-up on distinctive block group-level trends. That said, the pre-intervention 
period used in this study is notably small relative to the post-intervention period. While 
harmonized crime data before 2010 was not immediately available for use in this study, the 
design would improve significantly with access to data that lengthens the pre-intervention period 
used to generate weights for the synthetic control.  

Housing developments are arguably different from other areas of the city in that they form a 
sort of contiguous geographic area with unique physical and social structures associated with 
crime-related outcomes considered in this study. However, a synthetic control that maintained 
close alignment along sociodemographic characteristics and pre-interventions outcomes could 
not be achieved when the weights were encouraged to accumulate on block groups with housing 
developments. The same was true for block groups in existing Gang Reduction and Youth 
Development (GRYD) zones. GRYD zones are areas that receive special LAPD programming to 
address gang issues. Every CSP block group was located within a GRYD zone. A quality 
synthetic control could not be achieved when the weights were encouraged to accumulate on 
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block groups located within GRYD zones. However, upon reviewing the block groups that 
received weights to be included in the synthetic control, it appears the vast majority were located 
in GRYD zones. 

The variable used to gauge the crime reporting behavior of Latino residents is an admittedly 
imperfect proxy. The outcome I considered here reflects the percent of overall crime in which the 
victim was Latino. Crime reports are often made by the victim, but this is not always the case. It 
is possible that an individual other than the victim reported a crime on the victim’s behalf. 
Additionally, the race/ethnicity of the victim is often determined by the reporting police officer. 
Classification made by different officers are unlikely fully accurate or consistent. In addition to 
the high potential for measurement error, temporal trends in the share of crime reported by a 
resident of a certain race/ethnicity could vary for reasons beyond crime reporting practices. 
Many factors, such as the rate of victimization, criminal involvement, and intra-annual 
demographic shifts could be driving observed changes in this outcome. As such, the variable 
used in this study is a crude proxy of Latino crime reporting behavior and results should be 
interpreted with caution. Unfortunately, without self-reported victimization data, I am limited in 
my ability to identify true patterns of crime reporting behavior. 

3.7 Conclusion 

In November 2011, the LAPD implemented the CSP program in four of the city’s most 
crime-affected public housing developments. The program recruited LAPD police officers to 
engage in policing focused on problem-solving in coordination with development residents and 
the surrounding community. Two central goals of the program were to reduce crime and improve 
community relations in areas of notable tension between residents and the police.   

Using nine years of geocoded data on crimes reported to the LAPD, this study explored 
whether the program reduced crime and influenced patterns of crime reporting among the 
developments’ largest racial/ethnic group. Building upon prior studies of community policing 
and crime reporting, I employed a synthetic control group design wherein CSP areas were 
compared to a control comprised of a weighted combination of areas similar in terms of their 
sociodemographic composition and pre-intervention levels of criminal activity and crime 
reporting. I find evidence that the program had a significant and sustained impact on reducing 
overall crime, violent crime, and non-violent crime. CSP was most effective at reducing violent 
crime—with reductions that increased in magnitude as the program continued. The magnitude 
and significance of these results were confirmed in placebo checks. These results accord with 
existing work that finds community policing is associated with reductions in violent crime 
(David et al., 2008; Gill et al., 2014), but counters the synthetized finding that effects are small 
and tend to not extend beyond violent crimes. While the impact of the CSP program was delayed 
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for crime related to domestic violence, following the first two years of the program, DV-related 
crime started to decline in CSP areas—a delay possibly explained by the relative sensitivity of 
the crime. The evidence provided here is clear: the CSP program has a sustained impact on crime 
reduction in overall crime, violent crime, crime related to domestic violence, and non-violent 
crime.  

The CSP program focuses on close collaboration between officers and residents to address 
community problems—an effort that could have had the residual benefit of increasing crime 
reporting among residents traditionally hesitant to engage with law enforcement. In this 
supplementary analysis, I used the race/ethnicity of the victim involved in the criminal incident 
to create a proxy of Latino crime reporting behavior, set as the percent of crime reported by 
Latino residents. The CSP program was associated with overall statistically significant and 
sustained increases in the share of overall crime and DV-related crime reported by Latino 
residents. The share of non-violent crime reported increased in just the first two years of the 
program, and the share of violent crime reported was not influenced by the CSP program in a 
statistically meaningful way. However, the only result confirmed in additional checks of 
significance was the increase in the share of overall crime reported by Latinos in the first year 
after the program’s implementation. As such, evidence of the program’s sustained impact on 
Latino crime reporting should be interpreted with caution. Without self-reported victimization 
data, I am limited in my ability to identify true patterns of crime reporting behavior. But the 
results presented here provide a starting point for future work exploring the role community 
policing can play in improving resident willingness to use law enforcement to resolve issues 
otherwise ignored or dealt with outside the purview of the criminal justice system.  

These findings illustrate the effectiveness of the CSP program in reducing crime and provide 
preliminary evidence of a positive impact on crime reporting among Latino residents. This study 
contributes to nascent work exploring the tools local law enforcement agencies can use to 
improve community relations, public safety, and potentially offset the isolation or alienation of 
minority or immigrant communities as federal immigration enforcement efforts intensify.  
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Policy Implications 

This dissertation has discussed some of the social consequences of restrictive immigration 
policy and a measure to improve conditions in affected communities. The first two chapters 
presented evidence that existing immigration policy has the potential to heighten barriers to 
integration and may jeopardize public safety in communities targeted by immigration 
enforcement. The third chapter evaluated a local approach to improve public safety and police 
relations in communities affected by escalations in immigration enforcement. These studies 
provide various lessons: 

1) Though undocumented immigrants are attracted to the job opportunities present in the 
U.S. economy, these opportunities may not be as steady or sustainable as those available 
to immigrants who are legally present. 

Chapter 1 provides insight into opportunities and barriers that shape the assimilation process 
undocumented immigrants. Undocumented immigrants have significantly lower rates of 
employment than documented immigrants, naturalized immigrants, and second-generation 
immigrants, and earn significantly less than their documented and naturalized peers. It is quite 
likely that there are underlying aspirational, resource, and personality differences between 
undocumented and documented immigrants that are contributing to these observed differences in 
outcomes. Regardless of intent, undocumented immigrants face serious barriers to integration 
owing to the sensitivity of their legal status, and as such, may not “invest in acculturation” as 
strongly as those seeking citizenship. Whatever the underlying cause(s), it remains that there are 
two distinct trajectories of economic assimilation: one of higher employment rates and higher 
wages (characteristic of those with green cards, visas, and/or seeking citizenship) and one of 
lower employment rates and lower wages (characteristic of those who entered/remained in the 
country without documentation). Though undocumented immigrants are attracted to the job 
opportunities present in the U.S. economy, our findings show that these opportunities may not be 
as steady or sustainable as those available to immigrants who are legally present. 

Moreover, Chapter 1 tested ideas prominent in the immigration literature, which contend that 
strong social networks are critical to supporting the labor market success of new arrivals. While 
undocumented immigrants had greater exposure to co-ethnics in their neighborhoods and higher 
levels of social cohesion with their neighbors compared to other immigrants, it is not clear that 
living in these neighborhoods influence immigrant employment outcomes. These networks did 
not result in distinct labor market benefits or disadvantages for undocumented Angelinos.  
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2) Recent escalations in rhetoric and federal policy actions on immigration enforcement 
have had a “chilling effect” on crime reporting among Latino non-citizen in Los 
Angeles, most notably for crimes more prone to go unreported. 

Chapter 2 explored the relationship between heightened awareness of immigration 
enforcement and calls for police service in predominately Latino non-citizen neighborhoods of 
Los Angeles. Results suggest that increased awareness of immigration enforcement has a clear 
and significant negative impact on calls for service in districts with a higher concentration of 
residents more likely to be fearful of intensified immigration enforcement. Calls for service per 
capita dropped 3 to 4 percent in districts with a higher share of Latino non-citizens, relative to 
other districts, during periods of heightened awareness of immigration enforcement. The 
potential fear associated with increases in awareness of immigration enforcement carries a 
modest, but noteworthy toll on community engagement with police. Declines were more severe 
for calls to report crimes more suspectable to underreport, evidenced in the 9 to 10 percent drop 
in calls for domestic violence.  

These findings stress the need for policy measures that address the increased disengagement 
of immigrant communities that might already be apprehensive amid heightened immigration 
enforcement and well-publicized anti-immigrant political rhetoric. In effect, public calls for 
intensified enforcement potentially reduce the willingness of residents targeted by immigration 
enforcement to contact the police to report crime or victimization.  

3) Community policing initiatives have the potential to improve public safety and build 
trust in neighborhoods with a sizeable share of residents that may be wary of police and 
fearful of immigration enforcement. 

Chapter 3 explored the extent to which a Los Angeles community policing program 
increased public safety and improved community relations in four predominately-Latino housing 
developments. This chapter provided strong evidence that the community policing program had a 
significant and sustained impact on reducing overall crime, violent crime, and non-violent crime, 
as well as a delayed, but significant impact in reducing crime related to domestic violence in 
targeted developments. In a supplementary analysis, the program was also associated with 
increases in the share of overall crime reported by Latino residents. Without self-reported 
victimization data, this study is limited in its ability to identify true patterns of crime reporting 
behavior, but the results provide a starting point for future work exploring the role community 
policing can play in improving resident willingness to use law enforcement to resolve issues 
otherwise ignored or dealt with outside the purview of the criminal justice system.  

This dissertation contributes to a growing body of research exploring the social consequences 
of restrictive immigration policy and heightened immigration enforcement. Growing awareness 
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of the vulnerabilities of immigrant and minority groups in the current era of immigration 
enforcement has prompted state and local action to mitigate, where possible, the isolating effects 
of restrictive federal policy. Chapter 3 of this dissertation considered the impact of a, seemingly-
unrelated, program to improve police-community relations in crime-affected neighborhoods of 
Los Angeles, as a potential instrument to moderate a “chilling effect” in Latino engagement with 
police evidenced in Chapter 2. Community policing is one tool localities can use to improve 
conditions in affected communities, fostering more than public safety, but promoting the welfare 
and advancement of disadvantaged populations.  
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